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Abstract. In recent years many Fuzzy Description Logics (FDLs) based
on infinite t-norms have been proved to be undecidable. On the other
hand, several FDLs based on finite t-norms, not only have been proved to
be decidable, but they have been proved to belong to the same complexity
classes as the corresponding crisp DLs. In light of such results, a question
that naturally arises is whether the finite-valued fuzzy framework is no
more complex than the crisp-valued formalism. The aim of this work is
to analyze some of the complexity sources that are not present in the
crisp framework. To this end, we will consider FDL languages with low
expressivity that allow us to observe how the need for more complex
deciding strategies, not required in the crisp framework, arises in many-
valued FDLs.

1 Introduction

In recent years many Fuzzy Description Logics (FDLs) based on infinite ¢t-norms
have been proved to be undecidable. On the other hand, every FDL based on
finite ¢-norm that has been recently studied, not only has been proved to be
decidable, but it has been proved to belong to the same complexity class of
the corresponding crisp DL. In light of such results, a question that naturally
arises is whether the finite-valued fuzzy framework is no more complex than the
crisp-valued formalism. The suspicion is that everything that can be expressed
in finite-valued FDLs, can be efficiently reduced to the corresponding crisp DLs.

The aim of this work is to highlight that in the fuzzy framework we have
to consider complexity sources that are not present in the crisp framework. In
order to analyze this problem, we will consider FDLs where axioms and reasoning
tasks use exact values and outline the changes that have to be made in classical
tableau-based algorithms in order to cope with such reasoning tasks. In the
second part of this work we will give an account on how the fact that Lukasiewicz
conjunction is not idempotent impacts on a structural subsumption algorithm
for finite Lukasiewicz logic.

* M. Cerami acknowledges support by the ESF project “Podpora vytvareni exce-
lentnich vyzkumnych tymu u intersektoralni mobility na Univerzité Palackého v
Olomouci II” No. CZ.1.07/2.3.00/30.0041, the project is co-financed by the Euro-
pean Social Fund and the state budget of the Czech Republic.
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Table 1. The three main continuous ¢-norms.

The present work does not pretend to be an exhaustive account on the com-
plexity sources in many-valued FDLs, but just a starting point towards a sys-
tematic study of the complexity issues exclusive to the finite-valued framework.
Even though the results presented in this work maintain the same complexity
bounds as in the classical cases, they are not a proof that every language whose
semantics is based on a finite ¢t-norm is at most as complex as the corresponding
classical language.

2 Preliminaries

2.1 Algebras of Truth Values
We will mainly focus our research to the case of finite ¢-norms.

Definition 1. A t-norm is a binary operation * on the real unit interval [0, 1]
that is associative, commutative, non-decreasing in both arguments and having
1 as neutral (unit) element. The residuum of a t-norm * is a binary operation
on [0,1] such that x xy < z <= x <y = z holds for every x,y,z € T.

Left continuity of *, i.e. the property that for any non-decreasing sequence (z;);c s
and for any y, (\/, z;)*y = V,(z;*y) holds, is a sufficient and necessary condition
for the existence of the residuum of the t-norm . A structure ([0, 1], *,=>,0, 1),
where * is a left-continuous t-norm and =- is its residuum, is called MTL stan-
dard chain (see [9]). This structure is denoted from now on by [0, 1],. Moreover
the same structure, where * is a continuous t-norm and = is its residuum, is
called BL standard chain (see [11]). The most used representative of the stan-
dard chains (unique up to isomorphisms), are the ones defined by the so-called
Lukasiewicz, product and minimum ¢-norms and their residua (collected in Table
1)). In the FDL literature, it is natural to restrict to so-called witnessed models
(see [12]) when the semantics is based on an infinite algebra. Indeed, the main
results reported in Section [3| follow such a restriction.

In the case of Lukasiewicz and Godel t-norms *, the operations in Table
can be defined on the domain of a finite subalgebra of [0,1].. In these cases,
we can talk about finite t-norms. So, for every natural number n, L,, and G,
will denote the restriction of Lukasiewicz and Gdédel t-norms, respectively, to
the subalgebra of cardinality n over the domain T' = {0, ﬁ7 ce Z—:? 1} in the
n-valued case. Notice that finite product subalgebras of [0,1];7 (of cardinality
> 2) do not exist, so a finite product t-norm can not be defined.



As it has been proved in [16], every t-norm is definable as ordinal sums of the
basics continuous ¢t-norms from Table [I} The result in [I6] is the corresponding
result for t-norms of the one that in [I7] has been proved for families of abelian
semi-groups. A simple corollary, about the restriction of this result to finite ¢-
norms is the following Proposition.

Proposition 2. Fvery finite BL-chain is an ordinal sum of isomorphic copies
of Lukasiewicz and Godel finite chains.

Relying on the result of Proposition [2| we will restrict our study to the case of
Lukasiewicz and Gddel finite chains.

2.2 Syntax

A description signature is a tuple D = (Ny, N¢, Ng), where Ny = {a,b,...}
is a countable set of individual names, No = {A, B, ...} is a countable set of
atomic concepts or concept names and Ng = {R,S,...} is a countable set of
atomic roles or role names. Complex concepts in the FDL languages considered
in this work are built inductively from atomic concepts and roles by means of
the corresponding subset of the following concept constructors:

C,D — A atomic concept FLy
cnbD strong conjunction FLy
VR.C value restriction FLo
dR. T restricted existential quantif. FL™
~A atomic complementation AL
~C' complementation C
cubD strong disjunction U
dR.C existential quantification &
C—D implication J

where A € N¢, and R € Ng. In the rest of the paper we will refer to the right
column of the above table to denote the constructors explicitly present in each

language considered. The rules for reading it are the usual one in the framework
of DL (see [1).

2.3 Semantics

Given a finite chain T = (T, %,=>,0, 1) an interpretation is a pair Z = (AZ,.%)
consisting of a nonempty (crisp) set AZ (called domain) and of a fuzzy interpre-
tation function -T that assigns a fuzzy set AZ: AT — T to each concept name
A € Ng, a fuzzy relation R?: AT x AT — T to each role name R € Ny and
an object aZ € AT to each individual name a € N;. The semantics of complex
concepts is a function CZ: AT — T inductively defined as follows:

(~C)f(v) = 1-=C*v)
(CnD)X(w) = C*w)x* ngv)
(CUDYE() = 1 ((1—CLv)) (1 - DX(w))
(C — D)t (v) = C¥(v)= DI(v)
(VR.C)t(v) = inf,caz{R%(v,w)= C%(w)}
(AR.C)E(v) = supyear{R*(v,w)* CT(w)}



2.4 Axioms and Reasoning Tasks

In the fuzzy framework, axioms are not necessarily asked to take value 1. Rather
they can be explicitly asked to take other values. In the literature (see [3]),
there are publications where concept inclusions and assertions are allowed to
take a whole set of truth values. Usually, the sets of truth values considered are
included between a positive value » > 0 and 1, that is, the graded axioms have
the following form:

(CED =), 1)

(Cla) = 7). (2)

Moreover, assertion axioms can be asked to take single values only, different than
1 (see [I0]), then having the following form:

(C(a) = 7). (3)

Sometimes exact value inclusions have been addressed in the literature, mainly
as mathematical problems (for example in [I0]). Indeed, the conditions required
by these kinds of axioms are quite anti-intuitive w.r.t. the expected behavior of
an inclusion axiom. For this reason we are not considering here.

Besides graded axioms, also graded notions of reasoning tasks like satisfia-
bility and subsumption can be considered. Again, these reasoning tasks can be
considered either w.r.t. a lower bound (see [21] for an overview), or w.r.t. exact
values (see [612]). Speaking about satisfiability, in the first case the question is
whether there is a model Z of a (possibly empty) KB, which satisfies a concept
C to a certain degree r’ between a value r and 1. In the second case the question
is whether there is a model Z of a (possibly empty) KB, which satisfies a concept
C to a certain degree r. Asking whether concept C' is subsumed by concept D
w.r.t a (possibly empty) KB to a certain degree r means asking whether, for
every element x € AZ in every model Z of KB, the implication CZ(z) — D% (x)
always takes a value greater or equal than r. Subsumption w.r.t. an exact value
is not considered for the same reason as for exact value inclusions above.

3 Lower Bounds vs Exact Values

Intuitively, the information brought by an axiom with an exact value, like (3)),
can be equivalently expressed by means of a lower bound axiom, like , plus a
suitable upper bound axiom. For this reason, an exact value axiom is stronger
than a lower bound axiom, since it brings with it more information. This incre-
ment on the strength side is reflected on increased computational costs.

Some consequences of these higher costs have been already studied in the
infinite-valued case. In [5] it is proved, among other things, that language [0, 1]..-
JALE (without atomic complementation) with lower bound axioms is unde-
cidable when the algebra of truth values [0, 1], is a t-norm whose ordinal sum
begins with a Lukasiewicz chain. But, if exact value axioms are allowed, lan-
guage [0,1],-JALE becomes undecidable with every infinite t-norm [0, 1], but



Godel as algebra of truth values. This result is enhanced by the results in [3] and
[2]. In [3] it is proved that, when just lower bound axioms are allowed, language
II-SHOT without complementation is linearly reducible to classical SHOZ and,
therefore, its computational complexity is the same as in the classical case. In
[2] on the other hand, it is proved that the simpler IT-ALE becomes undecidable
if assertions with exact value are allowed.

Tableau-like algorithms for lower bound reasoning tasks. But even though the
presence of exact value axioms does not lead to undecidability in the case of FDLs
valued on a finite algebra, it indeed leads to an increase of the computational
costs. In order to understand how these computational costs increase, we have to
recall the basic completion rules for fresh constraint trees defined in [19]. There,
a tableau-based algorithm for concept satisfiability in classical ALC has been
defined. The same algorithm has been subsequently used, expanded for more
expressive languages and reasoning tasks (see [I4]) and generalized to the fuzzy
framework (see [§]). As we can see in [19], the classical tableau algorithm, while
building the tableau interpretation, adds a new element every time it finds out
an existentially quantified subconcept 3R.C and subsequently, it assigns concept
C to the newly added element.

[ ) ° C(u) °

N oA\

3R.C(v)® 3R.C(v)®

On the other hand, when a value restriction VR.C' is found, no new element is
added to the tableau interpretation under construction, but concept C'is assigned
to the already existing elements, if any.

w? C(w)®
VR.C(v)g VR.C(v)g
As we can see for example in [§], the same procedure can be used for solving

acyclic knowledge base consistency in the context of language L,-ALC, when
just lower bound axioms are allowed.

Tableau-like algorithms for exact value reasoning tasks. Nevertheless, when ex-
act value axioms are allowed, this procedure can not be used any longer. In [12]
algorithms for concept satisfiability (without TBox) w.r.t. an exact value are
provided for languages L-ALC. The algorithm provided in these publication is
based on a reduction to the corresponding propositional logic and is very similar
to the tableaux algorithm provided in [8]. The main difference is that this algo-
rithm works by adding a new element not only when an existentially quantified
subconcept JR.C is found, but also when a value restriction VR.C has to be
computed.



° C(u),D(u) o

C(w),D(w)\ /
—
JR.C(v),YR.D(v)g

3R.C(v),VYR.D(v)®

The algorithms provided in [12] is still in the context of infinite-valued FDLs.
But similar procedures are also used in [6] and [4] in the context of finite-valued
FDLs. In [6] an algorithm for solving concept satisfiability to an exact value in
T-JALCE w.r.t. empty knowledge bases is provided, where T stands for any
finite t-norm. In [4] an algorithm for solving knowledge base consistency to an
exact value in language T-SHZ w.r.t. local ABoxes is provided, where T stands
for any finite residuated De Morgan lattice. Again, the interesting feature of
the procedures provided in [6] and [4] is the fact that they add a new element
to the tableaux-like structure both when an existential quantification 3R.C or
a value restriction VR.C' are found. As proved in the cited publications, these
different algorithms do not increase the computational complexity classes their
languages belong to, w.r.t. the classes of the classical DL equivalent languages or
to the classes of the corresponding FDL languages where just either lower bound
axioms or lower bound reasoning tasks are considered. Nevertheless it translates
into greater computational costs, in the sense that the size of the model to be
built is greater. This means that the algorithm builds a greater propositional
theory in the case of [6] and a greater constraint set in the case of [4].

Finite Lukasiewicz chains. In the case of FDLs based on finite Lukasiewicz
chains, the explanation is quite simple. Due to the properties of finite Lukasiewicz
chains, in fact, we have that, for every interpretation Z, v € A% and r € L,,:

CL(v)=r iff both C*(v) >r and ~C%(v) >1—r.
In particular, for the case of a value restriction VR.C, we have that
VR.CI(v)=r iff both VR.CZ(v) >r and IR.-CZ(v) >1—r.

That is, for deciding exact value reasoning tasks in L, would be enough to use the
simpler classical-like algorithm, but behind the satisfiability of a value restric-
tion to an exact value, there is the lower bound satisfiability of an existentially
quantified concept hidden. And for each existentially quantified concept a new
element must be added, according to every kind of tableau algorithm.

Finite Gédel chains. In the case of finite Gédel chains Gy, value restrictions and
existentially quantified concepts are not interdefinable by means of the negation.
Nevertheless, here we want to prove, by means of a counter-example, that the
classical-like algorithms can not be used in presence of exact value reasoning
tasks. Indeed, consider r € GG, such that 0 < r < 1 and the following concept:

3R.C — VYR.C. (4)



That concept is satisfiable at least to a value r means that there exist an
interpretation Z and v € A%, such that (3R.C — VR.C)%(v) > r. For example,
the Gp-interpretation Zy:

C(w)=1%
R(v,w)=1

)

satisfies (4) since (JR.C' — VR.C)T1(v) = 1 > r. But concept (4 is not satisfied
in any z € AT' to an exact value r < 1. Nevertheless, concept (4)) is indeed
satisfiable at point v in the Gy-interpretation Zs:

° C(u):'r.
C(w)=1

R(v,w)=1 R(v,ug
P

V@

It can indeed be easily proved that concept can not be satisfied to an exact
value 0 < r < 1 in any point v of a Gy-interpretation Z with less than two
R-successors.

Proposition 3. If concept is satisfied to an exact value 0 < r < 1 in a point
v of a Gy-interpretation I, then v has at least two R-successors.

Proof. Suppose, in search of a contradiction, that there exist an interpreta-
tion Z and v € AT such that (3R.C — VR.C)X(v) = r, but v has less than
two R-successors. If v has no R-successors, then it is obvious that (IR.C —
VR.C)E(v) =1 > 7, so let us see the case when v has just one R-successor.

Let w be the unique R-successor of v. Since (3R.C — VR.C)X(v) =r < 1,
then s = (JR.C)T(v) > (VR.C)(v) = r. Therefore both RZ (v, w) A CT(w) = s
and RZ(v,w) =g, CT(w) = r. Since RT(v,w) =g, CT(w) = r < 1, then
we have that R%(v,w) > C%(w) = r. Therefore R (v,w) A Ct(w) =1 < s =
RT(v,w) A CT(w), a contradiction. Hence, any point v of a Gp-interpretation Z
which satisfies concept to an exact value 0 < r < 1 must have at least two
R-successors. a

4 Structural Subsumption Algorithms for Many-valued
FDLs

We address now the possibility of generalizing the structural subsumption algo-
rithm for the classical description language F L™ . This language is interesting for
us because, as it has been proved in [7], it has a polynomial time subsumption
problem. Moreover, the problem of generalizing structural subsumption algo-
rithms to the many-valued framework, as far as we know, until now has been
addressed only in [22] under a semantics different from ¢-norms, but it has not



still been faced with this kind of semantics. In [7] a structural subsumption al-
gorithm SUBS?[a,b] for deciding concept subsumption in FL™ is presented.
The fact that SUBS?[a,b] calculates subsumption in O(n?) relies on the fact
that every FL~ concept C' is equivalent to a FL~ concept C* where each value
restriction VR. appears at most once for each nesting level. That is, for example
concepts VR.(CM D) and YR.C TIVR.D are equivalent.

The structural subsumption algorithm SUBS?[a,b] can be indeed consis-
tently used in order to decide l—subsumptio for G,-F L. This is due to the
fact that the Godel t-norm A works well with its residuum =-q,_. That is, for
every x,y,z € Gp:

T=a, (YA2) = (@ =a, 9) Nz =a, 2) - ()

Hence, correctness of algorithm SUBS?[a,b] w.r.t. 1-subsumption problem for
Gn-FL™ is due to the fact that (p&) — ¢ is a theorem of Godel logic, while
completeness can be easily deduced from the fact that, if SUBS?[a, b] returns a
negative answer, then a counter-example to 1-subsumption can be easily found.

Unfortunately, the same result does not hold between Lukasiewicz t-norm
xp,, and its residuum =y, . That is, there are x,y, z € L,, such that

T =y, (Y, 2) # (@ =1, v) 51, (T =1, 2) . (6)

As an example, if we take x = y = z = 0.8, then we have that © =y, (y*, 2) =
0.8# 1= (x =y, y)*L, (x =1, 2). Since the residuum plays a fundamental role
in the semantics of value restrictions in FDL, we have as a consequence that in
Ln-F L™, concepts VR.(CTD) and VR.CMVR.D are not equivalent. Nevertheless,
the overall complexity of the subsumption problem does not increase. In order
to see it, we will consider separately 1-subsumption and (> r)-subsumption
for r € (0,1). As we will see at the end of this section the notion of (= r)-
subsumption for r € (0,1) does not make sense in Ly-FL™.

1-subsumption in Ly-F L~ . The possibility of applying structural algorithms to
a given calculus is due to the fact that concept conjunctions can be considered
as sets of concepts. Since Lukasiewicz conjunction is not idempotent, complex
concepts where just M appears as concept constructor can not be seen as sets
of atomic concepts. In this sense, an inclusion like A C A M A which is valid in
classical FL~ or in G,-FL ™, is not a 1-subsumption in L,-FL~. Nevertheless,
complex concepts in L,-FL™ can be seen as multisets of simpler concepts, that
is, different occurrences of atomic concepts are now seen as different elements of
a given complex conceptﬁ This gives us the possibility of still defining structural
subsumption algorithms for L,-FL™, as showed in the following proposition.

3 Note that subsumption between two concepts in Gn-FL~ always takes either value
0 or value 1. Therefore, speaking about (> r)- or (= r)-subsumption in Gn-FL™
does not make sense.

4 In what follows, when not otherwise stated, restricted existential quantifications will
be treated as atomic concepts, with the assumption that two concepts JR.T and
dS5.T are different occurrences of the same concept iff R = S.



Proposition 4. Let C, D be complex Ly-FL™ concepts where just conjunction
M and restricted existential quantification AR.T appear. Then C' is subsumed by
D iff every occurrence of a conjunct A that appears in D, also appears in C,
where A appears in C strictly less than n — 1 times.

Proof. Let C, D be complex concepts where just conjunction M and existential
quantification IR.T appear. The right to left direction is trivial due to the fact
that (p&1)) — ¢ is a theorem of L, and, for every propositional evaluation e,
it holds that e(p& 7! &) € {0,1}. The left to right direction can be proved
by contradiction. Suppose that there exists an occurrence of a conjunct A that
appears in D but not in C, where A appears in C strictly less than n — 1 times.
We have two cases: either A is an atomic concept or A = JR.T. In the first
case an interpretation Z where AT = {v}, AT(v) = 2=2 and Bf(v) = 1 for
B # A gives us an example against subsumption of C' by D. In the second
case, consider an interpretation Z where AT = {v,w}, R%(v,w) = Z—j, and
ST (v,w) = B%(v) = 1 for every atomic concept B and every role name S
different from R. Then CZ(v) > D% (v) and, therefore, Z is a counterexample

against subsumption of C by D. ad

This is true up to conjunctions out of the scope of any quantifier. To see how
does it work in the case of more complex concepts, recall that the semantics of
value restrictions is defined by means of the residuum =y, of the Lukasiewicz
t-norm. This operation is monotonic in the second argument which is again a
complex conjunction. So, from Proposition 4] we easily obtain Corollary

Corollary 5. Let VR.C,VR.D be £,-FL™ concepts. Then VR.C is subsumed by
VR.D iff every occurrence of an atomic concept A in D, also is in C, where the
number of occurrences of A in C' is strictly less than n—1, and every occurrence
of a value restriction VS.E in C' is subsumed by a respectively different occurrence
of a value restriction VS.F in D.

From these results, a polynomial time algorithm for deciding 1-subsumption
in L,-FL™ can be obtained. The following Algorithm 1 is an adaption of the
procedure for solving tree inclusion presented in [I§] to the FDL case. Soundness
and completeness of Algorithm [I] follow from Proposition 4 and Corollary [5] On
the other hand, the fact that Algorithm [1|is polynomial can be showed as in [18].
Indeed, steps 1 and 5 can be performed in linear time and each matrix Eg ¢ is at
most quadratic on the size of the largest concept between C' and D. Please note
that Eg r contains a row for each value restriction VR.F which is a conjunct of
D and, specifically, if there are multiple occurrences of the same expression then
there are multiple rows for them. The same observation applies for the columns
in Eg p. Moreover, there are at most |C| x |D| different matrices Eg p. The
only non-deterministic problem is to decide whether every value restriction VR.F
which is a conjunct of a given subconcept D’ of D is subsumed by a different
value restriction VR.E which is a conjunct of a given subconcept C’ of C. But, as
in [I8], instead of checking out this fact for different non-deterministic guesses,
a suitable procedure for the bipartite matching problem (see [I3] for example)
can give an answer in polynomial time.



Algorithm 1 L,-SUBS(1,D,C)
1: if there is an occurrence of an atomic or existential conjunct A of D that is not in
C where concept A appears in C strictly less n — 1 times then return 0

2: else
3 Ecp:=0
4 for all value restriction VR.F which is a conjunct of D do
5: for all value restriction VR.E which is a conjunct of C' do
6: Ec,p(VR.F,VR.E) := Ln,-SUBS(1, F, E)
7 end for
8 end for
9: if there is a maximal bipartite matching for Ec p then return 1
10: else
return 0
11: end if
12: end if

(> r)-subsumption in En-FL™ . Saying that an L,-FL~ concept C is (> r)-
subsumed by another L,-FL~ concept D in degree greater or equal than r
means that in every interpretation Z and for every v € AZ we have that
CT(v) = D%(v) > r. In order to design a suitable modification of Algorithm
that decides (> r)-subsumption in L,-FL™ it is worth recalling that under
Lukasiewicz semantics, for every propositional formula ¢ and every propositional
evaluation e, it holds that:

e((p& .. &) = (p& 2. &p)) € [min{1, 3}, 11N L, (7)
That is, the value of formula ¢ in every propositional model, is constrained by the

relation between the respective occurrences of p in both sides of the implication.
Now, consider a formula of the form of where ¢ € {p, ¢}, that is

(p& . 1. &p&eqle K. &q) — (p& 1. &pleq&e .t &q) (8)
Suppose, without loss of generality, that Inin{%7 %} = ; Since min{%, %} < ;ﬂ?,

then the minimum assignment for is obtained by a propositional evaluation
e that minimizes e((p& .7. &p) — (p& 4. &p)) and assigns value 1 to variable
q. For the same reason, this evaluation is minimal with each number of propo-
sitional variables. In this way, we can perform a first modification of Algorithm
by assigning a weight in step 5 to the couples in the set E. A further mod-
ification of Algorithm [I| consists in substituting, in step 8, a procedure for the
assignment problem (see for example [I5]) instead of the one for bipartite match-
ing. Once obtained a maximal weighted matching, there should be checked that
the Lukasiewicz conjunction of the weights is still greater or equal than value r.
All the steps of the modified algorithm are still polynomial. Indeed assigning a
weight to a couple E, F' of concepts is just a matter of counting the occurrences
of the same quantified or atomic concepts in F and F respectively. The assign-
ment problem is known to be polynomial and Lukasiewicz t-norm operation is



polynomial on fixed values. This proves that (> r)-subsumption in L,-FL™ is
still polynomial.

(= r)-subsumption in Ly-F L™ . Finally we address the (= r)-subsumption prob-
lem in L,-FL7. Indeed, if r € (0,1), then there is no couple C, D of L,-FL~
concepts such that C is (= r)-subsumed by D. In order to see this, for each pair
C, D of Ly-FL™ concepts, consider the interpretation Z¢ p defined by:

— ATer = {uv1,. .., Umax{deg(C),deg(D)} }» being deg(C) the maximal nesting
degree of concept C,

— Afen(v) = 1, for every v € ATe.P and every atomic concept A in C' or D,

— RTen(y,w) = 1, for every v,w € AT¢.2 and every atomic role R in C or D.

It is clear that such an interpretation exists for each pair C, D of L,-FL~ con-
cepts and that CZ¢.2 (v) = 1 and D*e.P(v) = 1 for every v € AZe.2. Hence it is
impossible that an L,-FL~ concept C' is (= r)-subsumed by another L,-FL~
concept D in degree equal to r, as
inf {CT¢r(w) = DFr(w)}=1>7r (9)
weaTo,p

So, Zc.p is a counter-example against the existence of (= r)-subsumptions in
Ln-FL™.

5 Conclusions

In this paper we have tried to give an account on some complexity sources that,
additionally to the ones that are inherited from classical Description Logics,
are proper of the many-valued framework. In particular we have analyzed the
additional work that is required from a procedure that is asked to solve reasoning
tasks that are only definable in presence of multiple truth values and the effects
of the fact that Lukasiewicz conjunction is not idempotent. In the first case, in
Section [3] we have summarized the results existing in the literature. Moreover
we have tried to explain by means of examples why algorithms for deciding
reasoning tasks related to an exact value appear to be more complex than those
algorithms for the same reasoning tasks related to a lower bound or to the crisp
case. In the second case, we have described a couple of non trivial modifications
of the classical structural subsumption algorithm that solve the 1-subsumption
and the lower bound subsumption problems respectively for the language FL™
with semantics based on finite Lukasiewicz t-norm. These enhanced procedures
show that subsumption in L,-FL™ is still polynomial. As future work we plan
to see whether the same modifications to the structural subsumption algorithms
that we provide here, can be extended to other languages that, in the classical
case also use these kinds of algorithms. An example of these languages is the
one presented in [20] about ALN. It would be also interesting to study how the
behavior of structural subsumption algorithms generalizes to the case of more
general finite t-norms, from the base cases studied here. Another direction for
future works is a more systematic settlement of the method sketched in the
present work for outlining complexity shifts in the many-valued case.
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