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Abstract

The research objective was to establish significant relationships among the predictors of electronic
word-of-mouth intention, such as informative peers, internet information, and normative internet use
among university students. The methodology used for the study was non-experimental research; a
questionnaire was applied to a random sample of 127 students (n=13; «a=0.870 w=0.870), validity and
reliability tests, and exploratory factor analysis were used—covariance-based structural equation
modelling (CB-SEM). The results prove that the influence of Internet regulations is the most significant
on the intention to share electronic opinions (IEWOM), determining how people share opinions online.
Although the influence of acquaintances' opinions is also positive, it is not as strong as the normative
ones. However, the relationship between Internet information and the intention to share opinions was
insignificant in this study. The proposed model explains 35% of the variability in the intention to share
electronic opinions. Companies should consider the importance of regulations and acquaintances'
opinions when designing marketing strategies. Exploring more factors and contexts is essential to
understanding these influences better.
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1. Introduction

In today's digital age, various forces operating within the vast fabric of the virtual world shape
consumer decisions and perceptions. "Informational Peers" are pivotal figures, facilitating social
learning and offering insightful perspectives on various topics. This interaction is further
complemented and often amplified by Internet information, revolutionising how individuals
access and process data. However, all this flow of interaction and information accessibility is
framed within the Internet Regulations, which lay down behaviours and expectations in the
online realm. These elements coalesce in the intention behind "Electronic Word of Mouth"
(eWOM), reflecting people's willingness to share and act upon digital opinions and experiences.
This phenomenon has redefined "word of mouth" dynamics in the contemporary era,
underscoring peer interaction and online regulation as determinants in generating and trusting
shared opinions on digital platforms.

Numerous forces operate within the vast fabric of the digital world to influence consumer
decision-making. Informational Peers (IP) emerge as crucial figures facilitating social learning
and providing valuable perspectives on varied topics [1]. This peer interaction is intertwined
with Internet Information (II), which has transformed how people access and process
information [2]. However, this amalgamation of opinions and information is framed within the
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Internet Regulations (NI), which establish a set of behaviours and expectations in the online
environment [3]. These elements converge in eWOM Intent (IEW), reflecting people's willingness
to share and act based on digital opinions and experiences, which has redefined the dynamics of
"word of mouth" in the modern era [4].

"Information Peers" (IPs) are essential in information transmission and absorption, acting as
crucial nodes in networks and communities. This peer influence is a form of "social learning," a
process through which people interpret and make sense of reality based on the information they
obtain from others [1]. Furthermore, in uncertain situations, such as when facing unknown
markets, these informational pairs become guides, helping others navigate and make informed
decisions [5].

The quality of the information that these peers offer is of particular importance. Not only do
they provide insights into past actions or performances, but they can also offer constructive
suggestions on how to approach and improve in future situations, providing dual value in their
feedback [6]. However, it is essential to recognise that the impact of informational pairs may vary
depending on the context. In some scenarios, such as digital, other information sources, such as
the Internet, can overcome the influence of peers in terms of mediation [7]. Despite this, in areas
such as public interest, the presence and alignment of informational peers remain vital, as
regulators are expected to network with these informational peers [8].

Although the literature has established the relevance of peer informational influence, there
are nuances in its perception and effect. Authors such as Barber [9], Mangleburg [10], and X. Wang
[11] have highlighted its importance. However, it has also been observed that its impact can vary
demographically, being more pronounced in certain groups, such as young people [12].
"Informational Peers," conceptualised as entities whose private signals are intrinsically
connected and correlated, are instrumental in promoting learning and informed decision-making
within their communities [13].

The rise of the digital age has intensified the accessibility and availability of information
globally. Central to this phenomenon is "Internet Information" (II), which reflects how individuals
process, interpret, and act on online information.

The Internet, from its normative and informational dimensions, plays a medium role in the
way in which it is used and interacted on the platform, especially in the context of the propagation
of opinions and comments, known as "electronic word of mouth" or eWOM [14]. The ability of the
Internet to reduce geographical barriers and promote global communication is unquestionable.
However, it is vital to discern the relevance and usefulness of the information circulating on the
network [15].

The individual's ability to navigate and verify information online is an essential competency
in the digital age and directly impacts specific behaviours, such as interaction with e-commerce.
These skills are intrinsically linked to individuals' propensity to use the Internet for information
[16]. In addition, demographic variables, such as age, play a determining role in the perception
and relationship with online information, exemplifying the complexity of the relationship
between users and the platform [7].

The Internet is not simply a repository of information; it reflects and captures consumer
trends and global perceptions, serving as a barometer of current market dynamics [17]. This
transformative impact is further highlighted when considering the rapid adoption and adaptation
of the platform, radically altering traditional forms of information consumption [2]. The
prevalence of the Internet in the commercial field is solidifying, displacing traditional channels
and redefining market strategies [18].

The versatility of the Internet is also manifested in its ability to predict phenomena from large
data sets, which underlines its relevance in multidisciplinary research fields [19]. The accelerated
pace of information dissemination through the Internet surpasses many conventional methods,
evidencing its effectiveness and reach [20]. Finally, it is essential to consider the psychosocial
dimensions of the Internet. The platform influences fundamental areas of human life, from
interpersonal relationships to psychological well-being, and this influence can be intrinsically
linked to personal characteristics and personality traits [21, 22].



The emergence of the Internet into daily life has led to specific regulations and behaviours
associated with using the platform. The "Internet Regulation" variable is central to this
phenomenon, which reflects how Internet rules and regulations affect and influence user
behaviour. With eWOM, it has been noted that both normative and informational perspectives of
the Internet mediate the relationship between platform use and the propagation of opinions [14].
Beyond interaction on social networks, high school students who follow normative Internet use
show significantly higher academic performance [23]. However, it has been detected that the
combination of normative behaviour with problematic Internet use can be linked to different
levels of metacognitive strategies among students [23].

Student adjustment in university environments and its relationship to normative Internet use
remains an area that requires greater clarity [3]. On the other hand, age was found to have an
inverse relationship with the normative influence of the Internet, suggesting that different age
groups could have different normative approaches towards the platform [7].

Internet regulations also influence online social interactions, with factors such as homophily
and informational influence playing a role in eWOM behaviours such as seeking, transmitting, and
creating information [24]. In electronic commerce, regulations can influence impulsive
purchasing behaviours, evidencing how regulations affect online decision-making [25].
Furthermore, data-sharing regulations positively correlate with users searching for information
on the Internet, underscoring the importance of regulations in information-seeking practices
[26].

Perceptions and behaviours in e-commerce are also affected by the reliability of the Internet
and its associated regulations. These norms have been observed to impact attitudes toward
online shopping and purchasing decisions [27]. Likewise, it was highlighted that subjective norms
and perceived behavioural control influence attitudes towards ethical behaviours on the Internet
[28].

In today's digital world, electronic word of mouth, known as eWOM, has established itself as a
powerful force influencing consumer decisions and perceptions. eWOM Intent refers to the
willingness of individuals to engage, share, and act on other users' online opinions and comments.
The act of sharing eWOM can strengthen the trust of the sharing individual, which can
consequently increase their purchase intention [29]. However, it is crucial to note that this trust
effect may be limited by the strength of the social tie with the source of eWOM [29]. In e-
commerce, eWOM has played a crucial role in improving interactions and exchange of opinions
between potential and existing buyers, improving conversations and interactions [30].

eWOM sharing behaviour varies and can range from distributing product-related information
initially posted by others [4] to generating entirely original opinions. In this sense, eWOM has
evolved from traditional word-of-mouth methods, allowing consumers to convey their opinions
through various digital platforms. This phenomenon allows academics and professionals to
accurately measure people's attitudes toward a company or product [31]. While some studies
indicate that eWOM has no significant relationship with consumer loyalty, others suggest a
positive association between eWOM and customer satisfaction, especially in experiential
products [32]. With the popularity of social media, eWOM has primarily replaced traditional word
of mouth, introducing a new dynamic in how consumers interact and influence each other [33].

From a broader perspective, eWOM acts as a flow of information that can affect the well-being
outcomes of all participants involved [34]. As social media continues to grow and mature, online
customers have more opportunities than ever to generate eWOM, which can significantly
influence the decision-making process of other individuals [35]. Finally, it is essential to highlight
that attitudes towards eWOM, especially negative ones, can affect consumer behaviour, such as
increased panic buying activity and changes in brand preferences [36, 37]. Furthermore, it has
been observed that age can indirectly affect eWOM intentions, primarily mediated by the
influence of online information [7].

The exchange of information and decisions based on it have become intricately complex.
Informational Pairs (IP), a concept based on social learning and the search for meaning about
reality [1], have acquired unprecedented relevance. These peers act as essential intermediaries,
providing perspectives based on personal experiences that sometimes guide others in uncertain



markets [5]. However, this information exchange is amplified and complemented by Internet
Information (II), a tool that has radically transformed how information is accessed and used [2].
The confluences between the opinions of peers and the information accessible on the web create
an environment of rich and diversified information.

While the interaction between IP and Il shapes perception, the Internet Regulations (NI) act
as a kind of compass, offering a framework for behaviour and expectations in the digital world
[3]- This regulation can influence how opinions and experiences shared online are perceived and
how much trust is placed in them. In fact, the trust generated by sharing eWOM, or "virtual word
of mouth," can be significantly influenced by this interaction between peers and online
information [29]. This amalgamation of influences culminates in what we know as eWOM
Intention (IEW). This phenomenon reflects people's willingness to share and act on opinions and
experiences in the digital sphere [4]. However, it is essential to recognize that Internet regulations
also play a determining role in forming and disseminating eWOM. Online norms and expectations,
such as trust in product reviews on specific platforms, can influence perceptions of authenticity
and, thus, eWOM behaviour [27]. Based on the previous considerations, the following hypotheses
are being suggested:

* H1: Informational Peers (IP) statistically affect eWOM Intention (IEW).
* H2:Internet Information (II) statistically impacts eWOM Intention (IEW).

* H3: Internet Regulation (NI) has a statistically significant effect on eWOM Intention
(IEW).

2. Methodology

This study was carried out with a sample of 127 university students, with 47 men representing
37.0% and 80 women representing 63.08%. The ages range from 16 to 30 years old, with a mean
of 21.31 and an SD of 2.57. The instrument was applied between July and August 2023. The
methodology applied for the study is a non-experimental investigation, and the sample extraction
was random through prior acceptance to collaborate with the study. After investigating related
research, the instrument has been created for the present study to determine the most
appropriate variables. The initial instrument had five variables: Informative Peer (IP= 3 items),
Internet information (II= 3 items), Normative internet (NI= 3 items), Normative Peer (NP) and
Electronic word of mouth eWOM (IEW= 5 items). The Normative Peer variable (NP = 3 items)
was discarded due to the poor results in the exploratory factor analysis (EFA) and the
confirmatory factor analysis (CFA). This variable did not support the required quality adjustment
indices or the reliability and consistency in the proposed model. The instrument structure is on a
5-point Likert scale for measurement: (1) strongly disagree; (2) partly disagree; (3) neither agree
nor disagree; (4) partly agree; (5) strongly agree. For the statistical analysis, CB-SEM or
Covariance-Based Structural Equation Modeling was used, which made it possible to work with
latent or not directly observed variables. Jamovi v: 2.3.24.0 software was used to process the data.

3. Results

In the reliability study, Cronbach's Alpha coefficient was used, obtaining a value of «=0.870, and
the McDonald Coefficient, with a result of w=0.870. These indicators suggest a satisfactory level
of reliability. In order to evaluate the adequacy of the items concerning their factors, the Kaiser-
Meyer-Olkin (KMO) test was applied, yielding a value of 0.800, which suggests an acceptable
adequacy of the items analyzed. The Bartlett Sphericity Test also presented the following results:
x2=585.15, degrees of freedom (df) = 78, and p<0.001, which indicates relevant significance.
The variables presented in Table 1 provide a comprehensive view of the reliability and
convergent validity of certain constructs in a study. Each variable has been assessed using
multiple items, a shared research practice to ensure that constructs are measured accurately and
validly. The IP variable shows robust internal consistency, with Cronbach's Alpha 0.76 and Omega



values around 0.78. This suggests that the items associated with this construct are highly
correlated, providing a coherent measure. Furthermore, an AVE of 0.55 indicates that more than
half of the variance of the items can be attributed to the construct, a positive sign of convergent
validity.

On the other hand, variable II presents similar values in terms of reliability, although slightly
lower than IP. However, its AVE of 0.50 suggests that it is correct at the acceptable limit for
convergent validity, which could lead to considering a revision of its items or a more cautious
interpretation of its results. The NI variable offers solid reliability, similar to IP. Its AVE, although
acceptable, is slightly above the limit, suggesting that the variance explained by the construct is
sufficient but could benefit from additional review.

Finally, [IEW stands out for its high reliability. A Cronbach's Alpha of 0.84 and consistent Omega
values suggest that the items for this construct have been carefully selected and provide a
cohesive measurement. Furthermore, an AVE of 0.57 supports its convergent validity. Together,
these metrics reinforce the quality and precision of the measures used in the study. However, as
in all research, it is essential to consider these results in the context of the study design, the
population of interest, and the limitations inherent to any measurement instrument. It is essential
that, in future studies, these items continue to be monitored and adjusted to ensure their
relevance and precision in the evaluation of the constructs of interest.

Table 1

Reliability indices

Variable a w3 AVE
Informative Peer (IP) 0.76 0.78 0.55
Internet information (ll) 0.72 0.72 0.50
Normative internet (NI) 0.75 0.75 0.51
Electronic word of mouth - eWOM (IEW) 0.84 0.84 0.57

Table 2 shows the rotated component matrix obtained using the principal component analysis
extraction method and the oblimin rotation method. Below, we present the results:

Factor 1 - Informational Peers (IP): [P1, IP2, and IP3 load highly on this factor, suggesting that
they are strongly related to how individuals perceive, process, or value information from their
peers or personal contacts. This factor could be capturing the trust or importance that people give
to the information received from their acquaintances.

Factor 2 - Internet Information (II): Items II1, [12 and II3 have strong factor loadings here,
which could indicate how individuals interact with online information, their trust in online
sources or how they value the information obtained from websites and other online resources.

Factor 3 - Internet Regulations (NI): NI1, NI2, and NI3 are grouped in this factor. This could
relate to individuals' perceptions or attitudes towards Internet use rules, regulations or norms.
For example, it could address privacy, security, and the ethics of using information online.

Factor 4, EWOM (Electronic Word of Mouth) Intention, is linked to items [EW2, IEW3, [EW4,
and [EWS5. Item IEW1 was not included due to adjustment issues. This factor pertains to sharing
consumer opinions online, such as product reviews and recommendations. This factor could be
capturing people's propensity to participate in EWOM, either by sharing their own opinions or
valuing the opinions of others.

The uniqueness of each item still indicates how much of its variability is not explained by the
factors. For example, IP3 has a uniqueness of 0.28, suggesting that there are aspects of how
individuals perceive "Informative Pairs" that are not fully captured by these four factors.



Table 2
Rotated Component Array

Factor
1 2 3 4 Unicidad
IP1 0.63 0.60
IP2 0.69 0.44
IP3 0.82 0.28
11 0.66 0.50
12 0.58 0.53
113 0.73 0.42
NI1 0.58 0.58
NI2 0.74 0.35
NI3 0.75 0.44
IEW2 0.56 0.57
IEW3 0.76 0.37
IEW4 0.75 0.38
IEW5 0.84 0.29

Note. The ‘Minimum Residue’ extraction method was used in combination with an ‘oblimin’ rotation.

Table 3 reveals notable robustness in the Electronic word of mouth (eWOM) measure with a
Cronbach's Alpha of 0.839 and an AVE of 0.677, reflecting the coherence and robustness with
which people interact with online opinions. This construct stands out particularly in comparison
to the others, suggesting a significant influence of electronic word of mouth in today's society. On
the other hand, Internet Information and Informative Peers present consistent values. However,
they are lower than eWOM, possibly due to the diversity of sources and types of information
online and the variability in how people value recommendations from their peers. Specifically,
Internet Information has an AVE of 0.631, and Informative Peer has an AVE of 0.656. With an AVE
of 0.664, Internet Regulations indicate a consistent understanding and assessment of online
regulations, although there may be variability in how they are interpreted individually. These
results underline the growing importance of eWOM and the complexity of people's interaction
with information and regulations in the digital environment.

Table 3
Reliability and construct validity
Cronbach's rho A Composite  (AVE)
Alpha reliability
Electronic word of mouth - eWOM (IEW) 0.839 0.848 0.893 0.677
Internet information (ll) 0.722 0.786 0.835 0.631
Informative Peer (IP) 0.758 0.859 0.847 0.656
Normative internet (NI) 0.748 0.786 0.855 0.664

Table 4 examines the discriminant validity of the constructs using the Fornell-Larcker criterion
[38], This metric is essential to ensure that each construct or latent variable is distinctive and
does not significantly overlap with other constructs. According to Fornell and Larcker,
discriminant validity is present if the square root of a construct's variance extracted (AVE) is
greater than the correlations between that construct and any other. In other words, each
construct should share more variance with its items than other constructs [39]. Validity tests are
performed to determine how much a given construct differs from other constructs [40]. In the
analysis, Electronic word of mouth - eWOM (IEW) has a value of 0.823 on its diagonal, meaning
that its AVE's square root is 0.823. Comparing this value with the correlations in its row (0.266
with I, 0.341 with IP and 0.451 with NI), it is evident that 0.823 is more significant than any of
these correlations.



Likewise, Internet Information (II) has a diagonal value of 0.794, which is also higher than the
correlations in its row (0.266 with IEW, 0.156 with IP, and 0.317 with NI). Informative Peer (IP)
presents a diagonal value of 0.810, exceeding its correlations with other constructs (0.341 with
IEW, 0.156 with Il and 0.283 with NI). Normative Internet (NI) has a value of 0.815 on its diagonal,
which is higher than the correlations in its row (0.451 with IEW, 0.317 with II, and 0.283 with IP).
Following the Fornell-Larcker criterion, it can be concluded that each construct has discriminant
validity. Each construct is essentially independent and different from the others, which reinforces
the solidity of the model and the clarity of the dimensions that are being measured.

Table 4
Fornell-Larcker criterion
IEW Il IP NI
Electronic word of mouth - eWOM (IEW) 0.823
Internet information (ll) 0.266 0.794
Informative Peer (IP) 0.341 0.156 0.810
Normative internet (NI) 0.451 0.317 0.283 0.815

In Table 5, the Heterotrait-Monotrait (HTMT) criterion was used, a relatively recent research tool
to evaluate discriminant validity between constructs. When using the HTMT to establish
discriminant validity, specific threshold values should not be exceeded., commonly 0.85 or, in
some cases, even 0.9. If the HTMT value between two constructs is less than this threshold, this
indicates a sufficient difference between the constructs, and therefore, they possess discriminant
validity.

In other words, if the HTMT ratio is less than 0.85 (or 0.9, depending on the criterion adopted),
it suggests that the constructs are distinctive and there is no significant overlap between them. In
the context you provided, all HTMT values were significantly below both thresholds, reaffirming
the discriminant validity of the constructs in the study.

Table 5
Heterotrait Criterion - Monotrait —-HTMT
IEW Il IP NI
Electronic word of mouth - eWOM (IEW)
Internet information (ll) 0.316
Informative Peer (IP) 0.373 0.274

Normative internet (NI) 0.559 0.449 0.300
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Figure 1: Model of CB-SEM

Figure 1 presents a model that examines how three predictor variables (Informative Peers - IP,
Internet Information - I, and Internet Normative - NI) influence the dependent variable EWOM
Intention (IEW). The R squared (R?) for IEW: 0.35. This indicates that approximately 35% of the
variability in EWOM Intention (IEW) can be explained by the three predictor variables in the
model. This is a considerable proportion and suggests that these variables significantly impact
EWOM intention. However, 65% of the variability is still influenced by other factors not included
in this model. The relationship between IP (Informative Peers) and IEW: Beta coefficient (§): 0.22.
This implies that a unit increase in IP, holding other variables constant, is associated with a 0.22
unit increase in EWOM intention. The z statistic: 1.95. This value is close to the typical threshold
of 1.96 for 5% significance. This suggests that the relationship between IP and IEW is marginally
significant.

The relationship between II (Internet Information) and IEW: Beta coefficient (§): 0.11. A unit
increase in Il is related to a 0.11 increase in EWOM intention, holding other variables constant. Z-
statistic: 0.93. The relationship is not statistically significant since the z value is well below the
typical threshold.

The relationship between NI (Internet Regulation) and [EW: Beta coefficient (3): 0.42. This
suggests that NI has the most substantial impact on IEW among the three predictors. A unit
increase in NI is associated with a 0.42 unit increase in EWOM intention. Z-statistic: 3.03. With a
value higher than the threshold of 1.96, the relationship between NI and IEW is highly significant.

The model proposes that Internet regulations (NI) have the most pronounced impact on
EWOM intention, with this relationship being statistically significant. Informational Peers (IP)
have a moderate and marginally significant effect. On the other hand, Internet Information (II)



appears to have a minor impact and is not statistically significant in predicting EWOM intention
in this model.

Table 6
Path coefficients - Mean, STDEV, T values, p values
Sample Standard
Hypothesis Original mean deviation T statistics
sample (O) (M) (STDEV) (|O/STDEV|) P values Results
H1:11-> [EW 0.121 0.139 0.090 1.347 0.178 Rejected
H2: 1P -> [EW 0.223 0.235 0.086 2.592 0.010 Supported
H3: NI -> [EW 0.349 0.347 0.097 3.617 0.000 Supported

Table 6 presents the path coefficients for three hypotheses, showing the relationship between
different constructs (II, IP, NI) and the IEW construct. Path coefficients, or betas, represent the
magnitude and direction of the relationship between variables. Additionally, statistical values
(mean, standard deviation, t-statistics, and p-values) are provided to evaluate the significance
and robustness of these relationships. Hypothesis H1 examines the relationship between Internet
Information (II) and Electronic word of mouth (eWOM) (IEW). The positive coefficient of 0.121
indicates a positive relationship but is not very strong. The p-value of 0.178 is more significant
than the standard threshold of 0.05, meaning that this relationship is not statistically significant
at that level. Therefore, there is not enough evidence to claim that Internet Information (II)
significantly impacts eWOM (IEW).

Hypothesis H2 examines the relationship between Informational Peers (IP) and eWOM (IEW).
The positive coefficient of 0.223 suggests a moderate positive relationship. The p-value of 0.010
is less than 0.05, indicating that this relationship is statistically significant. Therefore,
Informational Peers (IP) significantly impact eWOM (IEW).

Hypothesis H3 evaluates the relationship between Internet Regulation (NI) and eWOM (IEW).
The coefficient of 0.349 suggests a stronger positive relationship than the other two hypotheses.
The p-value is 0.000, clearly less than 0.05, indicating statistical significance. This implies that the
Internet Regulation (NI) significantly impacts eWOM (IEW). Thus, while Internet Information (II)
does not seem to have a significant impact on eWOM (IEW), both Informational Peers (IP) and
Internet Regulation (NI) have significant relationships with eWOM, with the relationship of
Internet Regulations the strongest of the three.

4. Conclusions and discussion

Regarding the significant influence of Internet regulations, of the three predictor variables
analyzed, the Internet Regulations (NI) proved to have the most significant influence on the
Intention of Electronic Word of Mouth (IEW). A unit increase in perceptions or attitudes toward
Internet regulations was related to a significant increase in intention to participate in EWOM. This
could suggest that online regulations and standards are crucial in determining how people share
and trust opinions online.

The influence of Informational Peers (IP) on EWOM intention was positive and marginally
significant. Although its impact was not as strong as Internet regulations, it is still relevant. This
highlights the importance of peer-to-peer word of mouth and how recommendations and
opinions from well-known and trusted people can influence the intention to share or trust online
opinions.

The relationship between Internet Information (II) and EWOM intention was not found to be
statistically significant in this study. Although this does not negate the importance of online
information, it indicates that, in the context of this study, other factors (such as regulations and
peer opinions) may be more determined in the intention to participate in EWOM.

The proposed model was able to explain approximately 35% of the variability in EWOM
Intention. This indicates a significant contribution of the predictor variables to EWOM behaviour,



although a considerable percentage of variability is explained by other factors not included in this
study.

Online companies and platforms should consider the importance of regulations and peer
influence when designing marketing strategies or implementing platform features; encouraging
positive word of mouth and ensuring clear and favourable regulations can boost users' intention
to participate in EWOM.

Exploring other factors that could influence EWOM intention would be beneficial to gain a
more complete understanding. Additionally, studies could be conducted in different contexts or
demographics to see if these results are consistent across diverse settings. This study provides
valuable insights into the factors influencing the intention to participate in the Electronic Word
of Mouth, underscoring the preeminence of online regulations and the role of peer
recommendations.

The results show a strong correlation between Informational Peers (IP) and eWOM Intention
(IEW), suggesting that IPs play a fundamental role in forming opinions and digital experiences.
However, a weak correlation or no correlation could indicate that although Pls are relevant, other
forces could influence IEW. This idea of Pls facilitating social learning [1]. Furthermore, the
guiding role of IPs, especially in uncertain markets [5].

If the results demonstrate that Internet Information (II) significantly impacts IEW, it would
highlight the dominance of online information in consumer decision formation. The
transformation in how people access and process information due to II [2]. Furthermore, the
possibility of digital sources outweighs the influence of IPs, especially considering demographic
factors [7].

Internet rules and regulations can be decisive in guiding consumer decisions if our results
show a notable effect of Internet Regulations (NI) on [EW. This critical role of NI in shaping online
behaviours and expectations [3]. Furthermore, the relevance of normative behaviours in various
contexts, from eWOM to academic performance [14] and [23].

If a strong tendency among individuals to engage in eWOM is observed in our results, it would
indicate a shift from traditional forms of word of mouth toward digital platforms. This
transformation is like word of mouth in the digital age [4]. Implications related to trust and how
the strength of social ties in the context of eWOM can limit it [29].
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