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Abstract
Data narration is the activity of crafting narratives supported by facts extracted from data analysis, using interactive
visualizations. It allows the transmission of findings in the data, by visual means, in order to facilitate their reception by
a target audience. Despite its recognized utility in public health, data narratives are typically limited to the transmission
of treatment recommendations to educate the general public. This paper describes the crafting of a data narrative about
tuberculosis pandemic in Gabon, intended to an audience of health professionals and authorities. Specifically, we describe
and illustrate all phases of the crafting process, combining best practices in data narration and epidemic intelligence.

Keywords
Data narrative, tuberculosis, Gabon

1. Introduction
Data narration, i.e. narrating with data visualisations
[1], is receiving increasing interest in several commu-
nities such as journalism, business, e-government and
data science. A data narrative is defined as a structured
composition of messages, which convey findings over the
data, and are typically delivered via visual means in order
to facilitate their reception by a intended audience [2].
More specifically, data narratives can be seen as ordered
sequences of steps, each of which may contain words,
images, visualisations, audio, video, or any combination
thereof, and which are based on data [3].

Despite its recognised usefulness in public health [4],
where information on health problems must compete
with thousands of other communication messages (info-
demics), data narratives are little used, and are typically
limited to the transmission of treatment recommenda-
tions and patient feedback to educate the general public.
Few works aim at conveying scientific results to an ex-
pert audience to report on the health situation and the
results of implemented policies, and more generally, to
help decision making. Furthermore, such data narratives
are build following ad-hoc processes. In a general way,
there is a lack of processes and methodological guidelines
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for data narration in public health.
In this paper we describe the crafting of a data narra-

tive about tuberculosis (TB) pandemic in Gabon. This
narrative is intended for health authorities and experts
in Epidemic Intelligence (EI), with the goal of describing
the epidemiological situation of tuberculosis in a pilot
area of study, the Libreville-Owendo-Akanda (LBVO-A)
health region, before a countrywide move.

Specifically, we describe, for each step of the process,
the key methodological aspects, the major difficulties and
the particularities of epidemiological domain. Indeed, the
crafting process customizes general data narration ones
incorporating specific features of epidemiology, best prac-
tices in EI and communication to epidemiologists and
health authorities. In particular, data collection, process-
ing and analysis have a key place in the process, such
tasks being at the core of EI. In addition, classical statistic
analysis is enriched with other data mining tasks and con-
fronted to the state of the art, the latter being a specific
requirement when addressing to a scientific audience.
From a technical perspective, the underlying system sup-
ports spatio-temporal data of very heterogeneous quality.
Indeed, geographic information systems are well-suited
for EI applications [5].

The main applied and methodological contributions
are:

• A detailed description of the crafting process,
from the collection of analytical needs to the vi-
sual rendering of results.

• A discussion of the main challenges in data nar-
ration in the field of epidemiology.

• A summary of the main messages learned from
the data, which form the heart of the narrative.

• An example of usage of data narration as a de-
cision support tool to enable decision makers to
define a better tuberculosis control strategy.
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The paper is organized as follows. Section 2 describes
related work on data narration and epidemic intelligence
processes. Section 3 describes the main phases of the
crafting process and the obtained results. Finally, Section
4 presents lessons learned and Section 5 concludes.

2. Related work
In this sub-section we provide some background on tuber-
culosis and we describe related works on data narration
and EI processes. We also review the use of data narration
in public health.

2.1. About tuberculosis
Tuberculosis is an infectious disease caused by a bac-
terium, Mycobacterium Tuberculosis, which is transmit-
ted by air when an infected person coughs or sneezes.
In the most frequent form of TB (pulmonary TB) the
pathogen attacks the lungs, but in more complex forms
(extra-pulmonary TB) it can also affect other organs
(e.g.lymph nodes, bones, kidneys, etc.). Typical symp-
toms of TB are fever with night sweats, chronic cough,
fatigue, shortness of breath and loss of appetite.

Tuberculosis continues to be a serious public health
problem whose magnitude requires global attention. Ac-
cording to the World Health Organization (WHO), this
pandemic infected 10 million people around the world in
2019. In the African region, that of Sub-Saharan Africa is
the most infected with nearly two million cases reported
each year. Among these countries, Gabon is the sec-
ond most affected with an annual incidence of 428 cases
per 100,000 inhabitants, behind Zimbabwe (562 cases per
100,000 inhabitants). The LBVO-A health region alone
accounts for more than 50% of tuberculosis cases notified
in Gabon.

2.2. Data narration process
Data narration, i.e. the crafting of a data narrative, is a
complex process at the crossroads of several domains :
data processing, data analysis, data visualisation, commu-
nication, among others. Despite numerous contributions
in each of these fields, few works propose global method-
ologies, describing the whole data narration process.

Firstly, Chen et al. [6] distinguished two main phases
typically used for data narration : (a) visual analytics,
which requires to see all aspects of complex data, explore
their interrelationships, and is supported by multiple co-
ordinated views and sophisticated interaction techniques,
from (b) storytelling, which is meant to convey only inter-
esting and/or important information extracted through
the analysis, presented in a simple and easily understand-
able way. They proposed an intermediate phase, data

synthesis, in which the analyst assembles and organizes
information pieces to be communicated, facilitating the
telling of visual analytical findings in a compelling nar-
rative.

The same three phases (but named differently) are
described by Lee et al. [7]: (i) explore data, to retrieve
findings among data, (ii) make a story, to turn findings
into a sequence of narrative pieces and build the plot of
the narrative, and (iii) tell a story, to render the plot via
visual means.

Recently, a conceptual model of data narrative [2] for-
malises it main concepts and their relationships. The
model aims to guide the author through the data narra-
tion process: define the analysis goals and break them
down into analytical questions, collect and explore data
through a set of collectors that allow to manipulate data
with varied tools for answering analytical questions, an-
alyze data and underline the findings, bring out messages
(from the findings) to communicate to the audience, struc-
ture messages to build the narrative in terms of acts and
episodes and render it with visual means via dashboards.
Even if the conceptual model can be instantiated by dif-
ferent processes (with different workflows), in a demon-
stration scenario [8], the authors illustrate a particular
proceeding in 4 phases : (i) goal setting, (ii) data explo-
ration, (iii) narrative organisation, and (iv) presentation.

We highlight that despite naming discrepancies, the
described proposals agree in the major phases of the data
narration process.

2.3. Epidemic intelligence process
The World Health Organization (WHO) proposed an EI
process [9], with several protocols depending on whether
data is collected through Indicator-based surveillance
(IBS) or Event-based surveillance (EBS). While the for-
mer deals with data that has been previously validated,
the latter focuses on new data, mostly based on rumours
and unverified information, therefore requiring a valida-
tion process. Given the retrospective character of data
narration and the importance of data validation, we con-
sider only IBS protocols, relaying on sources in the health
sector.

The process is organized into five main phases: (i)
detection of raw data, which consists in selecting data
sources and collecting data, (ii) triage of relevant data and
information, which concerns data analysis (data quality
and descriptive and analytical epidemiology) and data in-
terpretation (qualitative assessment of the significance of
findings), (iii) verification of signal, which consists in con-
firming the authenticity and conformity of the findings
and their characteristics, generally by cross-checking us-
ing other reliable sources, (iv) risk assessment of the event,
which implies determining the level of risk to human
health and the potential control measures that can be



implemented, and (v) communication, which concerns
the communication of indicators to different audiences
(experts, health authorities, partners, population, etc.) to
help in the decision-making process.

Apart from the communication phase, the rest of the
phases of the EI process proposed by WHO correspond to
the data exploration phase of the data narration process.
Indeed, nothing is advised concerning the way of crafting
messages (explaining the learned and validated signals)
and structuring them in a coherent discourse. Finally,
the communication phase of the EI process corresponds
to the presentation phase of the data narration process,
but also to effective dissemination of the information.
In particular, the WHO suggests that various supports
may be used to share information, but the use of visual
artifacts is not detailed.

2.4. Data narration in public health
Many works describe the use of data narration techniques
in public health. They mainly concern the communica-
tion phase, dealing with storytelling issues.

In the field of public health, there are many commu-
nication strategies, but the most effective is storytelling
[10].

There is a growing trend to use storytelling as a re-
search and intervention tool on public health issues, espe-
cially those with a strong disease prevention component
[11].

Indeed, storytelling is used to educate populations
on health protection practices, to advocate for improved
clinical care and to encourage efforts to combat infectious
diseases [12].

For example, in [13], authors tested a new commu-
nication modality to promote prevention messages and
colorectal cancer screening among Latinos. In [14], au-
thors conducted a survey to determine the effectiveness
of a rational emotional digital storytelling therapy on
HIV/AIDS knowledge and risk perception among school
children in Enugu State, Nigeria.

In [15], authors developed a digital storytelling inter-
vention on diabetes to raise awareness among immigrant
and refugee populations with limited English proficiency.

In another study conducted in rural Alaskan commu-
nities [16], authors investigated whether digital stories
could influence participants’ feelings about cancer, and
whether viewing the digital stories led to a change (or
intention to change) in health behavior.

These studies showed that storytelling can increase
patients’ positive responses and increase their level of
knowledge.

To address the need for compelling and successful in-
formation visualizations in biomedical sciences, authors
of [17] propose a theoretical framework for visual sto-
rytelling and illustrate its potential application through

two visual stories, one on vaccine safety and the other
on cancer immunotherapy. Both examples, based on
data, combine multiple media (photographs, illustrations,
choropleth maps, tables, graphs, and diagrams) with text
to create powerful visual stories for selected target audi-
ences.

A COVID-19 monitoring dashboard that provides data
exploration and visualization capabilities was designed
in [18]. One of its applications is to support data story-
telling.

According to the state of the art, data storytelling tech-
niques have been used many times in the field of public
health, both applied to population awareness and educa-
tion, and recently also to EI. The proposed data narratives
were crafted in an ad-hoc way, not following neither EI
nor data narration processes, and only the presentation
phase (data storytelling) was reported. To the best of our
knowledge, this article is the first to describe the com-
plete process of crafting a data narrative about public
health phenomena.

3. Crafting of a data narrative
about tuberculosis

In this section we describe the crafting of a data narrative
to tell tuberculosis pandemic situation to health authori-
ties in Gabon. The crafting process is inspired by classical
data narration ones [6, 7, 2] (described in Subsection 2.2),
and enriched with particular tasks from the WHO EI pro-
cess [9]. The following sub-sections describe each of the
phases and the obtained results.

3.1. Goal setting
In this phase, the goal of the data narrative is defined.
From this objective, one or more analytical questions can
be derived.

Objective definition The objective of this data narra-
tive is to describe the epidemiological situation of tuber-
culosis in the LBVO-A health region of Gabon between
2016 and 2018. Specifically, it aims to provide answers
to decision-makers on the epidemiological profile of the
disease, in order to enable them to better orient their
decisions for an effective response.

Analytical questions formulation By refining this
objective and conducting interviews with various offi-
cials, we obtained the following initial list of analytical
questions.

Q1: What are the epidemiological characteristics of
tuberculosis? We aim to describe the profile (fre-



quency, variations) of tuberculosis according to
the characteristics of the tuberculosis patients;

Q2: What is the spatial and temporal distribution of
patients? Identifying the most affected areas is
essential to target response actions.

Other analytical questions may arise during data ex-
ploration.

3.2. Data exploration
Data exploration consists in exploring an epidemiological
dataset for trends, patterns and correlations. Considering
tasks proposed in EI and data narration processes, we pro-
ceed in 7 steps: (i) data collection, (ii) data processing (to
solve data quality problems), (iii) data analysis (descrip-
tive and analytical epidemiology), (iv) data interpretation
(qualitative assessment of findings),

(v) verification (cross-checking and comparison with
the state of the art), (vi) epidemic risk assessment, and
(vii) message formulation (key messages, based on find-
ings, to the target audience). This steps are no supposed
to be executed sequentially, and many back and forth
transitions may be necessary.

Data collection Sociodemographic and clinical data
were collected from 7968 medical records of patients un-
dergoing TB treatment at the Nkembo Specialized Hospi-
tal in Libreville. They were completed with geographical
data about the administrative boundaries (neighbour-
hoods and districts) of the LBVO-A region.

Patients and their treatments are described in terms of
the following dimensions:

• Time: The year of the treatment (2016 to 2018);
• Type of TB: Clinical form (pulmonary, extra-

pulmonary, multidrug-resistant or unknown);
• Age: The age of the patient, organised in two

levels: age and age group;
• Gender: The gender of the patient (male or fe-

male);
• Profession: The profession status of the patient;
• Geography: The patient’s place of residence, or-

ganised in two levels: neighbourhood and district;
• HIV status: The patient’s HIV status, whether

tested (negative, positive) or unknown;
• Treatment outcome (cured, completed, failure, de-

ceased, lost to follow-up1, discontinued and trans-
ferred).

1According to the WHO, a "lost to follow-up" is a patient whose
treatment has been interrupted for at least two consecutive months
and for whom no treatment outcome has been assigned (including
patients transferred to another treatment unit and those whose
treatment outcome is not known)

Figure 1: Distribution of cases by professional status

Figure 2: Evolution of cases by type of neighbourhood

Data processing Collected data were processed in
order to solve several data quality problems, including
disambiguation of empty fields, standardization of data
types, correction of geographic boundaries (e.g. for over-
lapping districts). Age groups were computed and pro-
fessional status were aggregated.

Clean data were stored in a PostgreSQL spatial data
warehouse.

Data analysis Data were analyzed using the interac-
tive BI tool Tableau Desktop2, devising many queries and
noting findings.

Below, we present four examples of the analyzes car-
ried out. Since tuberculosis mostly affects vulnerable
people, we began by studying univariate distributions of
the dimensions most concerned by this aspect (profes-
sion, age, HIV status and geography). Findings set off
new queries.

The distribution of cases by professional status, illus-
trated in Figure 1, shows a predominance of students
(21.94%) and unemployed patients (17.81%). The propor-
tion of patients with unknown profession is also high
(22.39%).

The distribution of cases by age group (see top part
of Figure 3) shows more patients among young adults
(20-34 years) and mature adults (35-64 years).

The spatial and spatio-temporal distributions of cases
by district and by neighbourhood (figures omitted be-
cause of their size) did not show any spatial correlation,

2https://www.tableau.com/



Figure 3: Distribution of cases by age group (top); age pyramid in the study region (middle); prevalence by age group, over 3
years, per 1000 inhabitants (bottom)

which is very common in other spatial epidemiology
studies. In order to investigate further, we studied the
distribution by neighbourhood typology (see Figure 2),
where the trends are more marked (p-value = 0.01). Ad-
ditional data sources were selected for this analysis, and
additional statistical tools were used.

The distribution of cases by treatment outcome re-
vealed that 74.60% of patients are lost to follow-up. This
alarming finding lead to a new analytical question:

Q3: What are the epidemiological characteristics of
patients lost to follow-up?

Data interpretation Hereafter, we present a detailed
example of data interpretation.

The high proportion of patients being students could
be linked to the high consumption of drugs in schools.
Indeed, a study carried out at the Paul Idjendjé Gondjout
School in Libreville [19] showed that among the surveyed
pupils, aged between 14 and 20 years, 40% consumed
alcohol, 20% smoked tobacco and 15% smoked cannabis.

To put these findings into perspective, given relatively
young population of Gabon, we studied the age pyramid
in the study area (middle part of Figure 3), taken from the
Gabon’s 2013 General Population and Housing Census
(RGPL 2013), which evidences that more than half of the

population is under 22 years old.
These two results allow the calculation of prevalence

(number of patients in the study period per 1000 inhab-
itants) by age group (bottom part of Figure 3). It can
be seen that children are little affected by tuberculosis,
but young adults are only slightly more affected than
older adults. Finally, it should be noted that the small
number of senior patients does not allow the formulation
of statistically-valid insights.

Verification Analysis results showed that more than
half of the patients (57.71%) come from poor neighbour-
hoods (see Figure 2). This result is in line with those of
[20].

Other results (not described in data analysis para-
graphs above) were also verified. For example, men are
more affected by tuberculosis (61.60% of patients), which
is confirmed by other studies [21, 22]; pulmonary forms
of TB were observed in a large majority of patients (90%)
and drug-resistant forms were marginal (0.28%), which
is in line with professional knowledge.

Other results deviate from the state of the art. For ex-
ample, the proportion of patients lost to follow-up (75%) is
too high compared to other countries in the Sub-Saharan
African sub-region (e.g. in Mali [23]). This discrepancy



must be also informed. In addition, the proportion of
unemployed patients (17.81%), even being substantial,
is very low compared to those found in other studies
[24, 25]. This proportion must be completed by the high
number of patients with unknown profession (see Figure
1).

Epidemic risk assessment There is a risk of spreading
tuberculosis among the student population.

Patients lost to follow-up may lead to a generalized TB
epidemic in the country. Geographically disadvantaged
areas are more risky.

Message formulation The findings obtained during
data analysis and interpretation, after validation and risk
analysis, allow the formulation of the following messages
(exhaustive list) for the audience:

M1: Apart from patients with unknown profession
(22.39%), students are the most affected by TB
(21.94%). The influence of drug use is a lead to be
explored.

M2: The proportion of unemployed patients (17.81%)
is lower than in other African countries.

M3: A high proportion of patients (45.81%) are be-
tween 20 and 34 years old.

M4: The highest prevalence values (from 16.73 to 17.42
per 1000 inhabitants, in 3 years) also happens for
patients between 20 and 34 years old, but preva-
lence slightly drops for older patients.

M5: Children are little affected by TB (prevalence is
lower than 2.22 per 1000 inhabitants, in 3 years).

M6: The proportion of patients lost to follow-up
(74.60%) is alarming. It is higher than in other
African countries.

M7: There is no spatial nor spatio-temporal correla-
tion.

M8: The spatial and temporal evolution is correlated
with the typology of the neighbourhoods (p-value
= 0.01), with precarious and mixed neighbour-
hoods being significantly more affected, but show-
ing a slight downward trend.

M9: A very large majority of patients (90%) suffer from
the pulmonary form, which is consistent with
professional knowledge. Multidrug-resistant TB
has been recorded in 0.28% of patients.

M10: The distribution by clinical form of those lost to
follow-up is very similar to that of all patients.

M11: Among the patients, there is a male predominance
(61.60%).

M12: The proportion of patients with unknown HIV
status is very high (65%). This does not allow this
criterion to be considered in the patient profile.

M13: The sixth district of Libreville records the highest
proportion of cases (27.64%).

M14: In all the districts, the general trend is a slight
drop in prevalence. However, two districts (1st
of Akanda and 2nd of Owendo) show particular
trends and greater variations, partialy explained
by their small populations.

M15: There are two hot districts for TB, Les-PK and
Nzeng-Ayong, with respectively 13.% and 11.58%
of patients.

M16: More than half of the patients (57.71%) come from
poor neighbourhoods.

M17: In the distribution of patients lost to follow-up by
type of neighbourhoods, we find the same trend
as for all patients.

M18: TB affects all social classes and genders, with
most patients being adults and living in poor
neighbourhoods.

M19: The profile of the patients lost ot follow-up, in
terms of gender, age, occupation and location, is
very similar to that of other patients.

3.3. Narrative structuring
In this phase, messages are assembled and ordered in
a coherent and logical plot in order to facilitate their
understanding and attract the audience. We started by
setting the audience and selecting the messages to convey
to such audience. Then, we choose the narrative structure
and organized messages.

Audience choice The target audience for this TB data
narrative is composed of health authorities in Gabon,
including the head of the National Tuberculosis Control
Program (PNLT), the head of the Institute of Epidemi-
ology and Endemic Control (IELE), policy makers, as
well as epidemiologists and doctors involved in the fight
against TB.

Message selection All messages formulated during
data exploration are selected to be communicated to the
target audience.

Structure choice Following data narration recommen-
dations [2], we organize the plot of the narrative in sev-
eral acts. Acts are composed of episodes, each one telling
a message.

The plot is organized in 8 acts, listed in the first
columns of Table 1.

The first act introduces the study intention. The second
act presents the salient messages and the next 6 acts
focus on a dimension describing the patients, respectively,
occupation, gender, age, HIV status and geography. The
final act presents conclusions and recommendations.



Figure 4: Dashboard for Act II

Act Title Included messages
I Introduction
II General presentation M6, M9, M10, M16
III Profession M1, M2
IV Gender M11
V Age M3, M4, M5
VI HIV status M12
VII Geography M7,M8,M13,M14,M15,

M17
VIII Conclusion M18, M19

Table 1
Structuring the narrative

We have opted for this structuring, as it facilitates
the understanding of a patient profile, according to the
various dimensions that make it up. It is intended that the
audience should first look at the introduction and general
presentation, but then they should be able to navigate
between the following acts according to their needs. The
order of navigation has no impact on the conclusions.

This structure is well known in modern storytelling
as Martini-Glass [26]. It combines several types of in-
teractivity in a balanced way: The author lays down his
narrative path (Acts I and II) and the reader interacts and
explores the available paths to better understand the data
(Acts III to VIII). This makes navigation through the story
flexible, according to the needs of the audience.

Message mapping Finally, messages were mapped to
acts, as shown in Table 1.

3.4. Presentation
This phase concerns the choice of the visual representa-
tion (e.g. interactive dashboards, infographics, slideshow,
video) and the setting of visual artifacts (graphics, colors,
text, etc.) for telling acts and episodes, attracting the
audience attention.

Visual representation choice We designed and im-
plemented two versions of the data narrative with dif-
ferent visual rendering: (i) an interactive narrative, com-
posed of interconnected interactive dashboards, and (ii) a
video3, capturing a particular navigation through the in-
teractive narrative, with audio explanations. We remark
that both visual versions are implemented in French; the
figures and data samples presented in this paper were
translated for ensuring readability.

We used Tableau Desktop to render the interactive
narrative and OBS Studio for recording the video.

Dashboard implementation We tested several visu-
alisation possibilities, set up the various charts, maps and
tables, and supplemented them with explanatory text,
visual effects and audio explanations.

Each act is represented by an interactive dashboard,
with the exception of Act VII (geography), which need-
ing to display several maps, is broken down into several
dashboards. Each episode (concerning a message) is rep-
resented by one or more visual artefacts (e.g. charts,
maps, tables, text, images, audio).

As an example, Figure 4 presents the rendering of Act
II (general presentation). It takes the form of a welcome

3https://youtu.be/u_KoBWc_qJU

https://youtu.be/u_KoBWc_qJU


screen, which gives access to the dashboards correspond-
ing to the following acts (in the top menu). Several types
of visualizations are used to highlight the messages. The
interface offers the possibility of filtering by neighbour-
hood, district and year, for in-depth spatio-temporal fo-
cus, and to zoom in a map region.

4. Lessons learned
The crafting process is inspired by state-of-the-art models
and processes [2, 6, 7]. However, several peculiarities of
the application context have led us to enrich this process.
This section presents the main lessons learned during
this adaptation.

First, statistical data analysis is not sufficient for public
health decision making. A systematic comparison with
the state of the art, by comparing the figures obtained, is
imperative in order to discern global phenomena from
regional or seasonal peculiarities. Thus, decision-makers
can judge which dimensions of the patient profile are
in agreement with the situation in other countries, for
which joint actions can be put in place, and which relate
to the Gabonese population. Similarly, the results ob-
tained must undergo extensive testing in order to prove
its statistical value. As the target audience is predomi-
nantly scientific, these results can be communicated in
the narrative.

Second, unlike seasonal narratives (frequent in data
journalism), in scientific narratives analytical questions
are not all known in advance. On the contrary, new ques-
tions may arise during data analysis. We illustrated this
during the study of the lost to follow-up, in Subsection
3.2. Iterations between goal setting and data exploration
phases are often necessary. New findings can also impact
previous messages and require updating.

Third, the geographic component is very important in
assessing the spatial and spatiotemporal extent of health
problems. The restitution in the form of maps is to be
privileged, but also, the spatial correlations.

Finally, the data narrative should allow interactive
navigation between dashboards. There are different pro-
files among the decision-makers. On the one hand, we
find various needs in terms of dimensions and indicators
studied, for which a thematic organization (such as that
implemented in acts III to VII) is perfectly suited. On the
other hand, health authorities need a more comprehen-
sive and guided reading of the narrative. The challenge
is to find a good balance for rendering, both guided and
interactive.

5. Conclusion
In this article, we have described the process of crafting
a data narrative about TB pandemic in Gabon.

Unlike previous works, which target the general public,
this narration targets experts in epidemiology and public
health, who are decision-makers.

To our knowledge, this article is the first to describe
the process of crafting a data narrative considering the
peculiarities of the epidemiological field and highlighting
the main methodological challenges. Concretely, (i) data
analysis is completed by a comparison with other state-or-
the-art studies, (ii) messages are supported by statistical
tests, (iii) the geographic component is very important,
(iv) the restitution must be both guided and interactive,
and (v) back and forth transitions among process phases
and steps are be necessary.

In addition to Gabonese health authorities, who are
fully satisfied by the experience, the data narrative was
presented to professionals of other African countries
[27]. We hope that this initiative will serve to inspire
other teams to reproduce the experience in other health
fields, in particular to facilitate understanding of the epi-
demiological situation of other infectious diseases (covid,
cholera, dysentery, yellow fever, ebola, etc.).

As perspectives, we plan to work on producing a data
narrative based on the simulation results. Concretely, we
are studying the spread of the tuberculosis epidemic with
a multi-agent system whose parameters will be taken
from the underlying spacial data warehouse, and which
will be used to test several scenarios and health policies.
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