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Abstract

Background The UniProtKB/Swiss-Prot database is manually curated by a team of experienced biocurators
with the aim to provide to the scientific community high-quality information on proteins. Ensuring a
high-quality curation standard depends in part on effective tools that help curators to avoid trivial
mistakes during data curation.
Description We describe here a system that is using SPARQL queries encoded in SPIN to identify UniProtKB
database records that do not comply with manual curation rules. The system must generate specific and
accurate warnings for curators by correctly defining known exceptions to general rules.
Conclusions Semantic web technologies such as SPARQL queries are a good way to encode quality control
rules for manual curation efforts in the life sciences because they are simple and cheap to maintain. This
is an important factor in the face of continuously growing and evolving knowledge about biology. The
results of SPARQL queries can be presented in a user-friendly way to help curators with data correction.
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Background

The mission of UniProt [16] is to provide the scientific community with a comprehensive, high-quality and
freely accessible resource of protein sequence and functional information. The UniProt Knowledgebase
(UniProtKB) is compiled by using a systematic approach for protein annotation that interprets and
standardizes data that is integrated from a large number of different sources. It consists of two sections:
UniProtKB/Swiss-Prot contains manually-curated records with information extracted from the literature
and curator-evaluated computational analysis, while UniProtKB/TrEMBL records are generated fully
automatically from data that is imported from other databases and computationally analyzed.
Maintaining the high quality of the manually-curated UniProtKB/Swiss-Prot section is expensive [15],
since data about protein biology is being published at an ever increasing rate [17] and our understanding of
biological processes is constantly evolving. There are a number of different factors that contribute to a
high-quality curation standard. The expertise of the curators and manual quality assurance protocols are
no doubt the most crucial factor, but human resources is at the same time the most costly factor. Good
software for data curation is therefore an important tool for keeping costs at bay: It must free curators
from repetitive tasks and help them to avoid common mistakes, thereby allowing them to focus on the
biological questions while maintaining a high level of data consistency.
There are several sources of errors in annotating UniProtKB: There are errors in the scientific literature,
which only scientific progress will correct (see [4]), and errors introduced by data submitters and curators.
Errors in the data submission process affect UniProtKB/TrEMBL and must be corrected by the original
submitters in the EMBL-Bank/Genbank/DDBJ database [21]. Manual curation errors are minimized by
following a standard operating procedure [10] that includes the application of curation rules and manual
quality control steps before integrating data into UniProtKB/Swiss-Prot. This was shown to yield a very
low error rate [23].

3
3.1

Implementation
Database schema and curation rules

A database schema can define more or less complex data constraints, depending on the expressive power of
the schema definition language that is used. Many databases need to enforce rules that cannot easily be
expressed at the level of the schema and typically implement these rules in a layer of custom software.
UniProtKB is published in a number of data formats: flat text, XML, and RDF/XML. We use OWL [24]
to describe the schema of the UniProtKB RDF representation [11]. OWL is a vocabulary for describing the
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classes and properties of RDF resources and allows definition of generalization-hierarchies of properties and
classes, relations between classes (e.g. disjointness), cardinality (e.g. “exactly one”), equality,
characteristics of properties (e.g. symmetry), and enumerated classes. OWL is a very expressive language,
but adopts the “open world assumption” [7], while classical database schema languages make a “closed
world assumption” to validate data constraints. There exist, however, OWL reasoners with extensions for
“closed world reasoning” that permit instance validation [9].
For curation rules that cannot be described with OWL, we build SPARQL1.1 [26] syntax CONSTRUCT
queries using the UniProtKB OWL schema ontology and the SPIN [25] constraint vocabulary. SPARQL
CONSTRUCT queries can “build” new information encoded in RDF triples. In our case the information
we build is a warning message which is generated when the triples of a UniProtKB record match the graph
pattern of the query’s SELECT clause (see listing 1). The constructed RDF triples use the SPIN
vocabulary, allowing generic tools that implement the SPIN API to show the warnings. The SPARQL 1.1.
queries can be as specific as our RDF representation allows.
The rules are applied with a Java application that is using the open source SPIN API and the Jena [1]
framework. The default implementation works with an in-memory Jena ARQ engine [2] or a SPARQL
endpoint. The system currently contains 137 rules of which 110 are ready for production. We expect to
develop another 100 rules in the coming year. New curation rules are easy to create. The quality assurance
team typically requests a new rule when they notice the same type of error repeatedly. They hand over a
set of records that are incorrect. The WHERE clause of the new rule can be composed by copying the
triples that define the problem from the RDF representation of the incorrect records and translating them
into a generic graph pattern. Once the basic query is written, it can be tested on the entire database and
iteratively refined in consultation with the curators. The rules are currently all created by the software
development team, but it is envisageable that some members of the quality assurance team could be
trained to create rules. Learning the necessary SPARQL and SPIN syntax requires considerably less effort
than learning a programming language in order to modify a custom rule system software.

3.2

Usability

An important usability aspect is that the warnings must be easy to act on. The message that is generated
by a triggered rule should effectively tell the curator how to correct the database record. Furthermore, it is
crucial to minimize false positive warnings in order to ensure that curators do not start to dismiss the
warnings they receive. Listing 1 shows a simple rule: “Proteins with a homeobox are DNA binding”. This

3

is nearly always true, but there are some UniProtKB records where this is known to be false. To avoid false
positive matches, the rule must encode these exceptions by matching information in those records that
indicates that the general rule should not apply.
The rule system must be seamlessly integrated with the UniProtKB/Swiss-Prot curation platform in a way
that requires no knowledge of RDF by curators. When they curate a UniProtKB record, they want to click
a “Validate” button and see the warnings of the rule system displayed next to the data that needs
correction. The main difficulty is to associate the results of a triggered rule with the correct graphical user
interface elements of the curation platform. This can be achieved in the following way: The curation
platform serializes the records in N-Quads format [6], where each triple is associated with an International
Resource Identifier (IRI) that defines the user interface element that displays the data corresponding to a
triple to the curator. The rule system processes the quads and returns, in addition to the warning message,
the IRI of each triple that violates a rule. This allows the curation platform to display the warning
message next to the data that triggered the rule.
Listing 1: Warn about missing “DNA-binding” keyword.
PREFIX up:<http://purl.uniprot.org/core/>
PREFIX rdfs:<http://www.w3.org/2000/01/rdf-schema#>
PREFIX keyword:<http://purl.uniprot.org/keywords/>
PREFIX spin:<http://spinrdf.org/spin#>
CONSTRUCT {
# Build a constraint violation
[] a spin:ConstraintViolation ;
# The resource to attach the warning to:
# In this case a UniProtKB protein record.
spin:violationRoot ?this ;
spin:violationPath up:classifiedWith ;
# Add a curator readable warning message.
rdfs:label "URC90: If keyword:’Homeobox[KW-0371]’ is present
we expect keyword:’DNA-binding[KW-0238]’" .
} WHERE {
?this a up:Protein .
?this up:classifiedWith keyword:371 . # Homeobox
FILTER ( NOT EXISTS {
?this up:classifiedWith keyword:238 . # DNA−Binding
}) .
FILTER ( NOT EXISTS {
# Find the known exceptions.
?this up:annotation ?annotation .
?annotation a up:Nucleotide Binding Annotation ;
rdfs:comment ?comment .
?this up:annotation ?functionalAnnotation .
?functionalAnnotation a up:Function Annotation ;
rdfs:comment ?functionalComment .
FILTER (contains(?comment, "Homeobox; atypical")
&& contains(?functionalComment, "does not bind DNA")).
}) .
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}

3.3

Automatic corrections

Some rules have no exceptions: for instance, when a protein was experimentally found in a specific
subcellular location, the curator will annotate the subcellular location using a controlled vocabulary and
must add the corresponding keyword to the record. Instead of issuing a warning when the curator forgets
to add the keyword, a SPIN rule could automatically add the missing keyword (see listing 2).
Listing 2: Add keyword “Amyloplast” when the protein is annotated with the subcellular location ”Amyloplast”.
PREFIX up:<http://purl.uniprot.org/core/>
PREFIX sl:<http://purl.uniprot.org/locations/>
PREFIX keyword:<http://purl.uniprot.org/keywords/>
PREFIX rules:<http://swissprot.isb-sib.ch/rules/>
PREFIX rdf:<http://www.w3.org/1999/02/22-rdf-syntax-ns#>
CONSTRUCT {
# Add the keyword "Amyloplast"
?protein up:classifiedWith keyword:35 .
} WHERE {
?protein a up:Protein ;
up:annotation sl:12 .
FILTER (NOT EXISTS {?protein up:classifiedWith keyword:35 .}) .
}

3.4

Maintenance

Rules need to be updated from time to time to match the evolution of biological knowledge. When
curators find new exceptions to a rule, the rule must be updated accordingly. Each rule has a number that
curators can use to send feedback to an issue tracking system. This permits the collection of all discussions
about the rule as well as its implementation history.
Rules may become ineffective when the data that they rely on for the detection of a problem has been
updated. A trivial real-world example is rules that need to be updated or deleted because they depend on
a taxonomy identifier that became obsolete. It is important to detect such changes as soon as possible to
avoid mistakes. Since SPIN rules are encoded in RDF, they can be checked by other SPIN rules. This
permits daily checking with an automatic procedure. Listing 3 shows a rule that finds rules that mention
an obsolete taxonomy database record. Besides checking the rules for the validity of the data they rely on,
they are also checked for conformance to the UniProtKB OWL schema ontology, e.g. to detect predicates
that have been obsoleted.
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Each rule is tested by JUnit [5] tests. A JUnit test sets up test data and verifies that the rule is triggered
when presented with incorrect data and is not triggered when presented with correct data. Both cases are
required in a test to validate correct behavior.
Listing 3: Warn about SPIN rules with an obsolete taxon.
PREFIX spin:<http://spinrdf.org/spin#>
PREFIX sp:<http://spinrdf.org/sp#>
PREFIX up:<http://purl.uniprot.org/core/>
PREFIX rdfs:<http://www.w3.org/2000/01/rdf-schema#>
PREFIX rdf:<http://www.w3.org/1999/02/22-rdf-syntax-ns#>
CONSTRUCT {
[] a spin:ConstraintViolation ;
spin:violationRoot ?this ;
spin:violationPath sp:Construct ;
rdfs:label "Rule must not mention an obsolete taxon." .
} WHERE {
?this spin:constraint ?constraint .
?constraint a sp:Construct .
# Find the WHERE−clause in another rule.
?constraint sp:where ?list .
# Property expression to find all elements in a list.
?list rdf:first|((rdf:rest/rdf:first))∗ ?item ;
sp:predicate up:organism ;
sp:object ?object .
?object a up:Taxon ;
up:obsolete true .
}

3.5

Sharing rule knowledge

Rules are presented on a simple website (see figure 1) and users can search for specific rules using SPARQL
queries. Users can run these queries on their own data, as long as their triple patterns match the
UniProtKB OWL schema ontology. This could be useful for genome annotation projects that would like to
improve the annotation of their protein predictions. Since the rules are SPARQL queries, they are easy to
adapt and extend to other groups’ use cases and data.
The application of SPIN rules could be extended to other annotation sources, for example those providing
annotations in the form of terms from the Gene Ontology (GO) [12]. One provider of such annotations is
the InterPro resource of protein family and domain signatures [19]. It manually curates GO terms for
InterPro records and then projects these GO terms in a fully automated fashion (labelled with the “IEA”
evidence code [3]) to all UniProtKB records that match an InterPro signature with the InterPro2GO
procedure [14]. While great care is taken to minimize false positive annotations, every automatic approach
comes with a certain error rate. SPIN rules can help to further reduce these errors by providing additional
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checks to detect GO terms that are inconsistent with the curated content of the UniProtKB record. For
instance, the InterPro2GO procedure assigns the GO term GO:0043565, “sequence-specific DNA binding”,
to the proteins that the rule in listing 1 specifically excludes from annotation with the equivalent
UniProtKB keyword “DNA-binding”.
Figure 1: Rule URC100 is shown with options for downloads.
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Results and discussion

4.1

Corrections to UniProtKB

At the time of writing all records pass the rules that have been validated by curators. 81 manually curated
records have been updated. 2 UniRules [13] have been corrected due to feedback from this system and this
affected 3,897 UniProtKB/TrEMBL and 852 UniProtKB/Swiss-Prot entries1 . This means that the system
improved the quality of UniProtKB before entering production.

4.2

Computational performance

While SPARQL and RDF are often considered to be slow and therefore impractical for big databases, our
tests found that the performance was acceptable for our purposes, even on modest hardware. Using the
in-memory Jena ARQ engine, and working with batches of 3000 entries at a time, a 4 CPU (Intel X7350
64GB of RAM, but only 4GB java heap) server run 137 rules against UniProtKB release 2011 12 (21
million records, 3 billion triples) in 23 hours and 15 minutes. The approximately 550,000 manually curated
records can be checked within 3.5 hours on a small virtual server (2 core Intel E5540 assigned with 6GB of
RAM but only 2GB java heap). On high-end hardware the same rules can be applied against 5.3 billion
triples in one hour. This test was performed using the public beta.sparql.uniprot.org SPARQL endpoint,
which is running OWLIM 5.2 [22] on 4*16 cores AMD opteron 6276 CPUs with 256GB of RAM of which
100GB java heap, and 2*7,200 RPM SAS (Seagate ST200NM0011) disks with XFS file system on CentOS
6.2 in Raid 1.
To our knowledge at the time of writing, no RDF triple store implements transactional consistency checks
using SPIN rules. Therefore, checking all records in bulk is the only option today. But because all rules are
independent of each other, and the same is true of UniProtKB records, this problem is embarrassingly
1 Counts
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parallel, and the run time is bound by the smallest piece of work.

4.3

Comparison to other approaches

We use OWL to describe the schema of the UniProtKB RDF representation and SPIN’s OWL2-RL
reasoner [8] to validate our RDF data with the schema ontology (see section 3.1). Using OWL as a schema
language to validate RDF data works well for data that can be described with controlled vocabularies and
ontologies. This approach has been successfully used to improve the quality of curated data [20] and of
biological models [18]. But UniProtKB records contain also many literals with human readable text.
Constraints that use the presence of information inside a literal cannot be expressed with OWL constructs
(see listing 1). While it is desirable to replace these literals with formal vocabularies and ontologies, it
would require significant curation resources to achieve this with a database like UniProtKB/Swiss-Prot,
which has evolved over 25 years and whose primary target users are human readers. We therefore need an
additional quality control system that can handle such constraints. While any Turing-complete language
could be used instead of SPIN and SPARQL to encode and apply curation rules, the maintenance cost will
generally be higher as the code and data are encoded in different and non-standard ways. There is
therefore no easy method to check whether the code is still up-to-date with respect to the data that it is
supposed to check. When using SPIN, the rule and the data are both expressed in RDF and both are
accessible with SPARQL, which facilitates rule maintenance as shown in listing 3. Another major benefit
of using a specialized rule language is that the rules can be shared by several applications that are written
in different programming languages. At Swiss-Prot, for instance, the curation platform is written in C++,
while the database production pipelines are mostly coded in Java and Perl. SPIN allows us to use the same
rules in all systems. The only requirement is that the language has a SPARQL/RDF API.
Another issue with OWL reasoning is that it is difficult to validate that the model is up-to-date: Defining
an axiom that detects other axioms that use obsolete concepts raises the complexity of the ontology into
OWL2-full with its associated decidability issues. Such validations are trivial to implement with SPIN
rules (see listing 3).
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Conclusions

The use of SPIN rules to find data that is inconsistent or incorrect is a practical approach to assist curators
to maintain a consistent annotation quality. SPIN rules are accurate and fast enough for daily use and
have the benefit of low maintenance costs.
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Availability and requirements

Project name UniProtKB/Swiss-Prot quality rules
Operating system Any
Programming language SPARQL 1.1 (draft of 5th of January 2012), Java
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List of abbreviations

API Application Programming Interface
DNA Deoxyribonucleic acid
IRI International Resource Identifier
RDF Resource Description Framework
OWL Web Ontology Language
SPARQL SPARQL Protocol and RDF Query Language
SPIN SPARQL Inferencing Notation
UniProtKB Universal Protein Knowledgebase
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