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In multilabel classification, a data sample is classified into one class or plural
classes [1]. One of the widely used classification methods uses one-against-all
classification, in which for an n-class problem, n decision functions are determined, with each decision function putting one class on the positive side and
the remaining classes on the negative side. In classification, a data sample is
classified into a single-label or multilabel class associated with positive decision
functions. By this method, a data sample is unclassifiable if there is no positive
decision function, and a data sample may be classified into a multilabel that is
not included in the multilabels contained in the training set.
To solve this problem, in this paper, we propose one-against-all fuzzy support
vector machines (FSVMs) for multilabel classification [2]. For each multilabel in
the training data set, we define a new multilabel class. And for each single label or
multilabel class, we define a fuzzy region using the decision functions determined
by one-against-all classification. The degree of membership of a data sample to
the fuzzy region is determined by the decision hyperplane that is nearest to the
data sample. And the data sample is classified into the class with the highest
degree of membership.
This classification strategy is simplified for an unclassifiable region. If no
decision function is positive for a data sample, it is classified into a class with
the maximum degree of membership. This is the same as the fuzzy SVM for
single-class classification.
We compare the accuracies and subset accuracies of the proposed FSVMs
with the conventional one-against-all, one-against-one, and the best accuracies
in [1] using several benchmark data sets that are used in [1].
This work was supported by JSPS KAKENHI Grant Number 25420438.

References
1. G. Madjarov et al. An extensive experimental comparison of methods for multi-label
learning. Pattern Recognition, 45(9):3084–3104, 2012.
2. S. Abe. Fuzzy support vector machines for multilabel classification. Pattern Recognition, 48(6):2110–2117, 2015.
c 2015 by the paper’s authors. Copying permitted only for private and
Copyright ⃝
academic purposes. In: R. Bergmann, S. Görg, G. Müller (Eds.): Proceedings of
the LWA 2015 Workshops: KDML, FGWM, IR, and FGDB. Trier, Germany, 7.-9.
October 2015, published at http://ceur-ws.org

158

