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Abstract

Easy-to-Read (E2R) adaptation aims to improve the accessibility of written information for people with reading
comprehension difficulties. Recent advances in Large Language Models (LLMs) have opened new opportunities
for automating this process, although ensuring accessibility while preserving the original meaning remains
challenging. This paper presents the FACILE Team submission to the Spanish track of MER-TRANS 2026, the first
shared task on multilingual E2R adaptation. Our approach is based on the Qwen3.5-9B model and employs a
two-stage fine-tuning strategy. In the first stage, the model is adapted to recognise E2R writing through a binary
style-classification task. In the second stage, it is fine-tuned on a parallel corpus of original and E2R sentence
pairs to perform automatic adaptation. The system was trained using publicly available E2R resources in Spanish
and evaluated using the official MER-TRANS metrics. The proposed approach achieved a SARI score of 41.61
on the Spanish track, outperforming the DoNothing baseline. A qualitative analysis further showed that the
model successfully learns common E2R transformations, including sentence segmentation, lexical adaptation,
and explicit reformulation of specialised concepts. At the same time, challenges related to factual consistency
and meaning preservation remain. These results demonstrate the potential of fine-tuned LLMs for supporting
automatic E2R adaptation in Spanish.
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1. Introduction

Ensuring equal opportunities and universal access to information is a fundamental right for all individ-
uals. However, some groups, including people with cognitive disabilities, low literacy skills, language
learners, and older adults, may encounter difficulties when accessing written information. In this
context, cognitive accessibility plays a key role in enabling participation in education, employment,
public services, culture, and democratic processes on an equal basis with others.

To address these challenges, the Easy-to-Read (E2R) methodology was developed as a set of recom-
mendations aimed at improving text comprehensibility for people with reading difficulties [1, 2, 3].
These recommendations cover aspects such as vocabulary, sentence structure, information organisation,
and visual presentation. Although E2R adaptations have proven to be effective in improving accessibility,
they are typically produced manually by trained experts, making the process time-consuming and
costly in terms of both human effort and resources.

To cover this gap, a growing body of research has explored how Artificial Intelligence (AI) can support
the automatic or semi-automatic adaptation of texts into E2R versions. Regarding technological support
for E2R in Spanish, it is possible to distinguish between tools aimed at analysing compliance with E2R
guidelines and tools aimed at generating adapted texts. Examples of the former include Easy-to-Read
Advisor [4], FACILE [5], Comp4Text [6], and E2R-Helper [7]. Examples of the latter include Simplext
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[8], LexSIS [9], DysWebxia [10], EASIER [11], Simple.Text [12], FACILE [5], ATECA [13], and AlicIA
[14]. However, automatic E2R adaptation remains a challenging task [15], as systems must balance
adaptation, readability, meaning preservation, and compliance with accessibility guidelines.

In recent years, the emergence of Large Language Models (LLMs) has created new opportunities for
text adaptation. Their ability to perform complex rewriting operations, including lexical substitution,
sentence restructuring, paraphrasing, and information reformulation, makes them attractive for E2R
adaptation. At the same time, evaluating and comparing such systems remains difficult due to the
limited availability of common benchmarks and evaluation frameworks. MER-TRANS 2026 (Multilingual
Easy-to-Read Translation) [16] addresses this limitation by providing the first shared task specifically
devoted to multilingual E2R adaptation. Organised within IberLEF 2026 [17], the task evaluates systems
on their ability to generate E2R versions of original texts in multiple languages under a common
evaluation framework.

This paper presents our proposal as FACILE Team, related to the Spanish track of MER-TRANS 2026.
The approach is based on Qwen3.5-9B model [18] and employs a two-stage fine-tuning strategy. First,
the model is adapted to recognise E2R writing through a binary style-classification task. Then, it is
further fine-tuned on parallel original-E2R sentence pairs to perform automatic adaptation.

The rest of this paper is organised as follows. Section 2 outlines the related work. Section 3 describes
the MER-TRANS shared task and the dataset used for evaluation. Section 4 presents the proposed
methodology, including the training resources, fine-tuning strategy, and prompt design. Section 5
reports the official evaluation results and a qualitative analysis of the generated adaptations. Finally,
Section 6 presents some conclusions and future work.

2. Related Work

Several studies have explored the use of instruction-tuned LLMs for generating E2R texts. For Spanish,
Madina and colleagues [19] analysed the use of ChatGPT for E2R adaptation and found that, although
the model can produce more accessible texts, it does not always follow E2R recommendations and
may generate unnecessarily complex structures. Similar observations have been reported for other
languages, where LLMs improve readability but still present challenges related to factual consistency
and controllability [20, 21].

Beyond prompting, recent work has investigated the fine-tuning of language models on E2R corpora.
[22] showed that task-specific fine-tuning can improve adaptation quality compared with general-
purpose prompting, although issues related to meaning preservation and hallucinations remain. These
results suggest that specialised training data can help align model outputs with accessibility require-
ments.

The growing interest in LLM-based adaptation has also led to the creation of shared evaluation tasks.
One recent initiative is CLEARS 2025 (Challenge for Plain Language and Easy-to-Read Adaptation for
Spanish Texts), organised within IberLEF 2025 [23]. The task evaluated systems for adapting Spanish
texts into Plain Language and Easy-to-Read formats and attracted several LLM-based approaches.

3. Task Description

This section summarises the objectives of the MER-TRANS 2026 shared task and describes the dataset
and evaluation setting used in the competition.

3.1. The MER-TRANS 2026 Shared Task

MER-TRANS 2026 (Multilingual Easy-to-Read Translation) is a shared task organised within IberLEF
2026 [17, 16]. The task focuses on the automatic generation of E2R versions of texts in multiple languages
and constitutes the first shared evaluation campaign specifically devoted to multilingual E2R adaptation.



The shared task includes four languages: Spanish, Catalan, Italian, and Arabic. Given an original
text, participating systems must generate an E2R version that preserves the original meaning while
improving readability and accessibility for people with reading comprehension difficulties. The task is
evaluated using a combination of metrics, including BLEU [24], SARI [25] and BERTScore [26].

MER-TRANS shared task does not provide an official training set. Instead, participants are encour-
aged to exploit external E2R and text adaptation resources to develop their systems. We participated
exclusively in the Spanish track and submitted a single system run.

3.2. Dataset

The MER-TRANS dataset is derived from the iDEM Corpus [27], a multilingual human-annotated
resource developed within the Horizon Europe iDEM project! to support accessible participation in
democratic processes. The corpus contains original texts together with professionally produced E2R
adaptations in Spanish, Catalan, and Italian.

The texts cover domains related to civic engagement, political participation, public administration,
and legislative communication. E2R adaptations were created by expert translators following language-
specific adaptation guidelines. For Spanish, the adaptation process was guided by the principles
established in the UNE 153101:2018 EX standard [3].

The corpus is aligned at sentence level and is not parallel across languages, meaning that each
language contains its own original texts and corresponding E2R adaptations. For Spanish, the corpus
contains 354 original sentences comprising 11,665 words and their corresponding E2R adaptations.
The original texts have an average length of 32.95 words per sentence, whereas the E2R versions are
characterised by extensive sentence segmentation and shorter textual units.

4. Methodology

This section describes our proposed two-stage fine-tuning strategy for E2R adaptation in Spanish.
The training resources, fine-tuning configuration, and prompt design employed in the MER-TRANS
submission are presented in the following subsections.

4.1. System Overview

The proposed system employs Qwen3.5-9B [18] as its backbone model and follows a two-stage fine-
tuning strategy for E2R adaptation in Spanish. This model was selected because it offers a balance
between generative capacity and computational feasibility: its 9B-parameter scale allows task-specific
fine-tuning on a single A100 GPU using QLoRA, while still providing strong instruction-following
capabilities and broad multilingual coverage.

The first stage performs binary style classification, distinguishing between Lectura Facil and Lectura
Dificil texts. This stage is not used as a filtering mechanism during inference. Instead, its purpose is to
expose the model to the linguistic and stylistic properties that characterise E2R Spanish, including shorter
sentences, more explicit information, reduced lexical complexity, and simpler syntactic structures. The
resulting LoRA adapters are then merged into the backbone model, producing a style-enriched version
of Qwen3.5-9B.

The second stage performs the adaptation task itself. Starting from the style-enriched model obtained
in the previous step, a new set of LoRA adapters is trained on parallel original-E2R sentence pairs. This
allows the system to learn the transformation from standard Spanish into E2R Spanish while preserving
the stylistic knowledge acquired during the classification stage.

'https://idemproject.eu/
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4.2. Training Data

All training resources used in this work were collected independently from the evaluation corpus. The
proposed system relies on two complementary datasets: a labelled corpus for style classification and a
parallel corpus for E2R adaptation.

4.2.1. Style Classification Corpus

For the style-classification task, we compiled a corpus of 262,000 Spanish texts labelled as either Lectura
Facil or Lectura Dificil. The Lectura Facil subset was collected from publicly available E2R publications
in Spanish, including institutional, informative, and accessibility-oriented materials. The Lectura Dificil
subset was compiled from non-E2R Spanish texts covering general and institutional domains. The
corpus was intended to provide the model with broad exposure to stylistic differences between E2R and
non-E2R writing rather than to train the adaptation task directly.

The corpus only contains plain textual content. Metadata related to visual presentation, layout,
typography, or document structure was not systematically available and was therefore not used during
training. For this reason, the classification stage focuses on textual features associated with E2R writing,
such as sentence length, lexical complexity, syntactic simplicity, and explicitness of information.

To reduce training time while maintaining class balance, a stratified subset containing 10,000 training
texts and 2,000 validation texts was used during fine-tuning. The subset preserved the binary distribution
of the original corpus and was used exclusively for the style-recognition stage.

4.2.2. Adaptation Corpus

For the adaptation task, we assembled a corpus of 3,065 parallel original-E2R sentence pairs from two
complementary resources.

The first resource, hereafter LF-SentPairs, consists of 665 linguist-reviewed adaptation pairs extracted
from the corpus developed by Torrelles Rodriguez [28]. The second resource, hereafter LF-PubTexts, con-
tains 2,400 original-E2R pairs compiled from accessibility publications in Spanish by Rubio Pérez [29].

The resulting corpus was randomly divided into training (2,452 pairs), validation (306 pairs), and test
(307 pairs) partitions following an 80/10/10 split.

Table 1 summarises the datasets used in the two training tasks.

Table 1

Datasets used for style classification and E2R adaptation.
Task Dataset Samples
Style classification Stratified training subset 12,000
Easy-to-Read adaptation  LF-SentPairs 665
Easy-to-Read adaptation = LF-PubTexts 2,400
Easy-to-Read adaptation  Training split 2,452
Easy-to-Read adaptation Validation split 306
Easy-to-Read adaptation  Test split 307

For the style-classification task, the table reports the stratified subset used during fine-tuning rather
than the complete corpus of 262,000 labelled texts.

4.2.3. Preprocessing

Before training, all texts were subjected to a lightweight preprocessing pipeline. Residual HTML tags,
carriage-return encoding artefacts, and formatting inconsistencies were removed. In addition, Unicode
normalisation was applied to standardise quotation marks, dashes, and whitespace characters.



For the adaptation corpus, each E2R sentence was explicitly separated by a newline character. This
formatting reflects the visual segmentation principles of the UNE 153101:2018 EX standard and enables
the model to learn not only lexical and syntactic adaptation patterns but also the sentence-per-line
structure characteristic of E2R documents.

4.3. Fine-Tuning Setup

All training and inference experiments were conducted on a single NVIDIA A100 40GB GPU using the
Hugging Face ecosystem?. The transformers library was used to load and train the model, while
Parameter-efficient fine-tuning (PEFT) was employed to manage the LoRA adapters.

The backbone model, Qwen3.5-9B, was loaded using 4-bit NF4 quantisation with double quantisation
enabled and bfloat 16 as the computation data type. This configuration substantially reduces GPU
memory requirements while preserving model performance, enabling efficient fine-tuning on a single
accelerator.

Both fine-tuning tasks employed QLoRA [30] adapters with rank r = 16, scaling factor oo = 32, and
dropout 0.05. Training was performed using the AdamW optimiser, an effective batch size of 32, and a
learning rate of 2 x 1074,

4.3.1. Style Classification Fine-Tuning

Style recognition was formulated as a binary generative classification task. Given an input text, the
model was required to generate exactly one of two labels: Lectura Facil or Lectura Dificil.

Model checkpoints were evaluated every 200 training steps. After training, the resulting LoRA
adapters were merged into the backbone model, producing a style-enriched version of Qwen3.5-9B.

4.3.2. Easy-to-Read Adaptation Fine-Tuning

The adaptation model was initialised from the style-enriched backbone obtained during the previous
fine-tuning task. A new set of LoRA adapters was then trained on the parallel adaptation corpus to
learn the transformation from standard Spanish into E2R Spanish.

Training was performed for three epochs. A cosine learning-rate scheduler was applied together
with a warm-up phase corresponding to the first 3% of training steps. Given the relatively small size
of the adaptation corpus, model checkpoints were evaluated every 50 training steps. The checkpoint
achieving the lowest validation loss was selected as the final model used in the shared-task submission.
During inference, the model was configured with a temperature of 0.2, a top-p value of 0.9, a maximum
generation length of 512 tokens, and a no-repeat 5-gram constraint to reduce repetitive outputs.

4.4. Prompt Design

Both fine-tuning tasks employ dedicated ChatML prompts designed to constrain model outputs through
explicit instructions. Rather than relying on open-ended natural-language descriptions, the prompts
encode a small set of mandatory rules intended to improve output consistency and compliance with
E2R conventions.

The use of ChatML provides a structured separation between the system instruction, the user input,
and the expected assistant output. In comparison with a single open-ended prompt, this format makes
the training instances more consistent with the dialogue template expected by the instruction-tuned
model and reduces the probability of generating explanations, preambles, or task-irrelevant content.

*https://huggingface.co/
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4.4.1. Classification Prompt

The classification prompt formulates style recognition as a constrained generation task. Given an input
text, the model must output exactly one of two labels: Lectura Facil or Lectura Dificil. No explanations
or additional text are permitted.

The prompt follows the standard ChatML format and explicitly restricts the output space to the
two target labels. This design prevents the generation of conversational responses and encourages the
model to focus exclusively on stylistic classification. The complete prompt is shown in Listing 1.

<|im_start|>system

Eres un sistema de clasificacién automatica.
TU UNICA SALIDA permitida es una de estas dos
etiquetas: "Lectura Facil" o "Lectura Dificil".
NO des explicaciones. Solo la etiqueta.
<|im_end|>

<|im_start|>user
Clasifica este texto: {input_text}

<|im_end|>

<|im_start|>assistant

Listing 1: Prompt used for style classification.

4.4.2. Adaptation Prompt

The adaptation prompt operationalises several recommendations of the UNE 153101:2018 EX standard
[3]. Rather than relying on lengthy instructions, it defines a compact set of explicit rules that guide the
generation process. The complete prompt is shown in Listing 2.

<|im_start|>system
Eres un experto en Lectura Facil.
Adapta el texto que te dara el usuario.

REGLAS OBLIGATORIAS:

1. Frases cortas: Sujeto + Verbo + Predicado.

2. Sustituye palabras cultas por palabras comunes.
3. Escribe UNA frase por linea.

4. Inserta un salto de linea antes de cada frase.
5. NO des explicaciones ni preambulo.

<|im_end|>

<|im_start|>user
Adapta este texto: "{input_text}"
<|im_end|>

<|im_start|>assistant

Listing 2: Prompt used for Easy-to-Read adaptation.

The mandatory rules in Listing 2 means the following: Rule 1 promotes syntactic adaptation through
short sentence structures. Rule 2 encourages lexical adaptation by replacing uncommon vocabulary
with more frequent alternatives. Rules 3 and 4 enforce the sentence-per-line formatting characteristic



of E2R documents. Finally, Rule 5 suppresses introductory explanations and other forms of extraneous
output frequently produced by instruction-tuned language models.

These constraints are further reinforced during fine-tuning through the structure of the adaptation
corpus, where E2R target texts are already formatted according to the sentence-per-line convention.
Therefore, the model learns both the linguistic transformations required for adaptation and the format-
ting conventions expected in E2R documents.

It should be noted, however, that the present system focuses mainly on textual adaptation. Although
E2R also includes visual and document-level recommendations, such as typography, spacing, layout,
illustrations, and the organisation of information on the page, these aspects were not explicitly modelled
in the current approach. Formatting is only partially addressed through the sentence-per-line convention
encoded in the prompt and represented in the training corpus.

5. Results and Discussion

This section reports the official MER-TRANS evaluation results obtained by our system and discusses
the main characteristics of the generated adaptations through a qualitative analysis.

5.1. Official MER-TRANS Results
Table 2 presents the official results obtained by FACILE Team in the Spanish track of MER-TRANS 2026.

Table 2
Official MER-TRANS results obtained by FACILE Team in the Spanish track.

BLEUyig BLEUg SARI  BERTScore
3.00 2.86  41.61 0.878

According to the official evaluation results reported by the task organisers [16], the highest SARI
score obtained in the Spanish track was 47.02, whereas the DoNothing baseline achieved 13.87. Our
proposed system obtained a SARI score of 41.61, outperforming the baseline and demonstrating the
ability to perform meaningful E2R adaptations beyond merely copying the source text.

An interesting observation is the combination of this SARI score with very low BLEU values. This
pattern suggests that the proposed system performs substantial adaptation of the source text instead of
preserving surface-level lexical overlap. The generated outputs frequently involve sentence splitting,
lexical substitution, explicit reformulation of concepts, and the introduction of explanatory content.
These transformations are generally consistent with E2R objectives, but they may also increase the risk
of deviating from the original meaning.

These results should be interpreted in light of the known limitations of current automatic evaluation
metrics for text simplification and adaptation. BLEU was originally developed for machine translation
and primarily rewards n-gram overlap between system outputs and reference texts. For this reason,
valid adaptations involving substantial reformulation, reordering, sentence splitting, or explanatory
additions may obtain relatively low BLEU scores despite improving accessibility. Several studies have
reported weak or inconsistent correlations between BLEU and human judgments in simplification tasks,
particularly when systems perform diverse transformation operations [31].

BERTScore partially addresses this limitation by comparing contextual embeddings instead of exact
lexical matches. However, it remains an indirect measure of adaptation quality. High semantic simi-
larity does not necessarily imply improved accessibility, and previous work has shown that meaning
preservation represents only one dimension of adaptation quality [31, 32].

For this reason, the relatively low BLEU and BERTScore values obtained by our system should
be interpreted together with the SARI score and the qualitative analysis presented in the following
subsection.



Table 3

Representative examples of generated Easy-to-Read adaptations.

Original Text

Adapted Text

Observation

El anticomunismo es la oposiciéon
politica e ideolégica al comunismo. El
anticomunismo organizado se desar-
rollé después de la Revolucién de Oc-
tubre de 1917 en Rusia y alcanzé dimen-
siones globales durante la Guerra Fria.

El anticomunismo es la oposicion al co-
munismo. El comunismo es una forma de
gobierno en la que todos los ciudadanos
son iguales. El anticomunismo se desar-
rollé después del triunfo del comunismo
en Rusia. Durante la Guerra Fria, Estados
Unidos y la Unién Soviética se enfrentaron
en una intensa rivalidad.

Sentence splitting
and explicit concept
elaboration.

Sin embargo, el Ejército Rojo derroté al
movimiento Blanco y se creé la Unién
Soviética en 1922.

El Ejército Rojo derroté al movimiento
Blanco en 1919 y se creé la Unién Soviética.

Hallucinated date
and loss of factual
accuracy.

Durante las décadas de 1920 y 1930,
conservadores, fascistas, liberales y so-
cialdemécratas promovieron la oposi-
cién al comunismo en Europa.

En los afios 20 y 30, los conservadores,
fascistas, liberales y socialdemécratas se
pusieron en contra del comunismo en Eu-
ropa.

Lexical adaptation
while preserving the
original meaning.

5.2. Qualitative Analysis

To better understand the behaviour of the proposed system, we manually inspected representative
outputs generated for the Spanish MER-TRANS test set. The inspected examples illustrate several
transformation patterns commonly associated with E2R writing, including sentence splitting, lexical
adaptation, and the introduction of explicit explanations for specialised concepts. At the same time,
some outputs exhibit typical LLM errors such as factual hallucinations, spelling inconsistencies, and the
insertion of information not present in the source text.

Table 3 presents representative examples illustrating both successful adaptations and remaining
challenges.

The inspected examples suggest that the proposed approach successfully performs several trans-
formations commonly associated with E2R adaptation, particularly sentence segmentation, lexical
adaptation, and explicit reformulation of specialised concepts. These operations are consistent with the
objectives of E2R adaptation and help explain the competitive SARI score obtained by the system.

However, the examples also reveal important limitations. In some cases, the model introduces factual
inaccuracies, modifies dates, or generates explanatory information that is not present in the source text.
Such behaviours are characteristic of generative language models and may negatively affect meaning
preservation. These observations may partially explain the combination of a relatively high SARI score
and lower BLEU and BERTScore values observed in the official evaluation.

6. Conclusions and Future Work

This paper presented the FACILE Team submission to the Spanish track of MER-TRANS 2026. The
proposed approach combines a style-classification fine-tuning task with a following E2R adaptation
fine-tuning task using Qwen3.5-9B and QLoRA.

The official evaluation results show that the system achieves a SARI score of 41.61, outperforming
the DoNothing baseline and demonstrating the potential of fine-tuned LLMs for E2R adaptation. The
qualitative analysis revealed that the model successfully performs transformations commonly associated
with E2R writing, including sentence segmentation, lexical adaptation, and explicit reformulation of
specialised concepts.

At the same time, the generated outputs occasionally introduce factual hallucinations and explanatory
content that is not present in the source text. These limitations suggest that meaning preservation



remains a major challenge for generative approaches to E2R adaptation.

Future work will focus on improving semantic faithfulness, exploring larger adaptation corpora, and
incorporating evaluation methodologies that better capture accessibility adaptations beyond surface
lexical similarity.
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