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Abstract. The work supplies analysis of the conditions of use of the intellectual 

systems of support for managerial decision making in agrarian production. The 

authors argue the expediency of forecasting the risk of the resource demand for 

dairy farms on the base of application of machine learning tools.  In the article, 

the authors propose the approach to forecasting the risk of the resource demand 

for dairy farms, which is based on machine learning and suggests fulfilment of 

eight stages. The approach peculiarity is that formation of the bases of data and 

knowledge is completed with consideration of the features of the set project en-

vironment. It is argued that computer modeling of the case branch secures system 

consideration of the variable factors of costs for fodder production and its market 

price. The proposed approach creates a basis for improvement of quality and ac-

celerated formation of the database for forecasting the resource reserve basing on 

machine learning. Referring to the developed approach and computer program in 

the Python language, the authors substantiate a base of knowledge. The 

knowledge base is represented by the tendencies of a change of the forecasted 

figures of the risk of the resource demand for dairy farms in the set project envi-

ronment. The computer modeling is conducted on the example of Zabolottsi 

amalgamated territorial community in Brody district of Lviv region. The obtained 

figures of the limits and tendencies of a change of the volume of the reserve of 

hay, made of perennial herbs, and field area for its growing serve as markers for 

conducting machine learning with a teacher. The further research should be con-

ducted concerning the choice of a method and development of an algorithm of 

machine learning for forecasting the risk of the resource demand for dairy farms. 
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1 Introduction 

Every year, machine learning is getting more popular in different fields of people’s life 

and activities. It is also true for agrarian production, which has its specificity and needs 

consideration of a set of factors for adequate managerial decision-making. 

Copyright © 2020 for this paper by its authors.
Use permitted under Creative Commons License Attribution 4.0 International (CC BY 4.0).

mailto:trianamik@gmail.com
mailto:rudinetc@meta.ua


Nowadays, in Ukraine, there is sufficient amount of resources for production of milk 

as raw material of the appropriate quality [1-3]. However, the major amount of milk is 

produced by family dairy farms, which require implementation of the projects on es-

tablishment of cooperatives for their fodder supply. Thus, forecasting of the resource 

demand for dairy farms is one of the most important tasks of such project management, 

which involves machine learning [4].   

Considering the fact that the project environment of the projects of establishment of 

fodder supplying cooperatives is characterized by the changeable nature, which is 

caused by a complex of factors, it is impossible to achieve the appropriate quality of 

the approved managerial decisions without the intellectual systems of the decision sup-

port [5-7]. Particularly, the use of an efficient intellectual analysis of statistical data on 

the market value of some kinds of fodder, costs of its production, and yield capacity 

secures foresting the need to create a reserve as a response to the risk of resource supply 

for dairy farms. Moreover, the adequate forecasting of the resource demand for dairy 

farms can be done on the base of application of the methods and algorithms of machine 

learning. 

2 Analysis of Published Data and Problem Setting 

The managerial problems of creation of new and development of the existing systems 

of support for decision making in agrarian production, which is based on the peculiari-

ties of the domain and methods of artificial intellect, is currently widely used.    

The scientific works [8-10] supply the analysis of the possible use of the data mining 

tools for solution of the managerial problems. Those tools involve traditional models.   

In their researches, some authors [11-13] solve the scientific-applied problems of 

support for managerial decision making by applying the algorithms of forecasting. 

Their principal advantages include the adequate assessing of profit, obtained by enter-

prises. However, it is impossible to use them for forecasting the resource demand for 

dairy farms, because they do not consider peculiarities of the domain.   

In some publications [14-16], their authors argue the necessity to consider peculiar-

ities of the domain. It requires application of the personalized approach to development 

of a system of support for decision-making. There are some works in that direction, 

which are devoted to development of effective intellectual systems for agrarian produc-

tion [3, 6, 17]. However, all of the above-mentioned authors do not pay significant 

attention to the study and analysis of different methods and algorithms of machine 

learning. 

The scientific works [18-24] substantiate the main advantages of the methods and 

algorithms of machine learning. Some researches [6, 12, 17] are devoted to develop-

ment of the tools of machine learning for agrarian production. Nevertheless, none of 

them considers the possibility to use the methods and algorithms of machine learning 

for forecasting the resource demand for dairy farms. Particularly, there is no a base of 

knowledge, which could serve as a fundamental for the models of machine learning, 

which secures forecasting the risk of the resource demand for dairy farms. It eliminates 

the possibility to conduct machine learning with a teacher because of no markers. 



The aim of the work is to develop an approach and substantiate a knowledge base, 

which secure forecasting the risk of the resource demand for dairy farms on the base of 

machine learning, and are founded on modeling of a changeable project environment 

of the domain.  

To reach the set goal, it is necessary to solve the following tasks: 

– to propose an approach to forecasting the risk of the resource demand for dairy 

farms with the use of the domain modeling;  

– to substantiate the knowledge base, which creates fundamentals for forecasting  the 

risk of the resource demand for dairy farms on the base of machine learning.  

3 The Approach to Forecasting the Risk of the Resource 

Demand for Dairy Farms with the Use of the Domain 

Modeling  

The work outlines the main stages of development of the model of forecasting the risk 

of the resource demand for dairy farms, basing on machine learning (Fig. 1). 

The research studies the peculiarities of forecasting the demand of variable volumes 

of fodder and field area for its growing with consideration of the risk of natural-climatic 

conditions (variable durations of the periods of fodder supply of dairy farms, causing 

variable amounts of some kinds of fodder and cropping area for its growing), as well 

as the risk of the organizational-scale factor of the value, which are expressed in a var-

iable structure of a milking herd, determining the fodder demand. 

Thus, it is necessary to use the known method [3], which suggests argumentation of 

the resource demand for the projects of milk production with consideration of change-

able natural-agrometeorological conditions and milk yields during a lactation period. 

However, that method does not consider the variable structure of the livestock number 

in a milking herd (an organizational-scale constituent of the risk), which is specific for 

the set project environment, and calculated for the average value (mathematical expec-

tation) of duration of the periods of a milking herd maintenance. To eliminate the men-

tioned drawbacks and consider the impact of natural-climatic and organizational-scale 

risks on the risk of their subject matter, it is proposed to make forecast of the demand 

of variable amounts of fodder and field area for its growing in the following sequence.  

 

 

 

 

 

 

 

 

 

 

 

 



 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Fig. 1. The stages of development of a model of forecasting the risk of the resource demand for 

dairy farms, basing on machine learning 

 

The annual demand  і

kjрQ of k kinds of fodder for the j age group of a milking herd 

with the p productivity is determined by the formula: 
і і

kjр kр bi kjрQ М Q t k     ,           (1) 

where і

kрМ Q    – stands for the mathematical expectation of the forecasted daily need 

for k kinds of fodder with its p productivity in the i calendar year, c; 
bit  – stands for 

duration of the b period of a milking herd maintenance, during which the k kinds of 

fodder are used, days; kjрk  – stands for the factor of a relative demand for the k kinds 

of fodder for the j age group of a milking herd with the p productivity.  

The mathematical expectation і

kрМ Q    of the forecasted daily demand for the k 

kinds of fodder for a milking herd with its p productivity in the i calendar year is deter-

mined by its energy and nutritive value, basing on the dependences, which are argued 

in the work [3]. The duration  bit of the b period of a milking herd maintenance is 
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determined on the base of performance of the first stage of that method. The factors 

 kjрk  of the relative demand of the k kinds of fodder for the j age groups of a milking 

herd with the set p productivity are equal to 1.0 – for milking cows; 0.75 – for heifers 

and young cows above two years old; 0.5 – for young cows from 1 to 2 years old; 0.25 

– for calves under one year [6]. 

The total annual demand of the k kinds of fodder for a milking herd, serviced by a 

cooperative of fodder supply, is calculated by the formula: 
m n

і і

k kjр jр вз вт вн

j 1 р 1

Q Q n k k k
 

 
     
 
 ,        (2) 

where 
jрn  – stands for the livestock number in the j age group of a milking herd with 

the set p productivity, cows; 
вз вт внk ,k ,k  – stand for the factors of losses of the k kinds 

of fodder during the periods of storage, transportation and distribution respectively, as 

well as due to not eating up by animals; т – stands for the number of age groups of a 

milking herd, units; п – stands for the number of productivities of a milking herds, units.  

 Referring to the obtained figures of the total demand  і

kрQ  of the k kinds of fod-

der for a milking herd with the p productivity in the i calendar year, it is possible to 

determine the forecasted area of fields  і

kрS , which should be used for the fodder 

growing:  

 

і

kрі

kр

sі s

Q
S

М У K



,            (3) 

where  sіМ У  – stands for the mathematical expectation of the expected yield of the 

s kind of fodder crop on the territory of a community in the i calendar year, c/ha; 
зK  – 

stands for multiplicity of harvesting of the yield of the s kind of fodder crop, units.  

The expected yield 
sіУ  of the s kind of fodder crops on the territory of a community 

is variable, and to determine its quantitative characteristics, it is necessary to use statis-

tical data of the community. Using the methods of mathematical statistics and statistical 

data on the yield 
sіУ  of the s kind of fodder crop in the i calendar year, the researchers 

obtain their multiplicity  sіУ , which make a basis for argumentation of the density

 sf У  of its law of distribution,  and determination of its main characteristics: math-
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sіУ  – stands for yield 
sіУ  of the s kind 

of fodder crop in the previous i calendar year, c/ha.  

Referring to the forecast of the total annual demand  і

kjрQ  of the k kinds of fodder 

for a milking herd with its p productivity and expected field area  і

kрS , which should 

be used for its growing, it is possible to make a set of calculations for the i calendar 



years with the change of durations  bit of the b-х periods of maintenance of a milking 

herd, which are determined at the first stage of that method. The obtained set of figures 

of the annual demands  і

kjрQ  of the k kinds of fodder and forecasted field area  іkрS

for its growing makes a basis for argumentation of its distribution and determination of 

its main features, characterizing risks of the resource demand for dairy farms. 

The main responses to the risks of the resource demand for dairy farms are mani-

fested by creating the reserves of the k kinds of fodder for a milking herd. To argue the 

responses to the case risks, it is first required to settle the limits of a change of the 

demand for an annual reserve  іkR Q  of the k kinds of fodder. To calculate a maximal 

relative value of the annual reserve  іkR Q  of the k kinds of fodder, the following for-

mula can be used: 

 
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k kі

k

k

Q M Q
R Q 100
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,          (4) 

where max

kQ  – stands for the figure of an annual demand of the k kinds of fodder for a 

milking herd, c; 
kM Q    – stands for the mathematical expectation of the annual de-

mand of the k kinds of fodder, c. 

Having found the limits of a possible change of a relative value of the reserve  

 іkR Q  of the k kinds of fodder for a milking herd, it is possible to determine expend-

itures for creation of the reserve 
 іkR Q

В  within a set range of changes and expenditures 

 іkR Q
С , caused by purchasing its deficit at the market (Fig. 2). 

 
Fig. 2. Determination of rational responses to the risks of the resource demand for dairy farm: 

 іkR Q
В , 

 іkR Q
С  – stand for expenditures for the reserve creation and expenditures because of 

buying its deficit at the market; 
RВ  – stands for total expenditures for creating the fodder 

reserve 
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The rational responses to the case risks of the resource demand for a dairy farm are 

those, which secure minimal total costs for creation of the fodder reserve  – 
RВ min . 

Considering the fact that the expected yield 
sіУ  of the s kind of fodder crops, which 

are planned for growing, is variable both on separate fields and in the i calendar years, 

the reserve area should be calculated with consideration of its mean square deviation 

 sУ . However, the average expenditures (mathematical expectation of the total 

costs)  RМ В  for determining the reserve of field area  kR S  for growing of fodder 

crops under the set figure of that reserve can be calculated by the following formula: 
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where   RМ В  – stands for the mathematical expectation of the total costs for deter-

mination of the reserve area for fodder crops growing, UAH; 
   k kR S R S

В ,С  – stand for 

expenditures for creation of the reserve of field area and expenditures of dairy farms 

because of their deficit, UAH;    k k n
R S ,R S  – stand for the set value of the reserve 

of the area for fodder crops growing and the required reserve of it, %;    k n
f R S  - 

stands for the density of distribution of the probability of need for the reserve of area 

for fodder crops growing. 

The first summand of the formula (5) demonstrates that under no need of the area 

reserve for fodder crops growing (probability is equal to 0.5), dairy farms will not ex-

perience the expenditures equal to 
 kR S

В , multiplied by the value of that reserve. If the 

current value of the reserve  k n
R S   does not exceed the value  kR S , the expendi-

tures will be determined by the second summand of the formula (5). If the need of the 

field area reserve  k n
R S  for fodder crops growing exceeds the value  kR S , the ex-

penditures of dairy farms will be determined by the third summand of the formula (5).   

4 The Results of Argumentation of the Knowledge Base for 

Forecasting the Risk of the Resource Demand for Dairy 

Farms, Basing on Machine Learning 

The statistical data on the domain conditions are gathered under conditions of Lviv 

region, basing on the official statistical data. The project environment, which conforms 

to the conditions of the agricultural servicing cooperative “Pokrova” in Brody district 

of Lviv region while growing perennial herbs for hay, was taken as an example.    

To complete the appropriate and fast creation of the database concerning the re-

source reserve for the set project environment, there is a developed computer program 



in Python language, which supplies computer modeling for determination of the re-

source demand for dairy farms. It is based on the above-presented approach to forecast-

ing the risk of the resource demand and supplies the figures of the components of the 

case risks.  

The response to the case risks of the resource demand for dairy farms is manifested 

by creation of the reserve of the k kinds of fodder. It is approved that the reserve can 

be formed by purchasing some kinds of fodder at the market and their production at the 

cooperative. The results of the analysis of statistical data on market prices (as of January 

1, 2019) of some kinds of fodder on the territory of Lviv region determines their statis-

tical characteristics, which are presented in the Table 1.  

Using the formula (4) and the obtained data on the mathematical expectation of the 

annual demand for hay, made of perennial herbs, the authors calculate the maximal 

relative value of their annual reserve  іkR Q . 

Table 1. The initial data for substantiation of the reserve of hay, made of perennial herbs 

Characteristic 
Market price of hay, 

UAH/c 

Costs of hay production, 

UAH/c 

Mathematical expectation 220 165 

Mean square deviation 73 58 

 

It supplies the opportunity to determine the limits of a possible change of the relative 

value of the reserve  іkR Q  of the k kinds of fodder for the set livestock number in a 

milking herd (Fig. 3).  

 
Fig. 3. The dependence of the amount of the reserve of hay, made of perennial herbs, on the 

livestock number in a milking herd, serviced by the cooperative 

 

The obtained dependences (Fig. 3) confirm that the amount of the reserve   іkR Q  of 

hay, made of perennial herbs, with a proportional change of the livestock number in a 

milking herd Zn is changed by the polynomial dependences of the third order. They are 

described by the corresponding equations: 
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 і 3 2

сі n n nR Q 0.0018 Z 0.0139 Z 2.0678 Z 129.87, r  0.94         ,    (6) 

 

The irregularity of a change of the amount of the reserve  іkR Q  of hay, made of per-

ennial herbs, with the change of the structure of the livestock number in a milking herd 

Zn is explained by a transformation of the structure and demand for that fodder under 

a different productivity of the milking herd.   

Having obtained the results of the forecast of the demand for hay of perennial herbs 

(Fig. 3), as well as their specific market price and specific costs of production in a 

cooperative (Table 1), the researchers calculate the costs for creation of the reserve 

 іkR Q
В and expenditures of dairy farms 

 іkR Q
С , because of purchasing their required vol-

ume at the market. It supplies the opportunity to compose a dependence of the men-

tioned costs on the share of their reserve (Fig. 5).  

 
Fig. 5. The dependences of the costs for creation of the reserve of hay, made of perennial herbs, 

at the cooperative on its share 

 

The obtained dependences (Fig. 5) confirm that the costs for creation of a hay reserve 

depend both on the source of its reserve (purchasing at the market or production at the 

cooperative), and on the reserve share. It is determined that the maximal volume of the 

reserve should by equal to 15.2%.  

The least expenditures for creation of a hay reserve are observed in the variant, where 

the whole reserve is produced at the cooperative. It will supply the opportunity to re-

duce the impact of case risks, caused by hay deficit.   

The rational responses to the risk of the hay demand for dairy farms suggest produc-

tion of an argued amount of their reserve at the cooperative, securing minimal total 

expenditures for its creation.   



As it is mentioned above, the expected yield 
sіУ  of the s kind of fodder crops, which 

is planned at the cooperative, is variable both on different fields and in different i cal-

endar years. Referring to the statistical data on the conditions of Lviv region, the authors 

define the characteristics of distribution of the yields 
sіУ  of hay, made of perennial 

herbs (Table 2).  

 

Table 2. The characteristics of distribution of the yield  
sіУ  of hay, made of perennial herbs, 

in the conditions of Lviv region 

Kind of fodder crops 
Statistical characteristics of distribution, c/ha 

 sіМ У   sіУ  
sі minУ  

sіmaxУ  

Perennial herbs for hay 45 6 39 51 

 

Using the computer program of formation of the database on the resource reserve for 

the set project environment and obtained statistical data concerning characteristics of 

distribution of the yield  
sіУ  of hay, made of perennial herbs (Table 2), the research 

determines limits of a possible change of the expected volume of the reserve of field 

area  іkR S  for hay growing under a change of the livestock number in a milking herd, 

serviced by the cooperative, for the conditions of the agricultural servicing cooperative 

“Pokrova” in Brody district of Lviv region (Fig. 6).  

 

 

Fig. 6. The dependences of the volume of the reserve of field area  іkR S  for hay growing on a 

change of the livestock number in a milking herd, serviced by the cooperative  

 

The obtained dependences (Fig. 6) confirm that the forecasted volume of the reserve of 

field area  іkR S  for growing of hay with a proportional change of  the livestock num-

ber in a milking herd Zn is changed by the polynomial dependences of the third order: 

1,0

1,2

1,4

1,6

1,8

2,0

-20 -15 -10 -5 0 5 10 15 20

V
o

lu
m

e 
o

f 
th

e 
re

se
rv

e 
o

f 
fi

el
d

 a
re

a 

fo
r 

h
ay

 p
ro

d
u
ct

io
n
, 

h
a

Share of a change of the livestock number in a milking 

herd, %



 і 3 2

сі n n nR S 2 10 5 Z  0.0002 Z   0.0227 Z   1.43, r  0.96           .   (7) 

 

Having obtained results of the forecast of the volume of the reserve of field area  іkR S  

for hay growing (Fig. 6), characteristics of distribution of its yield 
sіУ  (Table 2) and 

the specific costs of production at the cooperative (Table 1), as well as using the formula 

(5), the authors calculate the average expenditures (mathematical expectation of the 

total costs)  RМ В  for determination of the reserve of field area under perennial herbs 

for hay. 

To perform the mentioned calculations, the researchers used the developed computer 

program, which secured the opportunity to develop the dependences of the degree of 

the reserve risk on the volume of the set field area  іkR S  for hay growing (Fig. 7).  

 
 

Fig. 7. The dependences of the degree of risk of the demand of hay, made of perennial herbs, for 

dairy farms on the reserve of field area for its growing 

 

The obtained dependences (Fig. 7) supply the opportunity to make quantitative assess-

ment of the degree of risk of the demand for hay, made of perennial herbs, for dairy 

farms, depending on the volume of the reserve of field area  іkR S  for its growing. The 

results of assessment of the degree of the mentioned risk are presented in the Table 3.  

 

 

 

 



Table 3. The results of assessment of the degree of risk of the demand of hay, made of peren-

nial herbs, for dairy farms 

Kind of fod-

der crops 

Limits of the volume of the reserve of field area for growing of hay 

of perennial herbs, ha 

Critical 

risk 

0.81…1.0 

High risk 

0.61…0.8 

Average 

risk 

0.41…0.6 

Admissi-

ble risk 

0.21…0.4 

Minimal 

risk 

0…0.2 

Perennial 

herbs for hay 

1.33…1.45 1.46…1.5 1.51…1.55 1.56…1.62 1.63…1.77 

 

The data of the Table 3 argue that for the set scale of the cooperative, the level of their 

case risk influences the volume of the reserve of field area for growing of hay, made of 

perennial herbs, for dairy farms within the set limits. 

The obtained figures of the limits and tendencies of changes of the volume of the 

reserve of hay, made of perennial herbs, and field area for its growing are the markers 

for the machine learning with a teacher. The further research should be conducted con-

cerning the choice of a method and development of an algorithm of machine learning 

for forecasting the risk of the resource demand for dairy farms. 

5 Conclusions 

The proposed approach to foresting the risk of the resource demand for dairy farms is 

based on machine learning and suggests fulfilment of eight stages. The peculiarity of 

that approach is that formation of the bases of data and knowledge is fulfilled on the 

fundamentals of consideration of the peculiarities of the set project environment due to 

computer modeling, which secures a system involvement of variable factors of the costs 

of fodder production and their market value. It creates a basis for improvement of the 

quality and acceleration of formation of the databases for forecasting the resource 

reserve.   

Basing on the developed approach and computer program in the Python language, 

the authors of the work argue a knowledge base, which is represented by the tendencies 

of changes of the forecasted figures of the risk of the resource demand for dairy farms 

on the example of Zabolottsi amalgamated territorial community in Brody district of 

Lviv region. The obtained figures of the limits and tendencies of changes of the volume 

of the reserve of hay, made of perennial herbs, and field area for its growing are used 

as the markers for machine learning with a teacher. The further research should be 

conducted concerning the choice of a method and development of an algorithm of 

machine learning for forecasting the risk of the resource demand for dairy farms.  

 

References 

1. Тryhuba A., Rudynets, M., Pavlikha, N., Tryhuba, I., Kytsyuk, I., Korneliuk, O., Fedorchuk-

Moroz, V., Androshchuk, I., Skorokhod, I., Seleznov, D.: Establishing patterns of change in 



the indicators of using milk processing shops at a community territory. Eastern-European 

Journal of Enterprise Technologies: Control processes, No. 3/6 (102), 57–65 (2019).  

2. Tryhuba A., Pavlikha N., Rudynets M., Tryhuba І., Grabovets V., Skalyga M., Tsymbaliuk 

I., Khomiuk N., Fedorchuk-Moroz V.: Studying the influence of production conditions on 

the content of operations in logistic systems of milk collection. Eastern-European Journal of 

Enterprise Technologies “Control processes”, 3/3 (99), 50–63 (2019). 

3. Тryhuba, А., Ftoma, O., Тryhuba, I., Boyarchuk,O.: Method of quantitative evaluation of 

the risk of benefits for investors of fodder-producing cooperatives. 14th International Scien-

tific and Technical Conference on Computer Sciences and Information Technologies 

(CSIT), vol. 3, 55–58, September 2019. 

4. Тryhuba A., Bashynsky, O.: Coordination of dairy workshops projects on the community 

territory and their project environment, 14th International Scientific and Technical Confer-

ence on Computer Sciences and Information Technologies (CSIT), vol. 3, 51–54, September 

2019. 

5. Lub P., Sharybura A., Pukas V.: Modelling of the technological systems projects of harvest-

ing agricultural crops. 14th International Conference on Computer Sciences and Information 

Technologies (CSIT), 2019, Vol. 3, pp. 19-22. 

6. Tryhuba, A, Boyarchuk,V., Tryhuba, I., Boyarchuk, O., Ftoma, O.: Evaluation of Risk Value 

of Investors of Projects for the Creation of Crop Protection of Family Dairy Farms. Acta 

universitatis agriculturae et silviculturae mendelianae brunensis, 67(5), 1357–1367 (2019). 

7. Ratushnyi R., Bashynsky O.,  Ptashnyk V. : Development and Usage of a Computer Model 

of Evaluating the Scenarios  of Projects for the Creation of Fire Fighting Systems of Rural 

Communities, XIth International Scientific and Practical Conference on Electronics and In-

formation Technologies (ELIT), pp. 34-39, September 2019. 

8. Ljaskovska, S., Martyn, Y., Malets, I., Prydatko, O.: Information Technology Of Process 

Modeling In The Multiparameter Systems, Proceedings of the IEEE 2nd International Con-

ference on Data Stream Mining and Processing, (DSMP-2018), 177–182 (2018). 

9. Kunanets, N., Vasiuta, O., Boiko, N.: Advanced technologies of big data research in distrib-

uted information systems. 14th International Scientific and Technical Conference on Com-

puter Sciences and Information Technologies (CSIT), vol. 3, 71–76, September 2019. 

10. Bochkovskii, А., Gogunskii, V.: Development of the method for the optimal management 

of occupational risks. Eastern-European Journal of Enterprise Technologies, vol.3, 3(93), 6–

13 (2018). 

11. Tryhuba A., Boyarchuk V., Tryhuba I., Ftoma O., Francik S., Rudynets M.: Method and 

Software of Planning of the Substantial Risks in the Projects of Production of raw Material 

for Biofuel. CEUR Workshop Proceedings. Published in ITPM, 2020. 

12. Tryhuba A., Boyarchuk V., Tryhuba I., Ftoma O.: Forecasting of a Lifecycle of the Projects 

of Production of Biofuel Raw Materials With Consideration of Risks. International Confer-

ence on Advanced Trends in Information Theory (ATIT), 420-425 (2019). 

13. Ignatius, J.,  Hatami-Marbini, A., Rahman, A., Dhamotharan, L.,  Khoshnevis, P.: A fuzzy 

decision support system for credit scoring, Neural Computing and Applications, 29(10), 

921–937 (2018). 

14. Babenko, V. О.: Modeling of factors influencing innovation activities of agricultural enter-

prises of Ukraine. Scientific Bulletin of Polissia, no. 2 (1 (9)), 115–121 (2017).  

15. Aggarwal, P., Vyas, S., Thornton, P., Campbell, B., Kropff, M.: Importance of considering 

technology growth in impact assessments of climate change on agriculture, Global Food 

Security, 23, 41–48 (2014). 

16. Vyklyuk, Y., Radovanovic, M., Pasichnyk, V., Kunanets, N., Sydor, P.: Forecasting of forest 

fires in portugal using parallel calculations and machine learning. Proceedings of the XVIII 

http://journals.uran.ua/eejet/article/view/171052
http://journals.uran.ua/eejet/article/view/171052
https://www.scopus.com/authid/detail.uri?origin=resultslist&authorId=57204561106&zone=
https://www.scopus.com/authid/detail.uri?origin=resultslist&authorId=57194787567&zone=
https://www.scopus.com/authid/detail.uri?origin=resultslist&authorId=57188567411&zone=
https://www.scopus.com/authid/detail.uri?origin=resultslist&authorId=57192544987&zone=
https://www.scopus.com/record/display.uri?eid=2-s2.0-85056158239&origin=resultslist&sort=plf-f&src=s&st1=Prydatko&st2=&sid=e67396ff4d58920c6a92de282ad769bb&sot=b&sdt=b&sl=21&s=AUTHOR-NAME%28Prydatko%29&relpos=3&citeCnt=1&searchTerm=
https://www.scopus.com/record/display.uri?eid=2-s2.0-85056158239&origin=resultslist&sort=plf-f&src=s&st1=Prydatko&st2=&sid=e67396ff4d58920c6a92de282ad769bb&sot=b&sdt=b&sl=21&s=AUTHOR-NAME%28Prydatko%29&relpos=3&citeCnt=1&searchTerm=
https://www.semanticscholar.org/author/Vitalij-Boyarchuk/1506803764
https://www.semanticscholar.org/author/Inna-Tryhuba/151039728
https://www.semanticscholar.org/author/Oksana-Ftoma/151380524
https://www.semanticscholar.org/author/S%C5%82awomir-Francik/5214892
https://www.semanticscholar.org/author/Mykola-Rudynets/98499713
https://www.semanticscholar.org/paper/Method-and-Software-of-Planning-of-the-Substantial-Ryhuba-Boyarchuk/64a32161f4068439cb587e800a8f3ea4f30634e5
https://www.semanticscholar.org/paper/Method-and-Software-of-Planning-of-the-Substantial-Ryhuba-Boyarchuk/64a32161f4068439cb587e800a8f3ea4f30634e5
https://www.semanticscholar.org/paper/Method-and-Software-of-Planning-of-the-Substantial-Ryhuba-Boyarchuk/64a32161f4068439cb587e800a8f3ea4f30634e5
https://www.semanticscholar.org/author/Vitalij-Boyarchuk/1506803764
https://www.semanticscholar.org/author/Inna-Tryhuba/151039728
https://www.semanticscholar.org/author/Oksana-Ftoma/151380524
https://www.scopus.com/authid/detail.uri?origin=AuthorProfile&authorId=8346805200&zone=
https://www.scopus.com/authid/detail.uri?origin=AuthorProfile&authorId=26664499000&zone=
https://www.scopus.com/authid/detail.uri?origin=AuthorProfile&authorId=26664499000&zone=
https://www.scopus.com/authid/detail.uri?origin=AuthorProfile&authorId=56958522200&zone=
https://www.scopus.com/authid/detail.uri?origin=AuthorProfile&authorId=57191523743&zone=
https://www.scopus.com/authid/detail.uri?origin=AuthorProfile&authorId=57191523743&zone=
https://www.scopus.com/record/display.uri?eid=2-s2.0-84991312293&origin=resultslist&sort=plf-f&src=s&sid=d8f101663d71bf98b8a7671c8a7154f5&sot=autdocs&sdt=autdocs&sl=18&s=AU-ID%2856070096900%29&relpos=1&citeCnt=7&searchTerm=
https://www.scopus.com/sourceid/24800?origin=resultslist
https://www.scopus.com/authid/detail.uri?authorId=35591389100&amp;eid=2-s2.0-85064314071
https://www.scopus.com/authid/detail.uri?authorId=57191877773&amp;eid=2-s2.0-85064314071
https://www.scopus.com/authid/detail.uri?authorId=16220644800&amp;eid=2-s2.0-85064314071
https://www.scopus.com/authid/detail.uri?authorId=36071718900&amp;eid=2-s2.0-85064314071
https://www.scopus.com/authid/detail.uri?authorId=7005210931&amp;eid=2-s2.0-85064314071
https://www.scopus.com/record/display.uri?eid=2-s2.0-85064314071&origin=resultslist&zone=contextBox
https://www.scopus.com/record/display.uri?eid=2-s2.0-85064314071&origin=resultslist&zone=contextBox


International Conference on Data Science and Intelligent Analysis of Information, June 4–

7, 2018, Kyiv, Ukraine. 

17. Bilokon, S., Turbal, Y., Kunanets, N., Pasichnyk, V.: Mathematical and computer modeling 

of the sprinklers pollution processes in irrigation systems. 14th International Scientific and 

Technical Conference on Computer Sciences and Information Technologies (CSIT), vol. 3, 

262–267, September 2019. 

18. Kaminskyi, R., Kunanets, N., Rzheuskyi, A., Khudyi, A.: Methods of statistical research for 

information managers. 13th International Scientific and Technical Conference on Computer 

Sciences and Information Technologies (CSIT), September 2018. 

19. Savchuk, V., Pasichnyk, V.: Modelling decision-making processes in the field of individual 

tourism. 13th International Scientific and Technical Conference on Computer Sciences and 

Information Technologies (CSIT), September 2018. 

20. Jin Zhang, Yanyan Wang, Yuehua Zhao, Xin Cai: Applications of inferential statistical 

methods in library and information science. Data and Information Management, 2018; 2(2): 

103–120. 

21. Marı´a N. Moreno Garcı´a, Isabel Ramos Roma´n, Francisco J. Garcı´a Pen˜alvo, Miguel 

Toro Bonilla: An association rule mining method for estimating the impact of project man-

agement policies on software quality, development time and effort. Expert Systems With 

Applications, vol. 34, 1, 522-529 (2008). 

22. Bing Niu, Liang Chaofeng, Yi Lu, Manman Zhao, Qin Chen, Yuhui Zhang, Linfeng Zheng, 

Kuo-Chen Chou: Glioma stages prediction based on machine learning algorithm combined 

with protein-protein interaction networks. Genomics, vol. 112, 1, 837-847 (2020). 

23. Nabanita Dutta, Umashankar Subramaniam, Sanjeevikumar Padmanaban, View Affilia-

tions: Mathematical models of classification algorithm of machine learning. QScience Pro-

ceedings, International Meeting on Advanced Technologies in Energy and Electrical Engi-

neering, vol. 3, 321-326 (2019). 

24. Dutta, N., Umashankar, S., Shankar, A., Sanjeevikumar, P., Leonowicz, Z., Wheeler, P.:  

Centrifugal pump cavitation detection using machine learning algorithm technique. 18th In-

ternational Conf. on Environmental and Electrical Engineering, IEEE-I&CPS/IEEE-

EEEIC’18, Paleramo, Italy. 

 

 

 

 

https://www.sciencedirect.com/science/journal/09574174
https://www.sciencedirect.com/science/journal/09574174
https://www.researchgate.net/profile/Bing_Niu?_sg%5B0%5D=BOg4IdYCA1xeCH6SPrEWM4vaTNjxh5c5agTs7fyTAu7T_gUOTIBhvXuTojFwV7bIh4sLjtk.Im8v9htEUm-ntpDVxAfcgcaYSGpZiR8XbFQM5ZOVsNbt0xLtvptEvYGsNl6cl9oGHlqYK_Yb2wMQM8svTj4KKQ&_sg%5B1%5D=x3xKR81HhCoNvxRdNhcT6yZHj7mLnMcH-xuCvRsBU1RVEYUXF4awcAAywM85lP2CtPJJKfU.ulhgg3GuPseblqBDERn3xazoj8HquQ6FDB9ZfjR-enp3cqpHb9DBHxs1M1Qw454LQV6VA3UZwLvdXJ4VYB4-rQ
https://www.researchgate.net/profile/Liang_Chaofeng?_sg%5B0%5D=BOg4IdYCA1xeCH6SPrEWM4vaTNjxh5c5agTs7fyTAu7T_gUOTIBhvXuTojFwV7bIh4sLjtk.Im8v9htEUm-ntpDVxAfcgcaYSGpZiR8XbFQM5ZOVsNbt0xLtvptEvYGsNl6cl9oGHlqYK_Yb2wMQM8svTj4KKQ&_sg%5B1%5D=x3xKR81HhCoNvxRdNhcT6yZHj7mLnMcH-xuCvRsBU1RVEYUXF4awcAAywM85lP2CtPJJKfU.ulhgg3GuPseblqBDERn3xazoj8HquQ6FDB9ZfjR-enp3cqpHb9DBHxs1M1Qw454LQV6VA3UZwLvdXJ4VYB4-rQ
https://www.researchgate.net/scientific-contributions/2128173808_Yi_Lu?_sg%5B0%5D=BOg4IdYCA1xeCH6SPrEWM4vaTNjxh5c5agTs7fyTAu7T_gUOTIBhvXuTojFwV7bIh4sLjtk.Im8v9htEUm-ntpDVxAfcgcaYSGpZiR8XbFQM5ZOVsNbt0xLtvptEvYGsNl6cl9oGHlqYK_Yb2wMQM8svTj4KKQ&_sg%5B1%5D=x3xKR81HhCoNvxRdNhcT6yZHj7mLnMcH-xuCvRsBU1RVEYUXF4awcAAywM85lP2CtPJJKfU.ulhgg3GuPseblqBDERn3xazoj8HquQ6FDB9ZfjR-enp3cqpHb9DBHxs1M1Qw454LQV6VA3UZwLvdXJ4VYB4-rQ
https://www.researchgate.net/scientific-contributions/2084314511_Manman_Zhao
https://www.researchgate.net/scientific-contributions/15582395_Qin_Chen
https://www.researchgate.net/scientific-contributions/2042803462_Yuhui_Zhang
https://www.researchgate.net/scientific-contributions/2042789563_Linfeng_Zheng
https://www.researchgate.net/profile/Kuo-Chen_Chou?_sg%5B0%5D=BOg4IdYCA1xeCH6SPrEWM4vaTNjxh5c5agTs7fyTAu7T_gUOTIBhvXuTojFwV7bIh4sLjtk.Im8v9htEUm-ntpDVxAfcgcaYSGpZiR8XbFQM5ZOVsNbt0xLtvptEvYGsNl6cl9oGHlqYK_Yb2wMQM8svTj4KKQ&_sg%5B1%5D=x3xKR81HhCoNvxRdNhcT6yZHj7mLnMcH-xuCvRsBU1RVEYUXF4awcAAywM85lP2CtPJJKfU.ulhgg3GuPseblqBDERn3xazoj8HquQ6FDB9ZfjR-enp3cqpHb9DBHxs1M1Qw454LQV6VA3UZwLvdXJ4VYB4-rQ
https://www.sciencedirect.com/science/journal/08887543
https://www.qscience.com/search?value1=Nabanita+Dutta&option1=author&noRedirect=true
https://www.qscience.com/search?value1=Umashankar+Subramaniam&option1=author&noRedirect=true
https://www.qscience.com/search?value1=Sanjeevikumar+Padmanaban&option1=author&noRedirect=true
https://www.qscience.com/content/proceedings/qproc
https://www.qscience.com/content/proceedings/qproc
https://www.qscience.com/content/proceedings/qproc/2019/1
https://www.qscience.com/content/proceedings/qproc/2019/1

