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Abstract
Recent work on the textual features linked to literary quality has primarily focused on commercially
published literature, such as canonical or best-selling novels, that are systematically filtered by editorial
and market mechanisms. However, the biggest repositories of fiction texts currently in existence are
free fanfiction websites, where fans post fictional stories about their favorite characters for the pleasure
of writing and engaging with others. This makes them a particularly interesting domain to study the
patterns of perceived quality “in the wild”, where text-reader relations are less filtered. Moreover, since
fanfiction is a community-built domain with its own conventions, comparing it to published literature
canmore generally provide insights into the reception and perceived quality of published literature itself.
Taking a novel approach to the study of fanfiction, we observe whether three textual features associated
with perceived literary quality in published texts are also relevant in the context of fanfiction. Using
different reception proxies, we find that despite the differences of fanfiction from published literature,
some “patterns of quality” associated with positive reception appear to hold similar effects in both of
these contexts of literary production.
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1. Introduction

Throughout literary history, the question of literary quality has garnered answers in various
forms, from complete (and competing) aesthetic theories to creative writing manuals [25, 31].
A small number of studies have also attempted, in recent years, to tackle the topic from a quan-
titative perspective, identifying stylistic and narrative patterns that might hold a connection
with a positive reader experience and response [20, 10, 23]. Such studies have converged on
general elements at the level of style and structure, which appear connected to different kinds
of literary reception, i.a., linguistic complexity [44], emotional articulation [64], and “basic”
stylometric parameters [4]. Such analyses, however, have been primarily focused on com-
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mercially published literature,1 which comes with its inevitable filters of marketing, editorial
processing, as well as more general cultural and social promotion, such as the profile and fame
of an author – factors that have also been shown to have a significant impact for sales figures
[83]. In this respect, the world of online self-publishing can be an ideal “experimental setting”
for observing how and whether observations made on published literature hold when filters
and constraints are diminished.

Despite the existence of large repositories of non-fanfiction works,2 the largest part of online
fiction is arguably constituted of fanfiction.3 A fanfic is defined as a fictional story written by
fans that centers around pre-existing characters, plots and/or entire imaginary worlds [3, 78, 69,
68]. While this definition is broad enough to include texts from the literary tradition – Euripi-
des’ The TrojanWomen is, in this sense, a fanfic of The Iliad – fanfiction is generally understood
in a narrower sense as the production of groups of non-professional writers expanding com-
mercially published novels or shows. In the digital age, fanfiction is predominantly posted to
online websites [30], such as Fanfiction.net4 and Archiveofourown.org5, also known as AO3.
There are currently over 13 million posts on AO3 from more than 65,000 fan communities.

Fanfiction is often considered a ‘lesser’ form of literature: derivative, unedited, written
mostly to elicit strong affective responses, and so forth [72, 67]; and despite the ready availabil-
ity of large amounts of fanfiction online, relatively little research has examined these descrip-
tions critically and explored its textual profile quantitatively. To bridge the gap between the
study of textual features of perceived literary quality of published literature and of fanfiction,
this paper explores and compares selected textual features from 9,000 fanfics with those from a
corpus of ca. 9,000 published works. Specifically, we utilize readability, nominal style, and the
Hurst exponent of stories’ sentiment arcs. We chose these measures as they have been related
to reader appreciation and popularity in the context of commercially published and established
literature.

2. Related Works

2.1. Literary Quality

The question of what makes creative writing ‘good’ is perhaps one of the most debated in
literary history. Over time there have been many rules and recommendations about how to
write better, supposedly applicable across genres: from detailed suggestions about which parts
of speech one ought to avoid to overall recommendations on style. Generally, one might dis-
tinguish between two main lines of reasoning: on one hand, the idea that good literature is
simple or “more direct”, and on the other hand, the concept that good literature is complex and
demanding .

1With ‘commercially published’, we refer to fiction as it has traditionally been published on the market in a book
form (at least in a Western context). Henceforth, we use the phrase ‘published literature’ to refer to commercially
published literature.

2We refer to non-fanfiction works of literature online, such as those found on Wattpad.
3Fanfiction is often abbreviated to just fanfic or even fic. Here, we’ll use the term fanfiction for the genre more
generally, while we refer to individual stories as fanfics.

4https://www.fanfiction.net
5https://archiveofourown.org
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Regarding good writing as more ‘direct’, we observe scholars and authors promoting a di-
rect style, such as Sherman [73] who suggested that simplicity – i.e., shorter sentences – should
be a marker of “better” literature. Some simplicity laws for literature have traditionally been
set forth by critics and authors alike – for example, Hemingway recommends plain and un-
derstated prose [38], Stephen King has famously advocated more readable texts King [48],
and Strunk, White, and Angell [76]’s influential book, The Elements of Style, advised avoiding
‘embellishment’. Measures adopted from linguistics, so-called readability indices – essentially
based on estimating difÏculty by sentence or word length – are also used to estimate both
the accessibility and, implicitly, the “quality” of a text. They are widely implemented in more
recent creative writing and publishing aids.6 Generally, more recent studies that seek to pre-
dict perceived literary quality or success also include textual features related to readability (i.a.,
sentence-length, vocabulary richness and redundancy) [16, 23, 24, 49, 52, 1].

Conversely, others have promoted “purple prose”, characterized as complex and challenging
writing, “rich, succulent and full of novelty” [84]. The profile of canonic literary works has
often been associatedwith suchmore challenging style, whether because canonic works exhibit
lower readability [7], higher textual entropy [1] or higher perplexity and cognitive demand for
the reader [10, 85]. Recent studies that have compared features of texts across various “proxies
of quality” – i.e., comparing books that won prizes to bestsellers – show that the preference for
easier/ more challenging books varies across proxies. For example, more readable books are
more likely to have a high number of ratings on Goodreads but are less likely to win awards
[7]. Similarly, more prestigious literature appears to elicit higher perplexity (i.e., perplexity
or novelty as measured through Large Language Models) than popular literature [85]. What
the textual features of “quality” are, then, depends largely on how we conceptualize quality,
especially since defining literary success as “popularity” or spread (i.e., number of Goodreads’
ratings) appears to exhibit opposed tendencies to defining it as “prestige” or expert choice (i.e.,
canonicity as measured by the presence of a work on college syllabi). For the present study,
we consider both polarities, operationalizing quality as both popularity and appreciation (see
Section 3.3).

Going beyond traditional stylometric assessments, recent studies have focused on gauging
the complexity of a text and its relation to literary success by looking at the deeper dynam-
ics of their emotional development – intensity, fluctuations, and trajectory [53, 10]. Most of
these works have centered on tracing so-called sentiment arcs, i.e., arcs that represent how the
valence of words or sentences fluctuates across a narrative text [46]. Focusing on the affect
of texts in this way introduced a new lens for understanding the impact of texts on readers
[28, 18], with the potential for moving beyond the stylistic level when modeling perceptions of
literary quality [66]. While most studies have focused on the visual shapes of sentiment arcs
[71, 47], others have sought to gauge their mathematical properties [54, 11] based on the idea
that readers tend to appreciate a certain balance in the complexity and predictability of the nar-
rative flow. Hu, Liu, Thomsen, Gao, and Nielbo [40] and Bizzoni, Peura, Nielbo, and Thomsen
[11] have modeled the persistence, coherence, and predictability of arcs through measures like
the Hurst exponent to measure the global complexity of sentiment arcs [8] – a measure that ap-
pears to be applicable for predicting the relative success of a work [13]. This perspective aligns

6Such as the Hemingway or Marlowe applications

720



with theories that go beyond simple stylistic complexity emphasizing the capacity of narratives
to engage and challenge readers at an affective level [2]. Such approaches foreground narrative
or sentiment complexity as a key determinant for perceived literary quality [40], drawing on
the role of predictability for aesthetic attraction [22, 57] in other domains, such as in music or
the visual arts [56, 15].

2.2. Fanfiction as a medium

Unlike most contemporary fiction, fanfics are often posted serially with authors posting one
chapter of a story at a time. Despite the option of planning the story ahead, most fanfiction
writers also choose to write on an ongoing basis. Depending on the platform, readers can
leave comments and likes for specific stories to indicate their appreciation and encourage the
authors to continue, which also allows them to respond and incorporate readers’ feedback into
future chapters [32, 14]. Many fanfiction writers are also more focused on creating emotional
situations and experiences7 that center on the characters of their favorite media. As such,
developing a structured and “complete” narrative is less important for writers [3], which means
it is not uncommon for fanfics to have a thin or non-existent plot (known as the PWP genre or
Plot, What Plot?) and to be left unfinished.

Early research into fan communities and fanfiction often compared fanfics to their respective
sourcematerial, focusing primarily on the similarities and contrasts in the content of the fanfics
compared to the source. A form of power struggle between producers and fans was observed
[45] in the way fans created their version of the source texts through re-interpreting and re-
writing certain narrative elements or events [77]. Fanfiction became, in this sense, a medium
through which fans could “fix” their favorite stories – which later became a genre of its own,
the “fix-it-fics” [69]. In more recent years, the understanding of the power dynamic between
producers and fans has become more nuanced [78], and focused more on the internal structure
of the community and how it’s reflected in the texts [77, 26, 17].

2.3. Quantitative Studies of Fanfiction

An early quantitative study of fanfiction compared the attention allocated to different charac-
ters in fanfics to the corresponding original text [60]. Comparing the source texts of ten dif-
ferent canons to their corresponding fanfiction, they found that fanfiction deprioritizes main
characters in favor of secondary ones and that it devotes more attention to female characters
than the original texts. There have since been multiple studies that have investigated the fea-
tures of popular fanfiction. Concerning stylometrics, popular fanfics have been found more
likely to have a simpler syntactic structure and plainer writing style, but a wider vocabulary
[55, 63]. When comparing fanfiction to source texts, fans prefer longer fanfics with a greater
romantic focus and emotional arcs that are dissimilar to the original novel [75, 63]. Fans also
appear to generally prefer more character interaction over narrative exposition [55], while
different communities might prefer the characters’ dynamics to be more similar to or more
deviant from the original text [75]. This indicates that some aspects of well-liked fanfiction
may hold across fandoms, such as a preference for a novel story arc and features related to the

7Or for characters to have sex [61].
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simplicity/complexity of the text, whereas other aspects, such as specific character interaction
dynamics, are more community-dependent.

3. Methods

We compare a corpus of commercially published fiction to a corpus of fanfiction using three
different textual measures and three different conceptions of ”quality”.

The three textual measures are related to complexity at two theoretically distinct levels: the
stylistic level where we measure complexity through readability and nominal ratio, and the nar-
rative or structural level where wemeasure complexity via the Hurst exponent of the sentiment
arc (described in depth in the following sections).

We then relate these three measures to our three conceptions of perceived literary quality.
The first we call spread which relates to the popularity of a given work. The second is appre-
ciation which is based on crowd-sourced opinions of the given works. The final conception is
based on the idea of canonicity which is related more to expert opinions and prestige for the
commercially published novels (also described in depth in the following sections).

3.1. Corpora

We compare a corpus of published novels – the so-called Chicago Corpus – to a corpus of fanfics,
both comprising around 9,000 works (see Table 1).

The Chicago Corpus is a selection of 9,089 English-language novels from different genres,
published in the US between 1880 and 2000, and covering around 3,150 authors (see Bizzoni,
Moreira, Lassen, Thomsen, and Nielbo [9] for details).

It has been used in recent studies focusing on the textual properties of books deemed of “high
quality” [85].8 As it is also a unique dataset in terms of size.9 and diversity, we consider it an
especially good match for our research. Texts were selected based on the number of libraries
holding a copy of the novels and the corpus spans many genres across high- and low-brow
fiction. It also lists both prestigious and popular works ranging from Nobel prize winners to
Science Fiction classics [51].10

The fanfiction corpus consists of a sample of 9,000 fanfics from three different fandoms:
Percy Jackson and the Olympians, Harry Potter, and The Lord of the Rings. These three fandoms
were chosen because they constitute some of the biggest fan groups based on literary works.11

8The annotated Chicago corpus dataset – though including only a selection of full texts – is available at https:
//github.com/centre-for-humanities-computing/chicago_corpus.

9Often, studies on reader appreciation rely on < 1,000 books [35, 49] Though larger corpora exist (e.g. the Hathi),
to the best of our knowledge this is the largest curated corpus of narrative fiction (without common OCR errors,
spurious texts, noise segments such as introductions, etc.).

10The corpus has no reference publication, though other studies are based on it [79, 19]. See the corpus description
at the Textual Optics Lab.

11An exhaustive study of fanfiction is nearly impossible at this stage given the sheer number of texts and fan groups.
We decided to pick these three fandoms due to their size and popularity, taking them as a good starting point for
this initial study.
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Although narrowing the corpus in this way limits the generalizability of the findings, it allows
for a more controlled comparison between the two corpora as well as across fandoms. Espe-
cially when considering the limited previous work on quantitative studies of fanfiction, a more
controlled corpus is important for robustness while also opening the door for greater variety
in future research.

The fanfics were randomly sampled and scraped from the online fanfiction site Archive of
Our Own from the three fandom tags – “Harry Potter – J. K. Rowling”, “Percy Jackson and the
Olympians – Rick Riordan”, and “Lord of the Rings – J. R. R. Tolkien” – and 3,000 fanfics from
each tag were retrieved.12 Only fanfics that were written in English and had no crossovers
(characters from other fandoms) were included to facilitate a more controlled comparison
across fandoms. 14 texts were excluded due to artifacts in the scraping process.

Table 1
Summary of the Chicago and Fanfiction corpora

Corpus Texts N. words

Chicago 9,089 1,059,783,918
Fanfiction 8,986 101,075,646

3.2. Textual measures

For the textual features, we have selected three different measures that have been used in the
study of literary quality and reception in published literature: the Dale-Chall New Readability
score, measuring textual simplicity at the stylistic level; the “nominal ratio”, measuring the
nominality of the writing (presence of nominal style); and the Hurst exponent, measuring the
complexity of the sentiment trajectory of a story, i.e., the sentiment arc.

We chose these measures based on their effectiveness in previous quantitative analyses of
literary quality, as well as their coverage of different layers of text: surface stylometry (Dale-
Chall), grammatical patterns (nominal ratio) and, finally, sentimental-narrative profile (Hurst
exponent) [7, 85, 10]. In other words, these measures have a well-established relationship to
different conceptions of literary quality, and allow us to assess the texts on different levels of
complexity.

Dale-Chall Readability The Dale-Chall readability score was developed in the 1940s by
linguists Edgar Dale and Jean Chall, who attempted to measure the difÏculty of a text from
easy (low score) to hard (high score). Like other readability metrics, it proposes a sentence and
word length combination calibrated with specific constants.

Raw Score = 0.1579 (DifÏcult Words
Total Words

× 100) + 0.0496 ( Total Words
Total Sentences

) (1)

The score also adjusts for the presence of “difÏcult words” – defined as words which do not
appear on a list of words which 80% of fourth-graders would know.13

12The texts were collected at the beginning of 2024 and are published between January 2002 and December 2023.
13See the Dale-Chall word-list.
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Adjusted Score = {Raw Score if DifÏcult Words
Total Words

≤ 0.05
Raw Score + 3.6365 if DifÏcult Words

Total Words
> 0.05 (2)

Among several tested formulae, the Dale-Chall appeared to be one of the best predictors of
spread and popularity in literary fiction [7].

Nominal Ratio We call “nominal ratio” the ratio between nouns and adjectives over verbs.
We estimated the number of nouns, adjectives, and verbs in each work by annotating the texts
with parts-of-speech tags using spacy’s [39] large English pre-trained model.14

Nominal Ratio = Nouns + Adjectives
Verbs

(3)

This metric has proved, in published literature, to hold strong correlations with LLM-based
perplexity as well as reception and quality proxies, and to be in accordance with the effects of
“optimized” communication in non-literary domains [85, 27]. It can be understood as a measure
of how demanding the writing style is, and be used to nuance the score from the readability
measure.

Hurst exponent The Hurst exponent (H) measures the long-term memory of a time series,
indicating whether it is trending, mean-reverting, or exhibiting a random walk behaviour. A
value of 𝐻 = 0.5 suggests a random walk (no correlation), 𝐻 > 0.5 indicates persistent or
trending behavior, and 𝐻 < 0.5 suggests anti-persistent or mean-reverting behavior.

The formula for estimating the Hurst exponent 𝐻 using rescaled range analysis is:𝑅(𝑛)𝑆(𝑛) = 𝑎 ⋅ 𝑛𝐻
where 𝑅(𝑛) is the range of the first 𝑛 values, 𝑆(𝑛) is the standard deviation of the first 𝑛 values,

and 𝑎 is a constant [41, 70].15 More persistent arcs tend to be connected to more predictable
narratives [6], while mean-reverting arcs are connected to more complex narratives.

Recent studies in the dynamics of sentiment arcs for novels and short stories alike have
found that different conceptions of quality are related differently to the Hurst exponent [40, 8].
LowerHurst exponents (i.e., more complex narratives) have been connected tomore ‘highbrow’
fiction, and higher Hurst exponents (i.e., more predictable dynamics), to more widely spreading
works (like bestsellers) [5].

We compute the Hurst exponent of both novels and fanfics from their sentiment arcs – i.e.,
the consecutive highs and lows in valence across a narrative – computed through valence
annotation with VADER [42] on a sentence base.

14https://github.com/explosion/spacy-models/releases/tag/en_core_web_lg-3.7.1
15For a more detailed version see for example Hu, Liu, Thomsen, Gao, and Nielbo [40]
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3.3. Quality measures

Naturally, there are several different approaches to the understanding of literary quality. In
this paper, we use a combination of crowd-sourced and expert-based proxies. The crowd-
sourced quality measures are based on two proxies of reader reception:16 reader appreciation
and spread. In addition to the reader reception measures, we also use conceptions of canonical
literature as a separate expert-based quality proxy, as defined below.

Published Fiction Quality Measures

To gauge the appreciation and spread of published fiction, we use ratings from the popular
online social platform Goodreads. With its more than 90 million users, Goodreads catalogues
books from a wide spectrum of genres and derives book-ratings from a heterogeneous pool of
readers in terms of background, gender, age, native language and reading preferences [62].17.
While Goodreads’ ratings and rating count do not present an absolute measure of literary ap-
preciation, they do offer a valuable perspective on a title’s overall reception among a diverse
population of readers, whose preferences appear to differ from expert critics [81].

Appreciation: Goodreads average rating We used the average number of stars (from 1 to
5) assigned to a book by Goodreads’ users as our measure of reader appreciation for published
novels. This measure has the benefit of being independent from the number of ratings the book
received.

Spread: Goodreads rating count Complementary to the average rating, the number of
ratings on Goodreads indicates how many users have taken the time to assign a score to a
given novel, independently from the score-value. As such, we use it as a metric of spread or
popularity – the book might be infamous, but it did manage to reach enough readers to get
rated online.18

Canonicity: Prizes and Penguin Classics Defining what constitutes canonical literature
is a complicated task, and different literary scholarships have held extreme views on whether
the conception of the canon is arbitrary or universal [37, 36]. Still, recent studies have shown
that, at the large scale, readers seem to converge on their perception of what is canonic, classic
or “literary” [49, 82, 34], categories which also appear to exhibit a distinct textual profile [16, 4,
12, 5].

16With “quality proxy”, we mean an approximation of the concept of literary quality or reader appreciaiton, i.e., a
specific operationalization of reader appreciation among many potential ones. For example, what is rated high on
Goodreads may not be a book held in many libraries or may have very few translations; library holding numbers
and translation counts being two other ways of approximating reader appreciation.

17Still, we see the continuation of established patterns on the platform: for example, works that are often assigned
on college syllabi are also perceived as ‘classics’ on Goodreads [82]

18Feldkamp, Bizzoni, Thomsen, and Nielbo [34] show how Goodreads rating count seems to correlate with other
proxies that tend to measure dissemination or popularity over appeciation, such as translation and library hold-
ings, the Wikipedia rank of the author, and so forth.
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For gauging the feature values of more “canonical” fiction in the published corpus we created
two subsets of canonical fiction based on Feldkamp, Bizzoni, Thomsen, and Nielbo [34]: i) a
Prizes subset of those titles that have been long-listed for the Pulitzer and National Book Award,
or are by a Nobel-winning author, and ii) a Canon subset of those titles that are canonical
insofar as they are included in the Penguin Classics series,19 appear among the top 1,000 titles
on college syllabi for English Literature,20 or are by authors who are mentioned in the Norton
Anthology of English and American literature.21,22

Fanfiction Quality Measures

To gauge the appreciation and spread of fanfiction, we use metrics available on AO3.

Appreciation: The kudos/hits ratio The kudos/hits ratio is based on the number of likes
a story has received – the so-called kudos – and the number of people who have opened the
fanfic – the number of hits. It is computed as the number of kudos divided by the number of
hits, which amounts to a measure of howmany fans who opened and read a fanfic also enjoyed
it. Although it doesn’t account for repeating readers – thus penalizing fanfics that update more
often – it does account for the fact that older fanfics will have a greater number of kudos and
hits merely because they are older [65]. It also has the benefit of normalizing the number of
kudos based on hits, and thus makes it independent of its popularity.

Spread: Number of hits The popularity/spread proxy for fanfiction was measured as the
number of hits. Fanfics get a hit each time a user opens the given story.

“Canonical” fanfiction Since there is no comparable measure of canonicity as it pertains
to fanfiction, this divide is primarily used for testing whether fanfics with a high kudos/hits
ratio behave like canonical fiction. Thus, to have a comparable split of “canonical” fanfiction,
we used the kudos/hits ratio to divide the fanfiction corpus into three. The first split divided
the fanfiction into the bottom 50% and upper 50% kudos/hits ratio scores. The 50% cut occurred
at a kudos/hits ratio of 5.49. This meant 4,493 fanfics in the “non-canonical” group (i.e., bottom
50%) and 4,493 fanfics in the “canonical group” (i.e., upper 50%). The second split was at the
upper quantile of the kudos/hits ratio, meaning a kudos/hits ratio of 8.29. 2,240 fanfiction are
“canonical” using this split while 6,737 fanfics are “non-canonical”. For the final group, a split
at 87.5% of the distribution was used. This meant fanfics were split at a kudos/hits ratio of
10.76, meaning 1,124 “canonical” fanfics and 7,862 “non-canonical” fanfics.

19https://www.penguin.co.uk/penguin-classics
20We used the data of the OpenSyllabus project: https://www.opensyllabus.org
21https://www.norton.com/books/9780393543902
22For more on the collection of these quality-proxies, see the Chicago Corpus Dataset documentation.
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4. Results

4.1. Comparing fanfiction to the Chicago Corpus

The difference in textual features across corpora was tested using a Wilcoxon Rank Sum test.
Compared to the Chicago corpus, the fanfiction texts have a significantly higher Dale Chall
Readability score (𝑟 = .68, 𝑝 < .001), meaning they are generally less readable than published
literature. A qualitative inspection of the fanfics with the highest Dale Chall score showed that
this effect is to some degree explained by very long and run-on sentences with few full stops.23

Figure 1: Distribution of scores for each corpus across textual measures.

Table 2
Mean values, * indicates a significant difference across corpora (𝑝 < .001).

Fanfiction mean Chicago mean Difference

Dale Chall 5.73 5.06 -0.67*
Nominal Phrases 1.41 1.48 0.07*
Hurst Exponent 0.57 0.61 0.04*

Fanfiction is also found to have significantly lower nominal ratio (𝑟 = .16, 𝑝 < .001) making
the writing style generally less demanding compared to published fiction, confirming that the
lower readability is not linked to an overall more sophisticated style, but simply to a harder-to-
read style. Differenceswere evident at the level of sentiment arcs’ structure aswell:24 fanfiction
23For example: “Better than watching her though he cannot help hearing her voice, low in song, raised unceasing as
it has risen and fallen these long slow hours, past time when mortal throat would silence in hoarseness, untiring,
in effort of power on which more than life shall depend, rising and falling, now to cajole, coax into quietude,
lulling into stillness, then strong to command, bind into submission, that over which she sings”: https://archiveo
fourown.org/works/4233628

24something discussed in qualitative analyses as well, see for example Kustritz [50]
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Table 3
Spearman’s 𝜌 between each textual feature and spread. *𝑝 < .001

Dale-Chall Nominal ratio Hurst exponent

Fanfiction -0.24* -0.17* 0.092*
Chicago -0.13* -0.05* 0.072*

Table 4
Spearman’s 𝜌 between each textual feature and appreciation. *𝑝 < .001

Dale-Chall Nominal ratio Hurst exponent

Fanfiction 0.18* 0.063* -0.12*
Chicago -0.20* -0.089* 0.16*

has a significantly lower Hurst exponent than Chicago (𝑟 = .29, 𝑝 < .001), meaning they are
less coherent, but also less predictable, in their story arcs.

With respect to published literature, these results suggest a hybrid scenario in fanfiction,
where some features normally associated with high-brow or canonical literature (such as a
lower Hurst exponent) are mixed with others linked to low-brow or popular literature (such as
a lower nominal ratio). These differences are also visualized on Figure 1.

4.2. Reader Appreciation and Spread

Concerning correlations between the spread of texts and their different textual features, there
is a similar pattern for the Chicago corpus and the fanfic corpus. As reported in Table 3),
fanfics’ number of hits exhibits the same pattern as the Chicago corpus’ number of ratings:
both hits and number of ratings have a negative correlation with Dale Chall scores and nominal
style, while there is a slight positive correlation with Hurst (Table 3). This indicates that dense,
demanding, and less readable writing styles may slow the spread of narratives regardless of its
type.

Concerning reader appreciation, fanfics and published literature contrast in several ways.
As reported in Table 4, the kudos/hits ratio is found to be positively correlated with Dale Chall
scores. This means that as fanfics become harder to read, reader appreciation increases. The
opposite pattern applies to the Chicago corpus, where the average rating on Goodreads has a
negative correlation with Dale Chall scores (Table 4). Similarly for nominal ratio, the fanfiction
corpus is found to have a positive correlation between nominal ratio and appreciation, while the
opposite is found in the Chicago corpus. For theHurst exponent, the direction of the correlation
is again opposite across the two corpora, with fanfiction having a negative correlation between
reader appreciation and Hurst, while Chicago has a positive one.

This could indicate two differing interpretations. The first being that what is appreciated
in fanfiction differs from what is appreciated in published novels. In other words, while the
Goodreads users show a preference for amore predictable narratives that are easier to read both
stylistically and grammatically, fans exhibit the opposite preference. The second interpretation
concerns what is actually being measured. As mentioned earlier, there are multiple ways to
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Figure 2: Quantile regression lines between textual feature scores and reader appreciation proxies
across the two corpora. Reader appreciation proxies have been standardized for the visualization.

Figure 3: Quantile regression lines between textual feature scores and spread proxies across the two
corpora. Spread proxies have been standardized for the visualization.

conceptualize “quality” and these different conceptions are related to different preferences -
users on Goodreads have different preferences than literary critics. As such, the kudos/hits
ratio might be more similar to other kinds of quality proxies than the Goodreads average rating.

4.3. Canonical Fiction and Fanfiction

While appreciation shows this complete opposite pattern (also visualized on Figure 2 and Fig-
ure 3), these seemingly divergent trends in reader appreciation are not necessarily a departure
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Table 5
Mean textual feature score for each canon group in Fanfiction. All differences between non-canon
and canon are significant at 𝑝 < .001 (using the Mann-Whitney U test).

50% split 75% split 87.5% split

Non-canon Canon Non-canon Canon Non-canon Canon

Dale Chall 5.66 5.81 5.69 5.84 5.71 5.87
Nominal Ratio 1.40 1.42 1.40 1.44 1.40 1.46
Hurst 0.58 0.56 0.57 0.55 0.57 0.55

of fanfiction from edited literature patterns. Looking at Wu, Moreira, Nielbo, and Bizzoni [85]
and Bizzoni, Moreira, Lassen, Thomsen, and Nielbo [9], fromwhich we took some of these met-
rics, it seems that fanfictions’ reader appreciation might be displaying patterns that are similar
to another category of reception, that of canonical fiction.

As we detailed in Section 3.3, for the second part of our study we compared canonical fiction,
as defined in Bizzoni, Moreira, Lassen, Thomsen, and Nielbo [9], with the most appreciated
fanfictions (that we call, for comparison purposes, “canonical” fanfiction).

We show the main results in Table 6 and Table 5. When comparing increasingly exclusive
subsets of highly-appreciated fanfiction, the Dale-Chall Readability score and the nominal ratio
appear consistently higher for the canonical groups. In fact, they become higher the more
exclusive the “quality group” becomes. There is consistently a higher Dale Chall readability
score and nominal ratio in the canonical group, and this score also increases as the ‘canon’
group becomes more exclusive (i.e., the threshold increases). The same is evident for published
literature.

Surprisingly, the Dale-Chall score for “non-canonical” fanfiction also increases as the thresh-
old increases, whereas the nominal ratio remains the same. This indicates that the Dale Chall
score has a more linear relationship with the kudos/hits ratio, whereas the mean nominal ratio
for canonical fanfiction might be driven by few, greatly appreciated fanfics with a high nominal
ratio.

For the Hurst exponent, the similarities between published and unpublished literature are
less obvious, as there is no difference between canonical and non-canonical fiction in Hurst
score, but canonical fanfics consistently have a lower Hurst exponent than the non-canonical.
Previous works found a link between Hurst exponent and perceived literary quality when com-
paring bestsellers to high-brow texts [5], but the split between canon and non-canon might be
slightly too crude to pick it up.

4.4. Comparing fandoms

So far, we have treated the fandom corpus as one whole. However, as fandoms are known to
develop unique characteristics linked to their original texts [33, 21], the same textual features
could be used differently in different fandoms within our corpus.

As reported on Table 7, both the Dale Chall Readability score and the nominal ratio show a
difference between the three groups, while the Hurst exponent is equal across groups. The Dale
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Table 6
Mean textual feature score for each canon group in Chicago.

Canon Prizes

Non-Canonical Canon Non-Prizes Prizes

Dale Chall 5.08 5.29 5.10 5.15
Nominal Ratio 1.51 1.64 1.51 1.56
Hurst 0.61 0.61 0.61 0.60

Table 7
Mean textual feature score for each fandom.

Percy Jackson Harry Potter Lord of the Rings

Dale Chall 5.63 5.74 5.82
Nominal Ratio 1.33 1.36 1.52
Hurst 0.57 0.57 0.57

Chall score and nominal ratio both show a similar pattern: Percy Jackson fanfiction has themost
readable and least demanding style, while Lord of the Rings fanfiction appears to be the least
readable and most demanding in style. This could indicate a sort of ’tide effect’, meaning the
writing style of the source texts gets integrated into the fanfiction. Lord of the Rings has been
described as prose-heavy and using flowery descriptions [29], while Percy Jackson is written
in very casual language that is also quite slang-heavy [58]. The Hurst exponent does indicate,
though, that fanfiction as a medium also has textual features that transcend the writing style of
the original author. The equal Hurst exponent across groups might be a product of the medium
of fanfiction which lends itself to a less predictable story arc as compared to published fiction.

As such, not only are these features useful in illuminating aspects of literary quality, they
can also show in which ways fanfics have both community-specific trends and traits that hold
across fan groups.

5. Discussion

Research on literary quality has identified its relevant patterns working almost exclusively on
published literature, with its socioeconomic filters of editorial houses, marketing campaigns,
newspapers, anthologies, professional criticism, and so forth [80]. We have looked for some
of the same patterns in the world of online fanfiction. Less constrained by these filters, online
platforms tend to level access to literary production, where the distinction between writers and
readers is more blurred, and where the production and consumption of texts is faster [32, 43].
Our main findings are the following:

1. Fanfics and published literature have a different overall textual profile when it comes to
readability, nominal ratio, and Hurst exponent of their sentiment arcs

2. Despite these differences, the same features that appear to correlate with spread in pub-
lished literature can be found in fanfiction: more readable texts with a lower nominal
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ratio and a more coherent/predictable arc have a larger spread.
3. Fanfics showing higher levels of reader appreciation behave similarly to novels included

in the literary canon and long-listed for high-brow awards, displaying a more challeng-
ing prose and higher nominal ratio. They also exhibit a reduced Hurst exponent for
their sentiment arcs, a pattern found in other works looking at bestsellers vs high-brow
literature.

4. Fanfics seem to mirror the expected level of complexity of the originals. LOTR fanfics
lean towards the canonical style, while Percy Jackson fanfics lean towards the popular/ro-
bust strategies, and Harry Potter fanfics fall somewhere in the middle.

Overall, fanfics tend to show signs of a different super-style (beyond the style of individual
authors) as compared to published novels, mixing traits that are usually distinct (i.e., they ex-
hibit less nominal style but are harder to read). On the other hand, just as in published books,
fanfics that use “robust” communication strategies, i.e., more readable and less cognitively chal-
lenging writing spread more. These findings first of all support the idea often put forward in
qualitative analyses, that fanfiction differs from traditional fiction in its overall traits [59, 74].
Secondly, despite these overall differences, it supports the general interpretation for literary
reception set forward inWu,Moreira, Nielbo, and Bizzoni [85]: Different communicative strate-
gies are used by popular and high-brow texts, both relating to robust communication through
“noisy channels” and capitalizing on increased linguistic and narrative complexity at the price
of higher cognitive loads. Despite the presence of confounding, spurious effects that inform
the fanfiction domain as a whole (such as the run-on sentences and unstructured storylines),
these same mechanisms might be in place when it comes to successfully achieving popularity
and appreciation.

It is worth noting that we are not interpreting these phenomena in an absolute sense - e.g.
showingwhether fanfictions are “better” or “worse” than published literature. What we are see-
ing are parallel tendencies that mirror each other within the fanfiction and published corpora,
so that the same stylistic and narrative features seem to point to similar reader behaviours,
in terms of reception and perceived quality, despite the vastly different characteristics of the
texts.

In the future, we would like to expand our analysis to larger and more diverse fanfiction
corpora, as well as corpora of original fiction posted on online platforms (user-published). On
the other hand, it would be greatly interesting to expand our set of linguistic and narrative
measures beyond the three we have currently selected, to gauge more representative profiles
of narrative styles in different domains (e.g. published vs. posted texts). With the present
study and in future works, we aim to contribute towards a more nuanced understanding of
narrative styles across diverse textual domains, potentially challenging prevalent notions of
‘inferiority’ attributed to self-published texts compared to established literature, and blurring
the distinctions between these categories.
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