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Abstract
Revisioned RDF datasets associate transaction-time metadata with statements. Applications use this
metadata to constrain query results. Cases which involve dataset snapshots, windows, or streams need
apply just global temporal constraints. Applications which embody business logic which interprets
statement-level metadata require finer-grained access.

This report describes the application of revisioned storage capabilities in the Dydra RDF storage
service to record and report version information in a product life-cycle management (PLM) system at
graph node granularity. It describes the current nature of revisioned RDF repositories managed by
the service for typical application queries and focuses on one PLM application and its data model for
which transaction-time metadata reveal important management information. It discusses an extension
to SPARQL to use RDF Star annotation syntax to associate temporal metadata with this application data
model, reviews a realization of that approach for the PLM application, and discusses performance issues.
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1. Introduction

This report describes how revisioned storage capabilities of Dydra RDF storage service have
been applied to record and report modifications to semiconductor device specifications in a
product life-cycle management (PLM) system. First, it reviews Dydra architecture and relates
the approach to alternatives in temporal RDF data management. Then it describes the storage
characteristics of the revisioned RDF repositories as they relate to the model of the managed
PLM data and illustrates the effect of revisioned storage on retrospective access execution time
based on the execution statistics for a number of application queries. Finally it introduces an
extension to SPARQL to use RDF Star annotation syntax to permits a PLM application to use
SPARQL queries to reveal important product management information.

The exposition includes detailed statistics about the application’s production datasets to
call attention to their notable characteristics. It reiterates aspects of standard benchmarks and
compares the results between well known datasets and those in production to demonstrate
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that the architectures accommodates a wide range of data models. It presents aspects of the
implementation in detail, to highlight space and time tradeoffs which are not yet governed by
abstract models for archival RDF data.

2. Dydra Service Architecture

2.1. Implementation

The Dydra store architecture has been described in detail in reports to previous MEPDaw
workshops[1][2]. It has also been described in surveys of RDF stores – with the most accurate
being Ali’s survey[3]. The store provides access to transaction-time timestamp-based revisioned
RDF storage through W3C Graph Store and SPARQL protocols, with extensions to target and
retrieve dataset content from other than the latest revision. Some mention of the service has
also been included in expositions of alternative approaches to versioned data, such as [4], [5]
and [6], but in order to resolve ambiguities which these publications have introduced regarding
its architecture and behaviour, we first review the store’s architecture and operation in order to
resolve ambiguities left by these descriptions.

Dydra provides a multi-tenant service in which users create RDF repositories and operate on
them through HTTP requests in the manner of the W3C SPARQL and Graph Store protocols.
That service layer relies on a repository storage layer built with LMDB[7] B-tree databases
to provide a term dictionary, the standard six quad term identifier indices - in this case gspo,
gpos, gosp, spog, posg, and ospg, and indices for revision metadata among timestamps, UUID
designators, and ordinals, Terms are stored in a global index among term values, their ordinal
identifiers and their hash codes. Each B-tree key represents a quad as the respective term
identifiers. The particular feature which supports transaction-time metadata is the interpretation
of quad index records as transaction indices. As illustrated in figure 1, the index records for
a stand-alone revisioned repository contain a sequence of revision ordinals to identify those
repository transactions which added and removed that statement over time. Index entries for
non-revisioned repositories contain no record data and the records for replicated repositories
contain global revision identifiers rather than repository-relative ordinals.

All access operations devolve to just three principal transaction-scoped operations: match,
count, and scan. All processing is within a request transaction, which captures its request’s
revision constraints. In order for a request to address a dataset snapshot, window, or stream, it
designates one or more target transactions with timestamps, ordinals or UUIDs. As the query
processor interprets the statement patterns in a basic graph pattern (BGP), it resolves any
constraints present in the transaction which governs that BGP to ordinal intervals. During
a count or scan phase, the revision record of each matched quad is inspected and only those
which satisfy the constraints are further processed. This limits the stream of BGP solution
results to those which satisfy the request’s revision constraints.

This arrangement implements the transaction-time aspect of a bi-temporal store. It provides
efficient storage for minimal transaction-time metadata and constitutes one dimension of
Grandi’s multi-temporal dimensions[8] . In order to capture the validity-time aspect of higher-
dimensional temporal constraints in a form which supports efficient retrieval, rather than
introduce additional domains into the statement revision indices, it augments the standard



s p og

s p og ord+

quad

revisioned quad

s p og uuid+replicated quad

uuid+ uuid-

uuid+ uuid- uuid+

ord+ ord-

ord+ ord- ord+

Figure 1: Quad index record variants for static, revisioned, and replicated repositories

quad indices with variants which store and index timestamps for declared predicates in their
respective value domains instead of as term identifiers. The two index forms are independent
and combine to support bi-temporal models. If an account maintains a provenance repository, a
record is generated for each transaction to capture temporal attributes and information about
the request agent. Its transaction metadata can be used to derive revision constraints from
request arguments and/or to augment result bindings for matched statements.

As a strict TB variant[9], this architecture provides the benefit, that revision information is
handled only when a statement is relevant, and is stored in proximity to the respective quad
data as it is the index record respective the quad index key. When solutions are constructed,
only the relevant data must be marshalled from persistent storage, examined, and collected.
This distinction as to dependency and locality is important, but not adequately characterised by
abstract RDF data models. In one instance Pelgrin[10], proposed that the Dydra architecture
retained revision metadata at the dataset level. Despite that this aspect of the metadata is
secondary, the notion persists in later works where, for example Kovacevic[4] emphasises the
significance of dataset-level metadata, while neglecting the relation between metadata and the
individual statements.

An alternative to TB architectures is the "independent copy" (IC) approach. The BEAR project



itself implemented this variant based in named graphs in Jena in order to test its behaviour[9].
Cuevas[11] also proposes an IC variant which relies on graphs to segment the data into revisions
in order to investigate the consequence for index size and query formulation relative to CB and
TB variants. Independent of its variants, the approach presents two deficiencies. On one hand,
in an application environment where a given PLM repository at one time contained 56,216,953
active quads with 5,377,260 distinct subjects in 1,547,220 graphs, to segment revisions with
graphs would conflict with the application data models, as they rely on graphs to segment
the device specifications. On the other, an IC architecture which materialized quad datasets
which correspond to these PLM models, would set prohibitive space requirements. For example,
the same PLM repository, which occupied 67,566,194,688 bytes in the current architecture,
would require 1,787,570,499,040 bytes when stored as independent copies of the 33,567 revisions
present. (see table 3)

The other principal alternatives to TB architectures are found in change-based (CB) ap-
proaches, which seek to minimize the storage requirements by retaining just the changes which
effect each revision. Of these, the principal developments have followed from Taelman’s re-
search programm[5][6], which endeavours to accommodate large rapidly evolving datasets
by trading trade space resources for time by decreasing the interval between snapshots. The
latest variant[12] intends to address the misfortune, that "existing approaches for RDF archiving
cannot ingest long histories on large datasets" by improving the delta computation process and
making its representation more effective. The results demonstrate, however, that in order to
achieve acceptable ingestion times, the representation consumes significant space. By contrast,
as indicated in table 1, the results for ingestion of the BEAR-B instance dataset demonstrates
that a TB architecture accomplishes a reasonable ingestion rate, while producing a much more
compact dataset and, in connection with the smaller BEAR-B hour dataset, figure 2 indicates
that the performance of the Dydra TB variant approached that of the HDT-IC implementation
on the materialised access pattern.1

repository archival statements revisions size(MB) ingestion (min)
Dydra 234764 21045 88.72 86.91
OSTRICH+ high periodicity 234,588 21045 2283.43 57.89
OSTRICH+ low periodicity 234,588 21045 787.75 298.36

Table 1
BEAR-B instance dataset statistics comparing Dydra with an improved OSTRICH variant[12]

This temporal storage architecture manifests the following principles

• The BGP solution stream generation process contrasts to approaches which materialize
the set of temporally constrained statements - whether explicitly or implicitly, and only
then constrain them with a statement pattern. The BGP processor first applies the pattern
to the dataset and then interprets temporal constraints. The average execution statistics
for the views included below reflect this effect: the count of matched statements is a small
fraction of the statements which would be need to be examined in order to generate a
materialized version.

1This graph of the BEAR-B performance is drawn of the results presented at the MEPDaw-2019 workshop, which
covered all ingestion and query variants for the hour dataset.[2]
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Figure 2: BEAR-B materialised query performance over the hour dataset revision history

repository view matchCount statementCount
nxp/plm__rev get_list_changeditemname_for_eco 1619419 54085015
nxp-hws/plm__rev sfdc_salesiteminfo 18627813 75486524
nxp/plm__rev fetch_parent_for_the_Item 218297 54085015
nxp/plm__rev ebiz_article_group 3012268 54085015

Table 2
BGP match count v/s repository statement count for typical views

• The transaction-time dimension is represented with revision ordinals which are specific
to the repository history and internal to the data management service.
They are not immediately available data as dictionary-encoded terms to be bound to
solution variables for algebra operations.

• The transaction time domain is distinct from the validity time domain. The first is integer
ordinals while the latter is RDF temporal values.
Each is best supported by an index appropriate to its domain.

• The logic to apply transaction constraints is implemented in an efficient value domain, it
requires no joins and - for predominant cases, can rely on data proximity.

• Transaction time metadata associates with individual triples, while validity time is associ-
ated with subject resources.
The respective retrieval patterns will entail different index access patterns which suggest
different index forms.

• Provenance or other metadata are decoupled from the revision index. Access to an
independent provenance repository is mediated through transaction UUID designators.



2.2. API

Operations under this architecture are available to client applications through as simple HTTP
API. In order to interpret a repository as revisioned, a request designates the target revision by
timestamp, revision identifier, revision ordinal or some combination of those values in a manner
similar to the specification of a target graph. The presentation in [1] describes the variants in
detail.

Under this API, a request to apply a the view listCompanies to a snapshot of a previous
revision of the repesitory SBA/PPP would take any of the following forms

https://dydra.com/SBA/ppp/listCompanies?revision-id=HEAD-1
https://dydra.com/SBA/ppp/listCompanies?revision-id=7a4cff4c-31c6-11ee-9363-f02f7494a8ed
https://dydra.com/SBA/ppp/listCompanies?revision-id=1999-01-01T24:02:03.5Z

Application to a revision window or stream for a view such as totalDisbursements would
take a form which designates revisions according to ISO time intervals or repetitions.

https://dydra.com/SBA/PPP/totalDisbursements?\
revision-id=1999-01-01T24:02:03.5Z--1999-01-01T24:02:03.6Z

https://dydra.com/SBA/PPP/totalDisbursements?\
revision-id=1999-01-01T24:02:03.5Z/1999-01-01T24:02:03.6Z/P1DT2H3M4S

This API applies uniform revision constraints over the entire extent of a transaction. In order
to limit their extent, the query must factor distinct constraints into distinct SERVICE clauses,
each of which is governed by its own transaction.

3. Repository Storage Statistics

In order to address questions as to the efficiency of the chosen Dydra storage architecture
and its effects on query performance we consider two sources of information. One is the
performance on known benchmark datasets, as described above, which suggests parity with
alternatives. Another is its performance with enterprise datasets. For this, we compare access
to analogous revisioned and un-revisioned dataset instances to examine the consequence of
revisioned storage for access at scale.

The facility has been in service over the past year. Over this interval several repositories
have grown to approach 108 statements. A review of the storage statistics for these repositories
offers some insight into the resource requirements of revisioned storage. Table 3 summarizes
these statistics. It depicts the cumulative space, statement count and revision count as well as
values for the number of total changes and adds computed values for the size of equivalent IC
and CB repositories.2

Of note is that, while the absolute per quad space has grown, in most cases, the space per
archived quad is just a fraction of that required per quad by an un-revisioned repository. This
is the case despite that the quad change ratio[9] is a large multiple of that which is reported
for benchmark datasets.3 The planning-integration__rev repository demonstrates, in

2In the instance, the CB value reflects just the deltas with no intermediate version materialized.
3For example the revisioned form of the production plm__rev repository replaced 613% of the statements over
thirty-three thousand revisions, while the BEAR-B instant dataset demonstrated a change ratio of just 0.011% over
its twenty-one thousand revisions.
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Figure 3: Repository resource usage: size v/s statement count, indicating revision count

contrast, the consequence of churn in a TB architecture: the storage requirements evolve in
the direction of IC storage. In this repository, requests over a long interval were Graph Store
protocol PUTs with the entire repository as their content.

The relation between size and statement count and revision count is illustrated in figure 3.
Their projection in parallel coordinates form in figure 4 suggests that there is no clear correlation.

The statistics demonstrate that,

• in most cases, storage grows linearly with revision count, with a factor below 1.0, but
particular update patterns can significantly increase that factor.

• in most cases, each individual revision record involves a very small percentage of the
revisions, while n those cases where the percentage is high, storage requirements increase.

• in the limited cases where repositories exist in both static and revisioned forms, with
data models which are almost identical, the ratio of resource requirements per quad
corresponds to the number of revisions made to each quad.

• with normal application use, the majority of statements record a small number of revisions.
This is demonstrated by figure 5.

• in cases where the application updates frequently delete and insert a statement in the
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same revision - for example the planning-integration__rev repository mentioned,
above, this patterns leads to a large number of updates per statement, which affects the
total repository size in a non-linear manner, not only due to an increased revision record
length, but also because excessive index records promote inefficiency in index space
utilization. This is demonstrated by figure 6

4. Query Execution Performance

As a demonstration of the effect of revisioned storage on retrospective access execution time, we
report the results for frequently requested views of the principal PLM repository. We conclude
from the examples that the storage architecture trade-off between space and execution time



is acceptable. Three frequently repeated views were extracted from service logs. For each,
arguments were derived respective the accumulated revisions and the view was applied retro-
spectively. The ebiz_article_group and get_list_changeditemname_for_eco views
from figures 8 and 10 involved a dataset with close to four hundred revisions of approximately
fifty-five million statements. The sfdc_salesiteminfo in figure 12 involved a dataset with
over thirteen hundred revisions of close to eighty million statements. 4

The figures include also the "baseline" elapsed and execution times. These were measured by
applying the same views to the equivalent non-revisioned repository. In both the times for the
revisioned storage is approximately twice that of the un-revisioned storage.

The graphs depict both the elapsed time and the execution time, of which the latter accounts
for time spent in parallel threads. In all cases the time was governed more by combinations
of coincident activity, solution size, and processing overhead than by retrospective access
mechanisms.

PREFIX xsd : < h t tp : / /www. w3 . org / 2 0 0 1 / XMLSchema#>
PREFIX f o a f : < h t tp : / / xmlns . com / f o a f / 0 . 1 / >
PREFIX ex : < h t tp : / / example . org / >
PREFIX r d f : < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns #>
SELECT ?name ? d e s c r i p t i o n
WHERE { { {

?nxpAG a ex : 0 ;
ex : 1 ?name ;
ex : 2 ? d e s c r i p t i o n .

? nxpAGGraph f o a f : p r imaryTop i c ?nxpAG ;
ex : 3 ? c r ea tedGraphdate }

BIND ( i f ( bound ( ? date ) , xsd : dateTime ( ? date ) ,
’1900 −11 −27 T18 : 3 4 : 5 5 Z’^^ xsd : dateTime )

AS ? dateArg )
FILTER ( ( xsd : dateTime ( ? c rea tedGraphdate ) ) >= ? dateArg ) .
FILTER ( bound ( ? name ) && ( ( ucase ( ? name ) ) = ?name ) ) . } }

Figure 7: view ’ebiz_article_group’ SPARQL text

5. Application Practice

NXP - a prominent semiconductor vendor, approached us to contribute to a project at the inter-
face between their product lifecycle management system (PLM) and their vendor collaboration
portal (VCP). Dydra acts as the product integration hub in the NXP information architecture.
As a consequence, all downstream systems, including VCP, receive NXP product information
through Dydra, whereby the W3C RDF access protocols constitute the programming interface.

Vendor collaboration requires agents to navigate the graph of a bill of materials (BOM)
to extract the product details. The support application involves a core ontology for product
descriptions, according to which each device resource associates a type, a name, a release state,

4This view is included to demonstrate the complexity of the standard queries, rather than their detailed SPARQL
forms.
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SELECT ? changedItemName
WHERE {

{ ? eco < h t tp : / / example . org /63 > ? ecoNumber ;
< h t tp : / / example . org /4 > ? changedItem .

? changedItem < ht tp : / / example . org /1 > ? changedItemName
} UNION {
? eco < h t tp : / / example . org /10 > ? ecoNumber ;

< h t tp : / / example . org /7 > ? changedItem .
? changedItem < ht tp : / / example . org /10 > ? changedItemName
}

}

Figure 9: view get_list_changeditemname_for_eco SPARQL text

a product revision identifier, and a description, as illustrated in figure 13. For individual device
types this would be extended with performance, physical, and electrical characteristics. Each
attribute is represented by an individual triple. With respect to this model typical queries
included clauses of the form in figure 14.

The vendor collaboration portal fetches following information from Dydra.

• ECOs (Engineering Change Orders) describe changes to device specifications which need
to be acknowledged by vendors. These enumerate the details of changes to individual
properties in the model.

• Manufacturing sheets are generated with information specific to the various manufactur-
ing stages in the semiconductor product life cycle like Wafer Test, Assembly, and Final
Test. The sheet content is specific to the respective manufacturing stage. There are two
variants.

– The basic page is generated to convey the information specific to the respective
manufacturing stage.
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– A change order specific page conveys the same device and manufacturing infor-
mation, but emphasises the differences in the manufacturing data relative to the
previous ECO for the same manufacturing stage object.

The second manufacturing sheet flavour compares the latest state of the BOM for an object
with the state when an object was modified by a specific ECO. At this point, the revisioned
repositories in Dydra - such as the nxp/plm__rev repository described, above, contribute
essential information. Each ECO is posted into the Dydra PLM repository in one transaction
and each transaction creates a new revision of the repository. In the new revision, the revision
histories of the statements which correspond to modified properties for the changed item are
annotated with the new revision identifier in the manner illustrated in figure 1, above.

This revision metadata is made available to SPARQL queries via RDF-star annotation
syntax[13]. The first attempt to integrate involved explicit temporal attributes extracted accord-
ing to terms which corresponded to Allen interval algebra[14] and combined as tests. The initial
strategy used the two metadata properties met-by and starts with a following approach

• Query for a met-by property within the statement pattern. This returns the ordinal
where the statement, returned by the pattern, was deleted

• Also query for starts property for the same pattern. This returns the ordinal where the
statement was inserted.

• Compare these ordinals with the ordinal which corresponds to the ECO in a such a way
that start the current ordinal should not be equal to met-by and should be equal to
starts .

• Combine the above conditions such that, if the statement is not deleted in the current
ordinal but is inserted in the current ordinal, the test returns a true value in the response,
otherwise false.

• If the test returns true, then the statement is newly inserted in the ECO repository revision.
In such case, the UI redlines that specific property, i.e. applies red font, when presenting
it.



A family of queries evolved through this approach to integrate the statements’ revision
metadata into the query solutions following the pattern illustrated in figure 16. They realized a
variant of the VM and VQ access patterns[9] which drew solutions from a virtual materialised
version, but, instead of annotating the solutions with version metadata, in this case, individual
bindings were augmented with version metadata drawn from the respective statement. These
queries produced the intended results, but they involved conversion between domains to make
temporal values available to general algebra operations. This turned out to be problematic.

Dydra follows the customary RDF storage architecture, whereby repository content is
dictionary-encoded. Normalized term values are replaced with term identifiers and stored
quads comprise term identifiers rather than term values. This manifests the RDF principle of
term identity and permits the SPARQL algebra implementation to move less data and apply
faster comparisons than were solution compatibility to be determined in the term value domain.
This principle does not, however, extend to terms with temporal value domains. In order to
index them efficiently and to order results properly, their representation must reflect their
respective value domain. The linear revision index associated with each statement comprises
monotonically increasing revision ordinal or time-based UUID values. If temporal properties
are to be combined with results from statement patterns in a filter, as in figure 16, they must be
transformed into term identifiers in order to pass them through the algebra operators. Where
they are dictionary-encoded in order to incorporate them into a solution, that introduces a
delay: the current term interning rate is only seventy-thousand per second.

The limited performance of this approach demonstrated the issue noted above, that revision
metadata is not immediately suitable to be included in BGP solutions. A more efficient approach
is to reduce interning by applying as much logic as possible in the temporal value domain. Rather
than formulating the queries with annotations and filters, a more efficient implementation is to
introduce temporal operators which embody the complete logic. In order to circumvent that
rate limit, we introduced a virtual temporal attribute to designate an operator which applies the
described logic to compute whether the statement had been introduced in a given revision. This
attribute was bound in the respective solution for each device parameter to a single boolean
variable specific to the parameter.

The result was queries according to the pattern illustrated in figure 17 where the implemen-
tation encapsulates this logic in a more optimum system function called not-asserted. This
not only executes the above operation more optimally, it also provided for cleaner code. The
approach permitted queries of the complexity illustrated in figure 18. The effect of the revised
logic was to reduce their execution times from minutes to tens of seconds.
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SELECT DISTINCT ? SalesItem_Name ? CreatedGraph_Date ? OrderablePartNumber ? S a l e s I t em_S t a t e ? ProductType_Name ? BasicType_Name ? Ba s i c Type_De s c r i p t i o n ? TypeSystem_Name ?6TG_Name ?6 TG_Desc r ip t i on ? PackageType_Name ? PackageType_Desc r i p t i on ? Cu s t ome r S p e c i f i c I n d i c a t o r ? NotRecommendedForNewDesigns ? LeadTime ?

MinimumOrderQuantity ? Sma l l e s tPa ck i ngQuan t i t y ? Pa c kag eOu t l i n eVe r s i o n_De s c r i p t i o n ? D e s c r i p t i v e T i t l e ? Pack ingType_Des c r i p t i on ? ProdRhf2006_LeadFree ? ProdRhf2006_EURoHS ? Rhf2006_RHFInd i ca to r ? ProdRhf2006_HalogenFree ? S a f e a s s u r e F u n c t i o n a l S a f e t y ? ProductBareWeight_mg_ ? Mo i s t u r e S e n s i t i v i t y L e v e l _ L e a d f r e e ?

Mo i s t u r e S e n s i t i v i t y L e v e l ?MaxTimePeakTemperature ? MaxTimePeakTemperature_LeadFree ? PeakPackageTemperature ? PeakPackageTemperature_LeadFree ?DEV_Date ?ASM_Date ?CQS_Date ? RFS_Date ?DOD_Date ?WIT_Date ? Proces sGroup ing

WHERE { { VALUES ( ? Rhf2006_RHFInd i ca to r ? ProdRhf2006_LeadFree ? ProdRhf2006_EURoHS ? ProdRhf2006_HalogenFree )

{ ( ’ D’ ’ Yes ’ ’ Yes ’ ’ Yes ’ )

( ’G’ ’ Yes ’ ’ Yes ’ ’No ’ )

( ’ E ’ ’No ’ ’ Yes ’ ’No ’ )

( ’H’ ’No ’ ’ Yes ’ ’ Yes ’ )

( ’N’ ’No ’ ’No ’ ’ Nul l ’ )

( <KEYWORD/UNDEF> ’ Not App l i c a b l e ’ ’ Not App l i c a b l e ’ ’ Not App l i c a b l e ’ ) }

{ { { { { { { { { SELECT ? Bas i cType ? Ba s i c Type_De s c r i p t i o n ? BasicType_Name ? PackageType_Desc r i p t i on ? PackageType_Name ? TypeSystem_Name

WHERE { { { ? Bas i cType < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /18 > .

? Bas i cType < h t tp : / / example . org /1 > ? BasicType_Name .

? Bas i cType < h t tp : / / example . org /2 > ? Ba s i c Type_De s c r i p t i o n .

? Bas i cType < h t tp : / / example . org /19 > _ : node1749 .

_ : node1749 < h t tp : / / example . org /1 > ? TypeSystem_Name }

OPTIONAL

{ ? Bas i cType < h t tp : / / example . org /20 > _ : node1750 .

_ : node1750 < h t tp : / / example . org /1 > ? PackageType_Name .

_ : node1750 < h t tp : / / example . org /2 > ? PackageType_Desc r i p t i on } } } }

{ SELECT ? ProductType ? ProductType_Name

WHERE { ? ProductType < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /21 > .

? ProductType < h t tp : / / example . org /1 > ? ProductType_Name }

{ SELECT ?6TG ?6 TG_Desc r ip t i on ?6TG_Name

WHERE { ?6TG < ht tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /22 > .

?6TG < ht tp : / / example . org /1 > ?6TG_Name .

?6TG < ht tp : / / example . org /2 > ?6 TG_Desc r ip t i on }

{ { { { { { { { { { { { { { { { { { ? S a l e s I t em < ht tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /23 > .

? S a l e s I t em < ht tp : / / example . org /1 > ?12NC .

? S a l e s I t em < ht tp : / / example . org /24 > ? OrderablePartNumber .

? S a l e s I t em < ht tp : / / example . org /25 > ? S a l e s I t em_S t a t e .

? S a l e s I t em < ht tp : / / example . org /26 > ?NotRecommendedForNewDesigns .

? S a l e s I t em < ht tp : / / example . org /27 > ? Cu s t ome r S p e c i f i c I n d i c a t o r .

? S a l e s I t em < ht tp : / / example . org /28 > ?MinimumOrderQuantity .

? S a l e s I t em < ht tp : / / example . org /29 > ?6TG .

? S a l e s I t em < ht tp : / / example . org /19 > ? ProductType .

? S a l e s I t em < ht tp : / / example . org /30 > ? Out l i n ePack ing .

? Ou t l i n ePack ing < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /31 > .

? ProductType < h t tp : / / example . org /19 > ? Bas i cType }

SELECT ? Sa l e s I t em ? CreatedGraph_Date

WHERE { { { ? SI_Graph < ht tp : / / xmlns . com / f o a f / 0 . 1 / pr imaryTop ic > ? Sa l e s I t em .

? SI_Graph < ht tp : / / example . org /3 > ? CreatedGraph_Date } FILTER

( ( < h t tp : / /www. w3 . org / 2 0 0 1 / XMLSchema# dateTime > ( ? CreatedGraph_Date ) ) >= ( < h t tp : / /www. w3 . org / 2 0 0 1 / XMLSchema# dateTime > ( ? date ) ) ) } } }

BIND ( ( <ORG.DATAGRAPH . SPOCQ . ALGEBRA/ r ep l a c e > , ?12NC, ’ ’ , ’ ’ ) ) AS? SalesItem_Name )

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /20 > ? PackingType .

? PackingType < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /32 > } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /33 > ? CodingCentre } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /34 > ? Rhf2006_RHFInd i ca to r } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /35 > ? S a f e a s s u r e F u n c t i o n a l S a f e t y } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /36 > ? ProductBareWeight_mg_ } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /37 > ?MSL } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /38 > ?MSL_LF } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /39 > ? PPT_LF } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /40 > ?PPT } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /41 > ?DEV_Date } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /42 > ?ASM_Date } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /43 > ?CQS_Date } } }

OPTIONAL

{ ? Sa l e s I t em < ht tp : / / example . org /44 > ? RFS_Date } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /45 > ?DOD_Date } } }

OPTIONAL

{ ? S a l e s I t em < ht tp : / / example . org /46 > ?WIT_Date } } }

OPTIONAL

SELECT ? Sa l e s I t em ( ( g roup_concat ( ? ProcessGroup ing_ , <KEYWORD/ DISTINCT > , <ORG.DATAGRAPH . SPOCQ . ALGEBRA/ d i s t i n c t > , <KEYWORD/SEPARATOR> , ’ / / ’ ) ) as ? Proces sGroup ing )

WHERE { { { ? S a l e s I t em < ht tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /23 > }

SELECT DISTINCT ? Proces sGroup ing_ ? Sa l e s I t em

WHERE { ? Proces sGroup ing_ (^ < h t tp : / / example . org /47 >/^ < h t tp : / / example . org /48 >/^ < h t tp : / / example . org / 30 >+ ) ? S a l e s I t em } } }

GROUP BY ? Sa l e s I t em } } } } }

OPTIONAL

SELECT ? Out l i n ePack ing ? Sma l l e s tPa ck i ngQuan t i t y

WHERE { ? Out l i n ePack ing < h t tp : / / example . org /49 > ? Sma l l e s tPa ck i ngQuan t i t y } } }

OPTIONAL

SELECT ? PackingType ? PackingType_Name

WHERE { ? PackingType < h t tp : / / example . org /1 > ? PackingType_Name } } }

OPTIONAL

SERVICE < ht tp : / / example . org /50 >

GRAPH <urn : dydra : a l l > { { ? PackingType_SPC < ht tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /51 > .

? PackingType_SPC < ht tp : / /www. w3 . org / 2 0 0 0 / 0 1 / rd f −schema# l a b e l > ? PackingType_Name }

OPTIONAL

{ ? PackingType_SPC < ht tp : / / example . org /52 > ? Pack ingType_Des c r i p t i on } } } } }

OPTIONAL

SERVICE < ht tp : / / example . org /50 >

GRAPH <urn : dydra : a l l > { ? BasicType_SPC < ht tp : / /www. w3 . org / 2 0 0 0 / 0 1 / rd f −schema# l a b e l > ? BasicType_Name .

? BasicType_SPC < ht tp : / / example . org /53 > _ : node1751 .

_ : node1751 < h t tp : / / example . org /54 > ? D e s c r i p t i v e T i t l e } } }

OPTIONAL

SERVICE < ht tp : / / example . org /50 >

GRAPH <urn : dydra : a l l > { ? BasicType_SPC < ht tp : / /www. w3 . org / 2 0 0 0 / 0 1 / rd f −schema# l a b e l > ? BasicType_Name .

? BasicType_SPC < ht tp : / / example . org /55 > ? POV_Eptos_URI .

? POV_Eptos_URI < h t tp : / / example . org /56 > _ : node1752 .

_ : node1752 < h t tp : / / example . org /54 > ? POV_Eptos_Code } } }

OPTIONAL

SELECT DISTINCT ? Sa l e s I t em ( ( min ( ? POV_Name_ ) ) as ?POV_Name ) ( ( sample ( ? POV_Enovia_Code_ ) ) as ? POV_Enovia_Code )

WHERE { { { ? S a l e s I t em < ht tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /23 > }

SELECT ? POV_Enovia_Code_ ? POV_Enovia_URI ?POV_Name_ ? Sa l e s I t em ? Subpackage

WHERE { { { ? Subpackage ^< h t tp : / / example . org /30 >+ ? Sa l e s I t em }

SELECT ? POV_Enovia_Code_ ? POV_Enovia_URI ?POV_Name_ ? Subpackage

WHERE { ? Subpackage < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /57 > .

? Subpackage < h t tp : / / example . org /58 > ? POV_Enovia_URI .

? POV_Enovia_URI < h t tp : / / example . org /2 > ? POV_Enovia_Code_ .

? POV_Enovia_URI < h t tp : / / example . org /1 > ?POV_Name_ } } } } }

GROUP BY ? Sa l e s I t em } }

BIND ( ( <ORG.DATAGRAPH . SPOCQ . ALGEBRA/ coa l e s c e > , ? POV_Eptos_Code , ? POV_Enovia_Code , ’ ’ ) ) AS? Final_POV_Code )

OPTIONAL

SERVICE < ht tp : / / example . org /50 >

GRAPH <urn : dydra : a l l > { ? Final_POV < ht tp : / / example . org /56 > _ : node1753 .

_ : node1753 < h t tp : / / example . org /54 > ? Final_POV_Code .

? Final_POV < ht tp : / / example . org /59 > _ : node1754 .

_ : node1754 < h t tp : / / example . org /54 > ? Pa ckag eOu t l i n eVe r s i o n_De s c r i p t i o n } } }

OPTIONAL

SERVICE < ht tp : / / example . org /60 >

GRAPH <urn : dydra : a l l > { ? S a l e s I t em < ht tp : / / example . org /61 > ? LeadTime_Data .

? S a l e s I t em < ht tp : / / example . org /62 > ? LeadTime_Unit }

BIND ( ( < h t tp : / /www. w3 . org / 2 0 0 1 / XMLSchema# i n t e g e r > ( ? LeadTime_Data ) ) ) AS? LeadTime_Numeric )

BIND ( ( i f ( ( ? LeadTime_Numeric <= 1 ) , ? LeadTime_Unit , ( conca t ( ? LeadTime_Unit , ’ s ’ ) ) ) ) ) AS? Uni t )

BIND ( ( conca t ( ( s t r ( ? LeadTime_Numeric ) ) , ’ ’ , ? Uni t ) ) ) AS? LeadTime ) } }

BIND ( ( i f ( ( bound ( ? PPT_LF ) ) , ? PPT_LF , ’ Not App l i c a b l e ’ ) ) ) AS? PeakPackageTemperature_LeadFree )

BIND ( ( i f ( ( bound ( ? PPT ) ) , ?PPT , ’ Not App l i c a b l e ’ ) ) ) AS? PeakPackageTemperature )

BIND ( ( i f ( ( bound ( ?MSL_LF ) ) , ?MSL_LF , ’ Not App l i c a b l e ’ ) ) ) AS? Mo i s t u r e S e n s i t i v i t y L e v e l _ L e a d f r e e )

BIND ( ( i f ( ( bound ( ?MSL) ) , ?MSL , ’ Not App l i c a b l e ’ ) ) ) AS? Mo i s t u r e S e n s i t i v i t y L e v e l )

BIND ( ( < h t tp : / /www. w3 . org / 2 0 0 1 / XMLSchema# i n t e g e r > ( ? PPT_LF ) ) ) AS? PPT_LF_ Integer )

BIND ( ( < h t tp : / /www. w3 . org / 2 0 0 1 / XMLSchema# i n t e g e r > ( ? PPT ) ) ) AS? PPT_ In tege r )

BIND ( ( <ORG.DATAGRAPH . SPOCQ . ALGEBRA/ coa l e s c e > ( ( i f ( i n ( ? CodingCentre , ( ’ CP−ATX−01 ’ , ’CP−ATX − 02 ’ ) ) && ( ? PPT_ In tege r >= 26 0 ) && ( ? PPT_ In tege r < 1 0 0 0 ) , ’ 4 0 ’ , ( 1 / 0 ) ) ) , ( i f ( i n ( ? CodingCentre , ( ’ CP−ATX−01 ’ , ’CP−ATX −02 ’ ) ) && ( ? PPT_ In tege r < 2 6 0 ) && ( ? PPT_ In tege r > 0 ) , ’ 3 0 ’ , ( 1 / 0 ) ) ) , ’ Not App l i c a b l e ’ ) ) ) AS

?MaxTimePeakTemperature )

BIND ( ( <ORG.DATAGRAPH . SPOCQ . ALGEBRA/ coa l e s c e > ( ( i f ( i n ( ? CodingCentre , ( ’ CP−ATX−01 ’ , ’CP−ATX − 02 ’ ) ) && ( ? PPT_LF_ Integer >= 26 0 ) && ( ? PPT_LF_ In teger < 1 0 0 0 ) , ’ 4 0 ’ , ( 1 / 0 ) ) ) , ( i f ( i n ( ? CodingCentre , ( ’ CP−ATX−01 ’ , ’CP−ATX −02 ’ ) ) && ( ? PPT_LF_ In teger < 2 6 0 ) && ( ? PPT_LF_ Integer > 0 ) , ’ 3 0 ’ , ( 1 / 0 ) ) ) , ’ Not

App l i c a b l e ’ ) ) ) AS?MaxTimePeakTemperature_LeadFree ) } }

Figure 11: view ’sfdc_salesiteminfo’ SPARQL text
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p r e f i x plm : < h t tp : / / nxp . com / data > .
p r e f i x r d f s : < h t tp : / /www. w3 . org / 2 0 0 0 / 0 1 / rd f −schema#> .
plm : Dev ice a r d f s : C l a s s .
plm : name a r d f s : p r e d i c a t e ;

r d f s : domain plm : Dev ice ;
r d f s : range xmxls : s t r i n g .

plm : s t a t e a r d f s : p r e d i c a t e ;
r d f s : domain plm : Dev ice ;
r d f s : range xmxls : s t r i n g .

plm : r e v i s i o n a r d f s : p r e d i c a t e ;
r d f : domain plm : Dev ice ;
r d f s : range xmxls : s t r i n g .

plm : d e s c r i p t i o n a r d f s : p r e d i c a t e ;
r d f s : domain plm : Dev ice ;
r d f s : range xmxls : s t r i n g .

Figure 13: Illustrative PLM ontology core

p r e f i x : <urn : dydra : >
s e l e c t ∗
from : a l l
where {

? s a ? type ;
plm : name ?name ;
plm : s t a t e ? s t a t e ;
plm : r e v i s i o n ? r e v i s i o n ;
plm : d e s c r i p t i o n ? d e s c r i p t i o n .

}

Figure 14: a query which projects the minimal device description



p r e f i x : <urn : dydra : >
p r e f i x plm : < h t t p s : / / nxp . com / plm#>
s e l e c t ∗
from : a l l
where {

? s a ? type
{ | : met−by ? type_metBy ; : s t a r t s ? t y p e _ s t a r t s | } ;

plm : name ?name
{ | : met−by ?name_metBy ; : s t a r t s ? name_s ta r t s | } ;

plm : s t a t e ? s t a t e
{ | : met−by ? s tate_metBy ; : s t a r t s ? s t a t e _ s t a r t s | } ;

plm : r e v i s i o n ? r e v i s i o n
{ | : met−by ? r ev i s i on_metBy ; : s t a r t s ? r e v i s i o n _ s t a r t s | } ;

plm : d e s c r i p t i o n ? d e s c r i p t i o n
{ | : met−by ? de s c r i p t i on_me tBy ; : s t a r t s ? d e s c r i p t i o n _ s t a r t s | } .

}

Figure 15: an annotated device query

p r e f i x : <urn : dydra : >
s e l e c t ∗
from : a l l
where {

? s a ? type
{ | : met−by ? type_metBy ; : s t a r t s ? t y p e _ s t a r t s | } ;

plm : name ?name
{ | : met−by ?name_metBy ; : s t a r t s ? name_s ta r t s | } ;

plm : s t a t e ? s t a t e
{ | : met−by ? s tate_metBy ; : s t a r t s ? s t a t e _ s t a r t s | } ;

plm : r e v i s i o n ? r e v i s i o n
{ | : met−by ? r ev i s i on_metBy ; : s t a r t s ? r e v i s i o n _ s t a r t s | } ;

plm : d e s c r i p t i o n ? d e s c r i p t i o n
{ | : met−by ? de s c r i p t i on_me tBy ; : s t a r t s ? d e s c r i p t i o n _ s t a r t s | } .

b ind ( ? type_metBy ! = ? t y p e _ s t a r t s as ? t y p e _ r e d l i n e )
b ind ( ? name_metBy ! = ? name_s ta r t s as ? name_red l ine )
b ind ( ? s ta te_metBy ! = ? s t a t e _ s t a r t s as ? s t a t e _ r e d l i n e )
b ind ( ? r ev i s i on_metBy ! = ? r e v i s i o n _ s t a r t s as ? r e v i s i o n _ r e d l i n e )
b ind ( ? de s c r i p t i on_me tBy ! = ? d e s c r i p t i o n _ s t a r t s as ? d e s c r i p t i o n _ r e d l i n e )

}

Figure 16: a query which compares temporal attributes to determine "redline" status



p r e f i x : <urn : dydra : >
s e l e c t ∗
from : a l l
where {

? s a ? type { | <urn : dydra : no tAs se r t ed > ? t y p e _ r e d l i n e | } ;
plm : name ?name

{ | <urn : dydra : no tAs se r t ed > ? name_red l ine | } ;
plm : s t a t e ? s t a t e

{ | <urn : dydra : no tAs se r t ed > ? s t a t e _ r e d l i n e | } ;
plm : r e v i s i o n ? r e v i s i o n

{ | <urn : dydra : no tAs se r t ed > ? r e v i s i o n _ r e d l i n e | } ;
plm : d e s c r i p t i o n ? d e s c r i p t i o n

{ | <urn : dydra : no tAs se r t ed > ? d e s c r i p t i o n _ r e d l i n e | } .
}

Figure 17: a query reformulated to use a natively implemented predicate



SELECT DISTINCT ?VAR2 ?VAR41 ?VAR12 ?VAR1 ?VAR4 ?VAR18 ?VAR21 ?VAR24 ?VAR45 ?VAR7 ?VAR15 ?VAR27 ?VAR30 ?VAR33 ?VAR36 ?VAR39 ?VAR13 ?VAR5 ?VAR19 ?VAR22 ?VAR25 ?VAR8 ?VAR16 ?VAR28 ?VAR31 ?VAR34 ?VAR40 ?VAR37 ?VAR201 ?VAR172 ?VAR174 ?VAR178 ?VAR170 ?VAR173 ?VAR175 ?VAR179 ?VAR61 ?

VAR64 ?VAR67 ?VAR70 ?VAR73 ?VAR76 ?VAR79 ?VAR82 ?VAR85 ?VAR87 ?VAR92 ?VAR59 ?VAR62 ?VAR65 ?VAR68 ?VAR71 ?VAR74 ?VAR77 ?VAR80 ?VAR83 ?VAR86 ?VAR88 ?VAR93 ?VAR102 ?VAR105 ?VAR108 ?VAR111 ?VAR114 ?VAR118 ?VAR99 ?VAR103 ?VAR106 ?VAR109 ?VAR112 ?VAR115 ?VAR119 ?VAR126 ?

VAR129 ?VAR131 ?VAR133 ?VAR136 ?VAR139 ?VAR142 ?VAR145 ?VAR148 ?VAR151 ?VAR158 ?VAR122 ?VAR155 ?VAR161 ?VAR164 ?VAR167 ?VAR127 ?VAR130 ?VAR132 ?VAR134 ?VAR137 ?VAR140 ?VAR143 ?VAR146 ?VAR149 ?VAR152 ?VAR159 ?VAR153 ?VAR156 ?VAR162 ?VAR165 ?VAR168 ?VAR47 ?VAR53 ?

VAR55 ?VAR52 ?VAR48 ?VAR54 ?VAR56 ?VAR181 ?VAR191 ?VAR193 ?VAR196 ?VAR199 ?VAR190 ?VAR182 ?VAR192 ?VAR194 ?VAR197 ?VAR200

WHERE { { { { { { SERVICE < ht tp : / / example . org /0 >

{ ? type < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / /www. w3 . org / 2 0 0 0 / 0 1 / rd f −schema# Class > .

? type < h t tp : / /www. w3 . org / 2 0 0 0 / 0 1 / rd f −schema# l a b e l > ?VAR1 }

{ { { { { { { { { { ?VAR2 < ht tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > ? type .

?VAR2 < ht tp : / / example . org /3 > ?VAR4 { | < urn : dydra : no tAs se r t ed > ?VAR5 | } .

?VAR2 < ht tp : / / example . org /6 > ?VAR7 { | < urn : dydra : no tAs se r t ed > ?VAR8 | } .

?VAR2 < ht tp : / / example . org /9 > ?VAR10 .

?VAR2 < ht tp : / / example . org /11 > ?VAR12 { | < urn : dydra : no tAs se r t ed > ?VAR13 | } }

OPTIONAL

{ ?VAR2 < ht tp : / / example . org /14 > ?VAR15 { | < urn : dydra : no tAs se r t ed > ?VAR16 | } } } }

OPTIONAL

{ ?VAR2 < ht tp : / / example . org /17 > ?VAR18 { | < urn : dydra : no tAs se r t ed > ?VAR19 | } } } }

OPTIONAL

{ ?VAR2 < ht tp : / / example . org /20 > ?VAR21 { | < urn : dydra : no tAs se r t ed > ?VAR22 | } } } }

OPTIONAL

{ ?VAR2 < ht tp : / / example . org /23 > ?VAR24 { | < urn : dydra : no tAs se r t ed > ?VAR25 | } } } }

OPTIONAL

{ ?VAR2 < ht tp : / / example . org /26 > ?VAR27 { | < urn : dydra : no tAs se r t ed > ?VAR28 | } } } }

OPTIONAL

{ ?VAR2 < ht tp : / / example . org /29 > ?VAR30 { | < urn : dydra : no tAs se r t ed > ?VAR31 | } } } }

OPTIONAL

{ ?VAR2 < ht tp : / / example . org /32 > ?VAR33 { | < urn : dydra : no tAs se r t ed > ?VAR34 | } } } }

OPTIONAL

{ ?VAR2 < ht tp : / / example . org /35 > ?VAR36 { | < urn : dydra : no tAs se r t ed > ?VAR37 | } } } }

OPTIONAL

{ ?VAR2 < ht tp : / / example . org /38 > ?VAR39 { | < urn : dydra : no tAs se r t ed > ?VAR40 | } } } }

BIND ( ( i f ( ( ? VAR12 = ’ Yes ’ ) , ’ ’ , ( i f ( ( ? VAR12 = ’No ’ ) && ( s t r s t a r t s ( ? VAR10 , ’CP−ATX − ’ ) ) , ’ L−FSL ’ , ’ L−NXP ’ ) ) ) ) ) AS?VAR41 ) }

OPTIONAL

SELECT ?VAR2 ?VAR45

WHERE { ?VAR2 (^ < h t tp : / / example . org /42 >+/ < h t tp : / / example . org /43 >/ < h t tp : / / example . org /43 >/ < h t tp : / / example . org /43 >/ < h t tp : / / example . org /43 >/ < h t tp : / / example . org /43 >/ < h t tp : / / example . org /43 >/ < h t tp : / / example . org / 4 4 > ) ?VAR45 } } }

OPTIONAL

{ { { { { { ?VAR46 < h t tp : / / example . org /3 > ?VAR47 { | < urn : dydra : no tAs se r t ed > ?VAR48 | } .

?VAR46 < h t tp : / / example . org /6 > ?VAR49 }

{ { { ?VAR46 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /50 > }

UNION { ?VAR46 < ht tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /51 > } }

{ ?VAR2 < ht tp : / / example . org /42 > ?VAR46 { | < urn : dydra : no tAs se r t ed > ?VAR52 | } } } }

OPTIONAL

{ ?VAR46 < h t tp : / / example . org /17 > ?VAR53 { | < urn : dydra : no tAs se r t ed > ?VAR54 | } } } }

OPTIONAL

{ ?VAR46 < h t tp : / / example . org /14 > ?VAR55 { | < urn : dydra : no tAs se r t ed > ?VAR56 | } } } }

OPTIONAL

{ { { { { { { { { { { ?VAR46 < h t tp : / / example . org /57 > ?VAR58 { | < urn : dydra : no tAs se r t ed > ?VAR59 | } .

?VAR58 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /60 > .

?VAR58 < h t tp : / / example . org /3 > ?VAR61 { | < urn : dydra : no tAs se r t ed > ?VAR62 | } .

?VAR58 < h t tp : / / example . org /6 > ?VAR63 }

OPTIONAL

{ ?VAR58 < h t tp : / / example . org /17 > ?VAR64 { | < urn : dydra : no tAs se r t ed > ?VAR65 | } } } }

OPTIONAL

{ ?VAR58 < h t tp : / / example . org /66 > ?VAR67 { | < urn : dydra : no tAs se r t ed > ?VAR68 | } } } }

OPTIONAL

{ ?VAR58 < h t tp : / / example . org /69 > ?VAR70 { | < urn : dydra : no tAs se r t ed > ?VAR71 | } } } }

OPTIONAL

{ ?VAR58 < h t tp : / / example . org /72 > ?VAR73 { | < urn : dydra : no tAs se r t ed > ?VAR74 | } } } }

OPTIONAL

{ ?VAR58 < h t tp : / / example . org /75 > ?VAR76 { | < urn : dydra : no tAs se r t ed > ?VAR77 | } } } }

OPTIONAL

{ ?VAR58 < h t tp : / / example . org /78 > ?VAR79 { | < urn : dydra : no tAs se r t ed > ?VAR80 | } } } }

OPTIONAL

{ ?VAR58 < h t tp : / / example . org /81 > ?VAR82 { | < urn : dydra : no tAs se r t ed > ?VAR83 | } } } }

OPTIONAL

{ ?VAR58 < h t tp : / / example . org /84 > ?VAR85 { | < urn : dydra : no tAs se r t ed > ?VAR86 | } } } }

OPTIONAL

{ ?VAR58 < h t tp : / / example . org /14 > ?VAR87 { | < urn : dydra : no tAs se r t ed > ?VAR88 | } } } }

OPTIONAL

SELECT ?VAR58 ( ( max ( ( bound ( ? VAR90 ) ) ) ) as ?VAR92 ) ( ( max ( ? VAR91 ) ) as ?VAR93 )

WHERE { ?VAR58 < h t tp : / / example . org /89 > ?VAR90 { | < urn : dydra : no tAs se r t ed > ?VAR91 | } }

GROUP BY ?VAR58 } } }

FILTER not i n ( ? VAR63 , ( ’OBS ’ , ’DEV ’ ) ) }

OPTIONAL

{ { { { { { SERVICE < ht tp : / / example . org /94 >

{ { ?VAR95 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /96 > .

?VAR95 < h t tp : / /www. w3 . org / 2 0 0 0 / 0 1 / rd f −schema# l a b e l > ?VAR97 } FILTER

not i n ( ? VAR97 , ( ’OBS ’ , ’DEV ’ ) ) }

{ ?VAR46 < h t tp : / / example . org /57 > ?VAR98 { | < urn : dydra : no tAs se r t ed > ?VAR99 | } .

?VAR98 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /100 > .

?VAR98 < h t tp : / / example . org /101 > ?VAR102 { | < urn : dydra : no tAs se r t ed > ?VAR103 | } .

?VAR98 < h t tp : / / example . org /104 > ?VAR105 { | < urn : dydra : no tAs se r t ed > ?VAR106 | } .

?VAR98 < h t tp : / / example . org /96 > ?VAR95 } }

OPTIONAL

{ ?VAR98 < h t tp : / / example . org /107 > ?VAR108 { | < urn : dydra : no tAs se r t ed > ?VAR109 | } } } }

OPTIONAL

{ ?VAR98 < h t tp : / / example . org /110 > ?VAR111 { | < urn : dydra : no tAs se r t ed > ?VAR112 | } } } }

OPTIONAL

{ ?VAR98 < h t tp : / / example . org /113 > ?VAR114 { | < urn : dydra : no tAs se r t ed > ?VAR115 | } } } }

OPTIONAL

{ SERVICE < ht tp : / / example . org /94 >

{ ?VAR116 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /117 > .

?VAR116 < h t tp : / /www. w3 . org / 2 0 0 0 / 0 1 / rd f −schema# l a b e l > ?VAR118 }

{ ?VAR98 < h t tp : / / example . org /117 > ?VAR116 { | < urn : dydra : no tAs se r t ed > ?VAR119 | } } } } }

OPTIONAL

{ SERVICE < ht tp : / / example . org /94 >

{ ?VAR120 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /121 > .

?VAR120 < h t tp : / /www. w3 . org / 2 0 0 0 / 0 1 / rd f −schema# l a b e l > ?VAR122 }

{ { { { { { SERVICE < ht tp : / / example . org /94 >

{ { ?VAR123 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /96 > .

?VAR123 < h t tp : / /www. w3 . org / 2 0 0 0 / 0 1 / rd f −schema# l a b e l > ?VAR124 } FILTER

not i n ( ? VAR124 , ( ’OBS ’ , ’DEV ’ ) ) }

{ ?VAR98 < h t tp : / / example . org /125 > ?VAR126 { | < urn : dydra : no tAs se r t ed > ?VAR127 | } .

? VAR126 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /128 > .

?VAR126 < h t tp : / / example . org /101 > ?VAR129 { | < urn : dydra : no tAs se r t ed > ?VAR130 | } .

? VAR126 < h t tp : / / example . org /104 > ?VAR131 { | < urn : dydra : no tAs se r t ed > ?VAR132 | } .

? VAR126 < h t tp : / / example . org /107 > ?VAR133 { | < urn : dydra : no tAs se r t ed > ?VAR134 | } .

? VAR126 < h t tp : / / example . org /135 > ?VAR136 { | < urn : dydra : no tAs se r t ed > ?VAR137 | } .

? VAR126 < h t tp : / / example . org /138 > ?VAR139 { | < urn : dydra : no tAs se r t ed > ?VAR140 | } .

? VAR126 < h t tp : / / example . org /141 > ?VAR142 { | < urn : dydra : no tAs se r t ed > ?VAR143 | } .

? VAR126 < h t tp : / / example . org /144 > ?VAR145 { | < urn : dydra : no tAs se r t ed > ?VAR146 | } .

? VAR126 < h t tp : / / example . org /147 > ?VAR148 { | < urn : dydra : no tAs se r t ed > ?VAR149 | } .

? VAR126 < h t tp : / / example . org /150 > ?VAR151 { | < urn : dydra : no tAs se r t ed > ?VAR152 | } .

? VAR126 < h t tp : / / example . org /121 > ?VAR120 { | < urn : dydra : no tAs se r t ed > ?VAR153 | } .

? VAR126 < h t tp : / / example . org /96 > ?VAR123 } }

OPTIONAL

{ ?VAR126 < h t tp : / / example . org /154 > ?VAR155 { | < urn : dydra : no tAs se r t ed > ?VAR156 | } } } }

OPTIONAL

{ ?VAR126 < h t tp : / / example . org /157 > ?VAR158 { | < urn : dydra : no tAs se r t ed > ?VAR159 | } } } }

OPTIONAL

{ ?VAR126 < h t tp : / / example . org /160 > ?VAR161 { | < urn : dydra : no tAs se r t ed > ?VAR162 | } } } }

OPTIONAL

{ ?VAR126 < h t tp : / / example . org /163 > ?VAR164 { | < urn : dydra : no tAs se r t ed > ?VAR165 | } } } }

OPTIONAL

{ ?VAR126 < h t tp : / / example . org /166 > ?VAR167 { | < urn : dydra : no tAs se r t ed > ?VAR168 | } } } } } } } } } }

FILTER not i n ( ? VAR49 , ( ’OBS ’ , ’DEV ’ ) ) }

OPTIONAL

{ { ?VAR2 < ht tp : / / example . org /57 > ?VAR169 { | < urn : dydra : no tAs se r t ed > ?VAR170 | } .

? VAR169 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /171 > .

?VAR169 < h t tp : / / example . org /3 > ?VAR172 { | < urn : dydra : no tAs se r t ed > ?VAR173 | } .

? VAR169 < h t tp : / / example . org /17 > ?VAR174 { | < urn : dydra : no tAs se r t ed > ?VAR175 | } }

OPTIONAL

SELECT ?VAR169 ( ( max ( ( bound ( ? VAR176 ) ) ) ) as ?VAR178 ) ( ( max ( ? VAR177 ) ) as ?VAR179 )

WHERE { ?VAR169 < h t tp : / / example . org /89 > ?VAR176 { | < urn : dydra : no tAs se r t ed > ?VAR177 | } }

GROUP BY ?VAR169 } } } }

OPTIONAL

{ { { { { { ? VAR180 < h t tp : / / example . org /3 > ?VAR181 { | < urn : dydra : no tAs se r t ed > ?VAR182 | } .

? VAR180 < h t tp : / / example . org /6 > ?VAR183 }

{ { { ? VAR180 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /184 > }

UNION { ?VAR180 < h t tp : / /www. w3 . org / 1 9 9 9 / 0 2 / 2 2 − rd f − syntax −ns # type > < h t tp : / / example . org /185 > } }

SELECT ( ? VAR189 as ?VAR180 ) ?VAR2 ( ( max ( ? VAR188 ) ) as ?VAR190 )

WHERE { { SELECT ?VAR187 ?VAR186 ?VAR2 ?VAR188

WHERE { ?VAR2 < ht tp : / / example . org / 42 > ∗ ?VAR186 .

?VAR186 < h t tp : / / example . org /42 > ?VAR187 { | < urn : dydra : no tAs se r t ed > ?VAR188 | } }

SELECT ?VAR189 ?VAR187 ?VAR2

WHERE { ?VAR2 < ht tp : / / example . org /42 >+ ?VAR189 .

?VAR187 < h t tp : / / example . org / 42 > ∗ ?VAR189 } } }

GROUP BY ?VAR189 ?VAR2 } }

OPTIONAL

{ ?VAR180 < h t tp : / / example . org /17 > ?VAR191 { | < urn : dydra : no tAs se r t ed > ?VAR192 | } } } }

OPTIONAL

{ ?VAR180 < h t tp : / / example . org /14 > ?VAR193 { | < urn : dydra : no tAs se r t ed > ?VAR194 | } } } }

OPTIONAL

{ ?VAR180 < h t tp : / / example . org /195 > ?VAR196 { | < urn : dydra : no tAs se r t ed > ?VAR197 | } } } }

OPTIONAL

{ ?VAR180 < h t tp : / / example . org /198 > ?VAR199 { | < urn : dydra : no tAs se r t ed > ?VAR200 | } } } } }

FILTER not i n ( ? VAR183 , ( ’OBS ’ , ’DEV ’ ) ) } }

Figure 18: an indicative redline query : 90 statement patterns, 61 annotations, 143 algebra expressions
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