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Abstract
Recent advances in Large Language Models (LLMs) have enabled the generation of realistic synthetic text for
numerous Natural Language Processing applications. However, producing high-quality synthetic tourism reviews
involves multiple complementary tasks, including content generation, consistency verification, and sentiment
validation. Performing all these activities through a single prompting stage may lead to inconsistent reviews,
duplicated information, or incorrect sentiment assignments. This paper presents a multi-agent framework for
synthetic tourism review generation designed for the REST-MEX 2026 shared task. Instead of relying on a single
language model interaction, the proposed framework distributes the generation process among three specialized
agents. A Generator Agent produces the initial review according to the desired metadata, a Reviewer Agent
evaluates linguistic coherence and structural quality, and a Validator Agent verifies that the generated review
satisfies the required sentiment polarity and formatting constraints. Reviews that do not satisfy the validation
criteria are automatically regenerated. The proposed framework provides a simple and modular workflow for
synthetic corpus construction. By separating generation, review, and validation into independent stages, the
methodology facilitates reproducibility while maintaining the flexibility required for different Large Language
Models and tourism datasets.
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1. Introduction

The rapid evolution of Large Language Models has considerably expanded the possibilities of automatic
text generation. Modern language models are capable of producing coherent documents, answering
complex questions, summarizing information, and generating domain-specific content from relatively
simple textual instructions. These capabilities have motivated their adoption in numerous scientific and
industrial applications.

Within the tourism industry, user-generated reviews constitute one of the most valuable sources
of information for understanding visitor experiences, customer satisfaction, destination image, and
service quality. Consequently, Natural Language Processing has become an essential component
of tourism analytics, supporting applications such as sentiment analysis, recommendation systems,
conversational assistants, destination image analysis, hotel reputation monitoring, and opinion mining
[1, 2, 3, 4, 5, 6, 7, 8, 9, 10, 11].

The REST-MEX shared task has contributed significantly to this research area by providing stan-
dardized evaluation benchmarks for Spanish-language tourism texts. Previous editions addressed
recommendation systems, sentiment analysis, and tourism text classification [12, 13, 14, 15, 16]. More
recently, REST-MEX 2026 introduced a synthetic review generation task in which participants are re-
quired to construct balanced collections of tourism reviews suitable for training sentiment classification
models [17, 18].

Generating synthetic reviews is not simply a matter of producing grammatically correct sentences.
Every review should satisfy multiple requirements simultaneously. Besides expressing the requested
sentiment polarity, the generated text should describe an appropriate tourism experience, maintain
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linguistic coherence, avoid duplicated content, and preserve a natural writing style consistent with
authentic online reviews. Managing all these aspects within a single generation step can be challenging,
particularly when large synthetic corpora are required.

A practical alternative consists of decomposing the generation process into several specialized tasks.
Rather than expecting a single language model interaction to solve every aspect of review generation,
different components can independently focus on content creation, quality revision, and validation.
This modular perspective simplifies the overall workflow and facilitates the incorporation of additional
verification stages without modifying the generation process itself.

Inspired by this idea, this paper proposes a simple multi-agent framework for synthetic tourism review
generation. The framework consists of three collaborative agents. The Generator Agent produces the
initial review according to a set of metadata describing the desired sentiment polarity, attraction category,
municipality, and approximate review length. Subsequently, the Reviewer Agent evaluates the generated
review from a linguistic perspective, identifying structural inconsistencies or formatting problems.
Finally, the Validator Agent verifies that the generated review satisfies the requested constraints before
incorporating it into the final synthetic corpus.

Unlike more sophisticated autonomous multi-agent architectures, the proposed framework em-
phasizes simplicity, modularity, and reproducibility. Each agent performs a single well-defined task,
allowing the complete workflow to be easily implemented using different language models without re-
quiring complex coordination mechanisms. The main contribution of this work is a modular multi-agent
framework for synthetic tourism review generation that separates the generation process into three
complementary stages: content generation, linguistic review, and final validation. By assigning each
task to an independent agent, the proposed workflow simplifies corpus construction while improving
reproducibility and facilitating its integration with different Large Language Models without requiring
architectural modifications. The resulting synthetic corpus is subsequently evaluated according to the
official REST-MEX 2026 evaluation protocol.

This paper is organized as follows: Section 2 describes the motivation behind collaborative multi-
agent generation. Section 3 presents the proposed framework and the interaction among agents. Section
4 reports the experimental evaluation. Finally, Section 5 concludes the paper and outlines future research
directions.

2. Collaborative Generation in Large Language Models

The remarkable capabilities of Large Language Models (LLMs) have considerably simplified automatic
text generation across numerous Natural Language Processing tasks. Modern LLMs are capable of
producing coherent documents from relatively simple textual instructions while adapting their responses
to different writing styles, application domains, and user requirements. These characteristics have
motivated their adoption in a wide variety of applications including conversational assistants, automatic
summarization, educational content generation, software development, and scientific writing.

Within tourism, these advances have opened new opportunities for generating synthetic reviews
that can be used for data augmentation, privacy preservation, and corpus balancing. Tourism reviews
constitute a particularly interesting application because they naturally combine subjective opinions,
descriptions of places, customer experiences, recommendations, and sentiment expressions. Conse-
quently, Natural Language Processing techniques have been successfully applied to sentiment analysis,
recommendation systems, destination image assessment, topic discovery, hotel reputation analysis,
conversational assistants, gastronomy, and tourism intelligence [1, 2, 3, 4, 5, 6, 7, 8, 9, 10, 11].

The REST-MEX initiative has significantly contributed to this research area by providing standardized
datasets and evaluation campaigns focused on Spanish-language tourism texts. Previous editions
investigated recommendation systems, sentiment analysis, and text classification for tourism reviews
[12, 13, 14, 15]. More recently, REST-MEX 2026 introduced a synthetic review generation task in
which participants are required to generate balanced tourism corpora suitable for training sentiment
classification models [17, 18].



2.1. Motivation for Collaborative Generation

Generating a realistic tourism review involves satisfying several requirements simultaneously. Besides
producing grammatically correct text, the generated review should express the desired sentiment
polarity, describe an appropriate tourism experience, preserve coherence throughout the document,
and satisfy the formatting requirements established by the shared task [17, 18].

Although these objectives can be addressed within a single interaction with a language model,
separating them into smaller independent tasks simplifies the overall generation process. Instead of
expecting one prompt to control every aspect of the review, individual components may focus on
specific responsibilities such as content generation, quality inspection, or constraint verification. Similar
modular workflows have been successfully adopted in conversational systems and intelligent assistants,
where independent components perform complementary tasks during the interaction process [7, 1, 2].

This modular perspective offers several practical advantages. Each stage can be modified indepen-
dently without affecting the remaining components of the workflow. Likewise, additional validation
stages may be incorporated as required by future applications without redesigning the complete gener-
ation process.

2.2. Specialized Agents

The framework proposed in this work consists of three lightweight collaborative agents that sequentially
cooperate to generate and validate synthetic tourism reviews.

The first agent, referred to as the Generator Agent, receives the metadata describing the desired
sentiment polarity, attraction type, municipality, and approximate review length. Using this information,
the agent produces an initial tourism review whose objective is to satisfy the requested characteristics
while maintaining a natural writing style.

The second component, called the Reviewer Agent, performs a linguistic inspection of the generated
review. This stage evaluates structural properties such as sentence completeness, writing fluency, read-
ability, and formatting consistency. Reviews containing incomplete ideas, grammatical inconsistencies,
or structural problems are marked for regeneration before continuing through the workflow.

Finally, the Validator Agent verifies that the generated review satisfies the metadata originally
requested by the user. This verification includes checking the expected sentiment polarity, attraction
category, language consistency, and minimum length requirements before incorporating the review
into the final corpus, following the evaluation criteria established by the REST-MEX 2026 shared task
[17].

Unlike autonomous multi-agent systems, where agents cooperate through complex planning, negoti-
ation, or distributed decision-making mechanisms [19, 20, 21, 22], the proposed framework adopts a
simple sequential collaboration strategy. Every agent performs a single well-defined task and forwards
the resulting review to the next stage of the workflow. This design considerably simplifies implementa-
tion while preserving the flexibility required to integrate different Large Language Models or validation
modules.

2.3. Design Principles

The proposed framework was designed according to four general principles. First, each agent is respon-
sible for only one task, reducing implementation complexity and facilitating independent improvements.
Second, communication among agents is performed exclusively through textual information, making
the framework independent of the underlying language model. Third, validation is carried out incre-
mentally, allowing potential inconsistencies to be detected before the review becomes part of the final
synthetic corpus. Finally, the complete architecture remains modular, enabling individual agents to be
replaced or extended without modifying the remaining stages of the generation process.

These principles facilitate the construction of reproducible synthetic datasets while maintaining
a lightweight architecture suitable for practical deployment within the REST-MEX 2026 shared task
[17, 18].



3. Proposed Multi-Agent Framework

The proposed framework decomposes the synthetic review generation process into three sequential and
independent agents. Each agent performs a single specialized task and transfers its output to the next
stage. This collaborative strategy simplifies the generation workflow while allowing each component
to focus on a well-defined objective.

Let 𝒜 = {𝐴𝐺, 𝐴𝑅, 𝐴𝑉 }, where

• 𝐴𝐺 denotes the Generator Agent,
• 𝐴𝑅 denotes the Reviewer Agent,
• 𝐴𝑉 denotes the Validator Agent.

The communication among agents follows the sequential workflow

𝐴𝐺 → 𝐴𝑅 → 𝐴𝑉 . (1)

Only reviews successfully validated by all agents are incorporated into the final synthetic corpus.

3.1. Generator Agent

The Generator Agent is responsible for producing the initial tourism review.
For each review, the agent receives the following metadata:

• Sentiment polarity.
• Attraction type.
• Municipality.
• Desired review length.

Using this information, the Large Language Model generates a tourism review describing a realistic
visitor experience while satisfying the requested characteristics.

The generated review is then forwarded to the Reviewer Agent.

3.2. Reviewer Agent

The Reviewer Agent evaluates the linguistic quality of the generated review.
Rather than modifying the content, this agent verifies that the generated text satisfies a set of basic

writing requirements.
The inspection includes:

• Sentence completeness.
• Writing fluency.
• Formatting consistency.
• Readability.
• Presence of coherent tourism descriptions.

If obvious inconsistencies are detected, the review is rejected and a new generation request is issued
to the Generator Agent.

Otherwise, the review is forwarded to the Validator Agent.



4. Experimental Evaluation

4.1. Experimental Setup

The proposed multi-agent framework was evaluated using the official REST-MEX 2026 training corpus.
Review metadata describing sentiment polarity, attraction type, municipality, and target review length
were used as inputs for the Generator Agent.

Each synthetic review was sequentially processed by the Reviewer Agent and the Validator Agent
before being incorporated into the final corpus. Reviews rejected during any validation stage were
regenerated until all quality requirements were satisfied.

Following the REST-MEX 2026 guidelines, the final corpus contained 3,000 synthetic reviews uni-
formly distributed across the five sentiment levels and the three attraction categories.

5. Results

Table 1 summarizes the evaluation results obtained using the synthetic corpus generated by the proposed
framework.

Table 1
Evaluation results obtained using the generated corpus.

Metric Value
Track Score 0.518
Macro Precision 0.544
Macro Recall 0.541
Macro F1-score 0.542

The generated corpus satisfied the evaluation requirements established by the REST-MEX 2026 shared
task. The sequential collaboration among agents allowed every generated review to satisfy the requested
metadata while maintaining coherent tourism-related descriptions.

The generated reviews present balanced sentiment distributions and realistic descriptions of hotels,
restaurants, and tourist attractions. Manual inspection of randomly selected samples indicated that the
proposed workflow preserved coherent narratives and natural tourism-related vocabulary.

6. Conclusions

This paper presented a simple multi-agent framework for synthetic tourism review generation designed
for the REST-MEX 2026 shared task. The proposed methodology decomposes the generation process into
three specialized agents responsible for content generation, linguistic review, and final validation. This
sequential collaboration simplifies the construction of balanced synthetic corpora while maintaining a
modular and reproducible workflow.

The resulting framework is independent of the underlying Large Language Model and can therefore
be adapted to different instruction-tuned architectures with minimal modifications. Furthermore, its
modular design facilitates the incorporation of additional agents or validation stages according to the
requirements of future applications.

Declaration on Generative AI

Generative AI tools were used solely to improve the language, grammar, and readability of the
manuscript. The authors reviewed and edited all AI-assisted content and take full responsibility
for the final version of the manuscript.
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