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Abstract
The LongEval lab focuses on the evaluation of information retrieval systems over time. Two datasets are provided
that capture evolving search scenarios with changing documents, queries, and relevance assessments. Systems
are assessed from a temporal perspective—that is, evaluating retrieval effectiveness as the data they operate on
changes. In its third edition, LongEval featured two retrieval tasks: one in the area of ad-hoc web retrieval, and
another focusing on scientific article retrieval. We present an overview of this year’s tasks and datasets, as well
as the participating systems. A total of 19 teams submitted their approaches, which we evaluated using nDCG
and a variety of measures that quantify changes in retrieval effectiveness over time.
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1. Introduction

Information Retrieval (IR) systems are challenged by evolving search settings, where document collec-
tions, user needs, and relevance judgments evolve continuously [1, 2, 3, 4]. However, most evaluation
test collections are static, ignoring the impact of temporal changes. LongEval addresses this gap by
introducing evolving test collections and measuring performance over time. Previous editions of the
lab showed that retrieval effectiveness can vary across time, and that the most effective system is not
always the most consistent one [5, 6, 7]. The lab’s main goals are to (i) assess how the performance of
retrieval systems changes over time as test collections evolve, and (ii) propose methods that mitigate
performance drop by making models more robust over time.
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2. Tasks and Datasets

In 2025, LongEval featured two retrieval tasks:
WebRetrieval: Based on monthly snapshots from the French search engine Qwant1, this task evaluates
how systems trained on earlier data perform on future web collections. The dataset includes: (1) a
training set of 19 million documents and 119,341 queries (June 2022–February 2023), and (2) a test set
of 14 million documents and 63,416 queries (March–August 2023).
SciRetrieval: A new task using snapshots from the CORE2 search engine of open-access scholarly
articles. The dataset includes: (1) a training set of 2 million documents and 393 queries (mid-November
to mid-December 2024), and (2) a test set with two parts: 2 million documents and 492 queries collected
in January 2025, and 99 held-out queries from the training snapshot.

In both tasks, systems were trained once and evaluated on future snapshots without retraining,
enabling analysis of short- and long-term performance shifts.

3. Participation and Systems

We received 45 runs for WebRetrieval and 23 for SciRetrieval from 19 participating teams. Submitted
approaches ranged from classic BM25 pipelines [8, 9, 10, 11, 12] to advanced neural methods involving
reranking [13, 14, 9, 10, 15, 16], query expansion [17, 16, 12], use of historical signals [14, 18, 15], large
language models (LLMs)[17, 19, 12], and clustering techniques[15].

4. Results and Discussion

Effectiveness was measured using nDCG@10 and nDCG@1000. For the WebRetrieval task, systems
generally showed stable performance over short time spans (March to May 2023), but drops over longer
spans (March to August 2023). This trend aligns with document overlap data: earlier snapshots share
fewer documents with later ones, indicating distributional shifts.

In SciRetrieval, the smaller number of snapshots limited long-term analysis, but some systems still
showed robustness, especially those using query clustering and re-ranking. System rankings varied
more across snapshots than in the web task.

To better capture temporal behavior, we used additional metrics: Relative Improvement (RI), Delta RI
(DRI), and Effect Ratio (ER). These showed that only a few systems maintained or improved effectiveness
long-term, and that standard effectiveness metrics alone may not capture persistence.

5. Conclusion

The third edition of LongEval expanded the study of temporal robustness to a new domain and received
strong engagement from the community. While many systems performed well initially, maintaining
effectiveness over time remains challenging.
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