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Abstract
Over the past decade, there has been growing recognition of unethical design practices aimed at deceiving users
or persuading them beyond their original intentions. Businesses employ these techniques to compete within the
advertising-based attention economy, whereas users often bear the cost in the form of reduced control over their
attention and increased time spent online. To ease this tension between business incentives and user well-being,
we propose the concept of Design Transparency Labels (DTLs). DTLs are in-app, contextual interface notices that
make persuasive design features visible, explain how specific design choices may affect users’ digital well-being,
and offer mechanisms to regain control. We argue that DTLs can simultaneously promote more mindful and
intentional technology use, while also helping service providers align with existing regulatory requirements and
build trust capital that may foster user satisfaction and long-term retention.

Keywords
Persuasive Design, Digital Well-Being By Design, Regulation, Attention Economy

1. Introduction

Over the past decade, both scholars and regulators have expressed increasing concern about unethical
design practices adopted by digital service providers that may be detrimental to users. While researchers
have categorized harmful designs under terms such as deceptive design and attention-capture damaging
patterns [1, 2] and have studied their effects on users [3, 4], regulators have proposed legislation to
prohibit the most harmful practices, with notable examples including the European Digital Services Act
(DSA) [5] and the Artificial Intelligence Act (AI Act) [6]. While some overtly deceptive practices such as
sneaking items into a shopping basket or making the unsubscribing process unnecessarily complex are
relatively easy to identify and regulate, other questionable practices (e.g. attention-capture damaging
patterns) are more difficult to frame and regulate. These latter strategies, hereinafter referred to as
persuasive design, persuade rather than deceive, making it challenging to draw a clear line between fair
and unfair use.

As service providers deploy these persuasive strategies at scale to compete for users’ attention
and advertising revenue, a structural tension becomes evident: maximizing engagement to sustain
advertising income may come at the expense of respecting users’ time and attention. To ease this
tension, we propose the concept of Design Transparency Labels (DTLs). DTLs are contextual interface
notices that inform users about the (persuasive) design strategies being employed and their potential
impact on user well-being, while also providing practical calls to action that enable users to regain
control. DTLs are not external interventions, but are intended to be integrated directly within the target
interface. In this respect, they are inspired by transparency mechanisms such as cookie notices, but they
extend the concept beyond data collection to interface-level persuasion. For example, a DTL could raise
awareness about the use of infinite scroll by explaining its potential effect on time spent and attentional
engagement, and offering users the option to disable it.

DTLs may be beneficial for both users and service providers. Unlike existing external tools for digital
self-control [7], DTLs aim to empower users by increasing awareness and fostering understanding of
digital well-being, while also offering contextual calls to action to get back control. From the service
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providers’ perspective, integrating DTLs can be understood as an investment in trust capital. As users
become increasingly aware of the techniques used to sustain engagement, it is plausible that, in the near
future, they may begin to prefer services that respect their attention by design. From this perspective,
DTLs can function as an ethical differentiation strategy. Moreover, DTLs could play a role for interface
design analogous to that of nutrition labels in the food domain: rather than eliminating unhealthy or
processed foods, such labels reframed competition around more informed consumer choice. Finally,
DTLs may help companies operationalize alignment with emerging regulatory frameworks such as the
DSA and the AI Act.

The paper is structured as follows. Section 2 situates the contribution within the existing literature.
Section 3 presents the Design Transparency Label framework, detailing some operational guidelines to
help designing effective DTLs. Section 4 discusses the potential impact of DTLs both from the business
and user perspectives. Finally, Section 5 concludes the paper.

2. Related Works

Concerns over persuasive design strategies have contributed to the emergence of the concept of digital
well-being, which refers to the impact of digital technologies on individuals’ ability to live good,
meaningful, and fulfilling lives [8]. Digital well-being have been originally seen as an individual
responsibility, i.e. users exercise self-control in the face of persuasive technologies using digital self-
control tools [9].

More recently, however, researchers have begun to move the responsibility of digital well-being
from users to platforms and designers of user interfaces. Peters [10] introduced the notion of Well-
being Supportive Design, proposing guidelines for designing with respect for user autonomy and the
support of informed, meaningful choices. Despite these advances, online platforms often struggle to
implement such principles in practice, as engagement-driven business models may conflict with the
goal of promoting user well-being.

DTLs occupy an intermediate position within this landscape. They are not digital self-control tools,
as their primary aim is not to restrict use or impose hard limits, but rather to foster awareness and
gradual learning. At the same time, they do not require platforms to radically redesign their services or
abandon engagement-based features. Instead, DTLs preserve existing interface structures while making
persuasive mechanisms more visible, understandable, and accountable, thereby enabling users to better
grasp how design choices operate and how they may influence behavior.

In parallel, a body of HCI research on explainable AI has studied how to make algorithmic systems
more transparent and intelligible to end users, particularly in the context of recommender systems
and social media [11, 12, 13, 14]. For example, prior work has examined explanation interfaces framed
around questions such as “Why am I [not] seeing this?” [14, 15]. These approaches suggest that
well-designed explanations can enhance users’ understanding of how algorithmic systems curate and
prioritize content [16]. However, simply making algorithmic processes transparent does not necessarily
promote agency, as users may understand how an algorithm works yet remain unable to steer it to their
needs [17].

Moreover, researchers have proposed label-based mechanisms to ensure transparency. Cookie notices,
for example, now ubiquitous due to regulations such as the GDPR [18], aim to inform users about data
collection practices. Other proposals, such as Model Cards [19] and FactSheets [20], seek to summarize
the properties, risks, and performance characteristics of AI systems in standardized and comparable
formats. While these approaches contribute to documentation and accountability, recent studies suggest
that they are often too technical to meaningfully support non-expert users during actual use [21].

DTLs build on insights from these works but differ in both scope and intent. Rather than explaining
at a general level or summarizing system-wide characteristics, DTLs focus on specific persuasive design
strategies as they are enacted through interface design. In this sense, DTLs complement rather than
replace existing explanation and labeling approaches by shifting transparency from static documentation
or one-time prompts such as cookie notices to contextual, in-situ interface cues embedded directly



Figure 1: A DTL for YouTube that supports mindful reflection over continuous autoplay. The DTL warns that
autoplay is currently activated (A), while tapping it opens a an explanatory panel showing how many videos in a
row the user has watched, plus a call to action to disable autoplay (B).

within the flow of use.

3. Design Transparency Labels

Design Transparency Labels (DTLs) are in-app, contextual notices that inform users about a platform’s
design choices and their potential impact on well-being. Just as cookie consent banners promote
transparency around data collection, DTLs extend this concept to interface and algorithmic persuasion.
An example DTL for YouTube is depicted in Figure 1. After a video finishes playing, a yellow box is
displayed to inform users that autoplay is activated. If the box is tapped, an informative pop-up appears
showing the number of consecutive videos played, raising awareness of the potential loss of control
associated with this feature, and offering a toggle to disable autoplay.

Because DTLs are intended to be integrated directly into interfaces by platform designers, we do
not propose a standardized library of DTLs. Instead, we outline an initial set of guidelines to support
designers in implementing their own DTLs:

1. Language: DTLs should adopt a concise and to-the-point tone while remaining informative
enough to support meaningful reflection. The wording should be clear, concrete, and free of
technical jargon, so that users can easily understand which design feature is being highlighted
and why it matters. Importantly, DTLs should avoid blaming or shaming users for their behavior.
Rather than implying a lack of self-control (e.g., “You have been watching for too long”), they
should frame the information in neutral or supportive terms (e.g., “4 videos autoplayed so far”). The
tone should be non-judgmental, empathetic, and oriented toward user empowerment. Whenever
possible, DTLs should emphasize agency by explicitly stating that users can modify the feature
or adjust their settings. In this way, language becomes not only a vehicle for transparency, but
also a mechanism for fostering autonomy and trust.

2. Design: DTLs should respect the platform’s visual identity by adhering to its brand style, including
typography, color palette, and interaction patterns. This consistency can prevent DTLs from
appearing as intrusive warnings imposed from outside the system. At the same time, DTLs must
remain visually distinguishable from surrounding content to ensure that they are noticeable and
not mistaken for regular interface elements. Achieving this balance may involve subtle contrast
in color, the use of borders or background shading.



3. Timing and Position: The effectiveness of DTLs depends not only on what they communicate,
but also on when and where they are presented. DTLs should be displayed at meaningful
interaction points, usually when a persuasive design feature is activated or begins to shape
user behavior. For example, a label addressing autoplay is most impactful immediately after a
video ends and the next one begins automatically; similarly, a notice about infinite scroll may
be triggered after prolonged scrolling. By aligning the appearance of DTLs with the moment
of influence, designers can ensure that the information is contextually grounded and easier for
users to interpret.
In addition to timing, spatial placement within the interface is critical. DTLs should appear
close to the relevant design element they refer to, thereby minimizing ambiguity and supporting
users in understanding the connection between the notice and the underlying feature. Poor
placement—such as positioning a DTL far from the persuasive mechanism it explains—may
reduce clarity and limit its effectiveness. Strategic placement should therefore prioritize proximity,
visibility, and coherence with the user’s current focus of attention.

4. Personalization: DTLs are dynamic notices that should adapt based on multiple variables. Both
their tone and visual design may progressively change as users spend more time in the app,
conveying the increasing criticality of a situation. For example, the YouTube autoplay DTL shown
in Figure 1 could gradually change color (e.g., from informative blue to alerting red) as the number
of consecutive videos increases. In addition, session-based metrics should be integrated into DTLs
to better align them with the user’s current context. In this regard, the proposed YouTube DTL
displays the number of consecutive videos watched. Other possible sources of personalization
include user demographics, patterns from past sessions and behavior, as well as the time of day
or day of the week.

5. Interactivity: Beyond providing information, DTLs should almost always offer users a clear
and immediate way to regain control. Therefore, DTLs should include well-labeled buttons or
toggles that allow users to modify the relevant feature directly (e.g., disabling autoplay, pausing
recommendations, steering feed’s algorithm). The available actions should be simple, reversible,
and clearly explained to reduce friction and avoid unintended consequences. Designers may also
consider graduated interaction options, such as “Remind me later”, “Pause for today”, or “Turn
off permanently”, thereby supporting different levels of commitment.

4. Discussion

4.1. Build User Trust

We argue that DTLs could foster a win–win dynamic for both businesses and users. As individuals
become increasingly aware of the persuasive strategies employed to capture and monetize their attention,
they may grow more sensitive to how different platforms shape their behavior. In such a context, users
may begin to factor the extent to which a platform actively safeguards or prioritizes their well-being
into their usage decisions. Transparency about persuasive design features can therefore function as
a signal of accountability and ethical commitment. From this perspective, integrating DTLs may be
understood not merely as a compliance effort, but as a strategic investment in trust capital. This trust
capital can strengthen user satisfaction and long-term retention.

This dynamic may become particularly important as alternative and decentralized social networking
protocols, such as Bluesky and Mastodon, gain broader mainstream adoption. These platforms promote
different governance and moderation models, potentially lowering switching costs and fostering more
open competition. In such an evolving ecosystem, differentiation may no longer revolve solely around
features, network effects, or monetization strategies, but also around perceived alignment with users’
values and well-being. As user sensitivity to persuasive design increases, competition could gradually
be reframed to include well-being, transparency, and responsible attention design as key dimensions
of value. In this context, the DTL framework provides a practical mechanism for incorporating these
emerging dimensions into platform design.



Figure 2: A DTL for Facebook that informs users about the personalized nature of the feed (A). If tapped, an
explanatory panel is opened providing information about the main parameters driving recommendations as well
as ways to edit them; moreover, it is possible to disable personalized recommendations completely (B).

4.2. Facilitate Regulatory Alignment

In recent years, several regulatory frameworks have been introduced to govern the operation of online
platforms, including the European Digital Services Act (DSA) [5] and Artificial Intelligence Act (AI
Act) [6], the United Kingodom’s Digital Markets, Competition and Consumers Act [22], the California
Consumer Privacy Act [23] and Colorado Privacy Act [24] in the United States, and the Consumer
Protection Act [25] in India. We argue that DTLs are well aligned with the underlying philosophy of
these frameworks and may serve as practical instruments to support compliance.

Transparency constitutes a common thread across these regulatory initiatives. In general, since the
DTL framework is grounded in the principle of transparency, it is particularly well suited to supporting
compliance in this direction. In particular, for example, the DSA requires online platforms that deploy
recommender systems to disclose the main parameters shaping those systems. While the regulation
mandates that such information be made available in terms and conditions, prior research suggests
that users prefer transparency information when it is presented in an interactive and personalized
manner [26]. This finding indicates that contextual, in-interface cues such as DTLs could complement
formal disclosures by making algorithmic transparency more accessible, comprehensible, and actionable.
Figure 2 depicts an example DTL that enables users to learn more about Facebook’s recommendation
algorithm parameters and steer its functioning.

Psychological well-being is also explicitly addressed in the DSA, where negative effects on physical
and mental well-being are framed as systemic risks requiring mitigation. The regulation states that such
risks may arise “from online interface design that may stimulate behavioural addictions of recipients
of the service” (DSA, Recital 83). In this context, DTLs can be deployed to inform users when specific
interface features are likely to encourage prolonged engagement and to provide options to regain
control. For instance, the YouTube DTL shown in Figure 1 may be interpreted as a mechanism to
enhance user awareness and agency, thereby contributing to the promotion of mental well-being.

The protection of minors represents another foundational principle within contemporary regulatory



Figure 3: A DTL for TikTok that informs users about filter effects applied to the current video. The DTL alerts
about the presence of a filter effect and presents minimal information (A), while tapping it opens a an explanatory
panel with in-depth information about the filter (B).

frameworks. DTLs could adapt to users’ age by employing communication styles and visual designs that
are appropriate and more effective for younger audiences. For example, social media platforms such as
TikTok allow users to apply AI-based beauty filters to their photos and videos. Because such filters
may promote unrealistic beauty standards, platforms could implement DTLs that inform when a filter
has been applied and explain how the image has been altered. By explicitly distinguishing between
unmodified and enhanced content, these labels could support media literacy and help minors better
differentiate between reality and digitally manipulated representations. An example of such a DTL is
depicted in Figure 3.

5. Conclusion

This paper introduced the concept of Design Transparency Labels (DTLs): contextual, interface-level
notices designed to make persuasive design strategies visible, understandable, and steerable. As
digital well-being gains societal and regulatory attention, DTLs can help align business incentives
with user interests. By disclosing persuasive mechanisms, platforms can signal accountability and
build trust, without having to redesign interfaces from scratch or abandoning engagement-driven
features completely. At the same time, users can gain greater awareness and agency over their digital
time. Finally, we outlined how the DTL framework can support the operationalization of existing and
emerging regulatory frameworks.
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