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Abstract

Criterios de Evaluacion para Corpus de Calidad en Inteligencia Artificial (CRITERIA) is a three-year research
project dedicated to establishing rigorous standards for Al data resources, more specifically, corpora. Funded
by the Ramén Areces Foundation, the project is structured into three distinct modules: Project Coordination
(M1), Scientific Development (M2), and Dissemination (M3). The core scientific work (M2) is divided into four
strategic tasks: T2.1 The systematisation of quality criteria for multilingual corpora (natural and synthetic data);
T2.2 The design and development of automated methods for quality assessment; T2.3 The evaluation of existing
benchmark corpora.; T2.4 A practical validation use case focusing on prompt engineering and evaluation. By
bringing together a multidisciplinary team of experts from the fields of linguistics and computer engineering at
the University of Alicante, CRITERIA aims to deepen the theoretical understanding of corpus compilation while
fostering the development of more reliable, high-quality datasets for the global Al community.
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1. Introduction and Motivation

Criterios de Evaluacion para Corpus de Calidad en Inteligencia Artificial (CRITERIA)' is a three-year
research project focused on developing a systematic, interpretable, and scalable methodological frame-
work to evaluate the quality of linguistic corpora used in the training of LLMs. The project is funded
by the Fundacién Ramén Areces (Ramon Areces Foundation)?, having been awarded a grant in the II
Concurso Nacional para la Adjudicaciéon de Ayudas a la Investigacion en Humanidades. It is conducted
by a multidisciplinary team of five researchers from the GPLSI group® at the University of Alicante.

1.1. The Evolution of Quality Criteria for Corpora

In recent years, the development of Artificial Intelligence (AI) systems based on Large Language Models
(LLMs) has transformed the way we interact with textual data, as well as the possibilities for generating,
understanding, and analysing human language on a large scale [1]. In the field of Digital Humanities
and Natural Language Processing (NLP), these models have demonstrated unprecedented performance
in tasks such as text generation, machine translation, summarisation, semantic classification, and
automatic question answering. Nevertheless, this success has been accompanied by a fundamental
challenge that still lacks a standardised and systematic solution: the quality of the data used to train
these systems [2].
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In the current context of exponential growth in language models and Al systems, the quality of the
corpora used for their training and evaluation has become a critical factor [3]. Despite the increasing use
of large volumes of linguistic data, the criteria for defining, constructing, and evaluating high-quality
corpora remain inconsistent, implicit, or outdated, especially in light of the challenges of the digital age
[4].

Traditionally, the construction of linguistic corpora has been guided by a set of well-established criteria
designed to ensure data validity and reliability [5], [6], [7], [8], [9]. These include representativeness,
which ensures the corpus reflects the diversity of the language variety being studied; balance, the
proportional distribution of text types, genres or registers and modalities; and size, often determined
by the statistical requirements of the intended task. Additionally, authorship, thematic control, and
chronological setting have served as essential benchmarks for situating the linguistic evidence within
a specific social or historical context. Thus, these criteria have long formed the foundation of corpus
linguistics, providing a structured methodology for data selection.

Nevertheless, some of these criteria, while adequate in previous contexts, are now clearly insufficient
in the face of the challenges posed by LLMs. For example, parameters such as the authority and
reputation of sources [10] lose some of their applicability when much of the data comes from open digital
spaces, where the boundaries between human-generated content and automated content are becoming
increasingly blurred. This is particularly problematic for the development of specialised corpora, where
it is increasingly challenging to verify whether the content was produced by a professional in the field,
thus undermining the traditional pillars of domain-specific expertise.

Similarly, criteria such as presentation, accessibility, and ergonomics [11] —which focus on the visual
organisation of resources and human interaction with data— are sidelined in a scenario where corpora
are managed and processed primarily by automated systems and large-scale pipelines. Added to this is
the fact that aspects such as updating or maintenance are no longer sufficient to guarantee the quality
of corpora that are fed by continuous and changing data streams. This transformation forces us to
rethink what a quality corpus means today and which criteria should be prioritised. Issues such as
multilingualism, data traceability, the detection and mitigation of bias, representativeness, and noise
control emerge as fundamental dimensions that traditional frameworks did not explicitly address, but
which are essential in the current data ecosystem for AL

1.2. The Shift from Quantity to Quality

Traditionally, the predominant approach to language model training has focused on scale: access to
large volumes of data has been considered for years as a competitive advantage, and even today it
remains a key part of the design of LLMs [12]. However, recent studies [13] have shown that the
performance of these models does not depend solely on the amount of data for training, but is closely
related to its quality, diversity, and contextual relevance. In this sense, the quality of the corpora is
emerging as a critical factor, both from a technical and ethical point of view, which can directly affect
the behaviour, robustness, and bias of the models [14].

To address this issue, the research community has begun to develop refined corpora that apply strict
cleaning filters such as C4 [15], RedPajama [16], SlimPajama [17], and DCLM-baseline [18]. These
filters remove duplicate content, non-textual noise, spam, offensive texts, low-quality linguistic data,
and irrelevant documents to transform raw data into clean, useful, and ethically responsible corpora
for model training. More recently, datasets such as RefinedWeb [19], FineWeb [20], and FineWeb-2
[21] have set new milestones in the construction of optimised corpora, using modular pipelines that
seek to guarantee the final quality of the corpus. That said, there is no clear consensus or standard
methodology that systematically defines and measures the quality of a corpus, making it difficult to
objectively and reproducibly evaluate these resources.

Furthermore, it is important to emphasise that most of these developments are designed almost
exclusively for English, both in terms of language coverage and the quality criteria used. As a result, the
ecosystem of training resources for other languages, including Spanish, is considerably more limited,
less systematised, and, in many cases, lacking in automated quality assessment tools. This inequality



of resources has significant implications for the training of multilingual models, as well as for the
development of linguistic applications in Spanish-speaking contexts. The scarcity of curated corpora (i.e.,
those that have undergone cleaning, standardisation, and even error correction processes, specifically
in Spanish, both in the general domain and in specialised domains) limits the performance of models,
increases biases, and reduces their generalisation capacity.

Given this scenario, it is essential to develop a robust, transparent, and reproducible methodological
framework that allows for the evaluation of the quality of linguistic corpora from a computational
perspective. This framework will include clear criteria and specific metrics that facilitate the analysis
of the impact of corpus quality on the behaviour and performance of trained models. To this end,
a mixed approach will be adopted that combines the theoretical formulation of quality criteria with
their empirical validation through experiments with models trained on corpora with different levels of
quality.

1.3. The CRITERIA Project

This project aims to address this gap by creating and validating an updated framework of quality criteria
for linguistic corpora, specifically designed for use in training language models and Al systems. The
objective is not merely theoretical: the aim is to develop an applicable and reproducible metric that
allows for the evaluation of the actual quality of existing or developing corpora. What this project
proposes is to create a cross-cutting, methodological tool that serves as a reference framework for
evaluating and improving these corpora, thereby strengthening their results, reusability, replicability,
and scientific robustness.

In short, the CRITERIA project addresses a critical gap in the current state of NLP and computational
linguistics: the lack of rigorous mechanisms for measuring, comparing, and improving the quality of
corpora. Its impact will be two-fold: (1) it will provide a solid methodological basis for evaluating
corpora in future research; and (2) it will contribute to the development of more accurate, inclusive,
sustainable, and ethically responsible language models. In a scenario where LLMs are beginning to be
integrated into sensitive systems (such as education, justice, or healthcare), the quality of the data with
which they are trained is not only a requirement for ethical responsibility but also a prerequisite for
their effective and sustainable use.

2. Team

The research team behind this project has a strong track record in the field of NLP and the Digital
Humanities (see Figure 1). All members belong to the GPLSI group and have actively participated in
numerous national and international projects focused on the creation, analysis, and transformation of
linguistic corpora, as well as the design of Al-based tools. This research, which serves as the foundation
for the present project, has highlighted the need for high-quality corpora, not only in terms of cleanliness
or the absence of noise, but also in terms of their representativeness, linguistic coverage, textual diversity,
and suitability for the specific objectives of each task. The group is inherently interdisciplinary, designed
to bridge the gap between theoretical linguistics and computational engineering.

More specifically, the Principal Investigator (PI), a Doctor in Linguistic Studies, and the Working Group
provide the necessary theoretical foundation for corpus quality and representativeness. Complementing
this, the Research Team and collaborator —computer engineers specialising in NLP and Al-based
tool design— ensure technical scalability and implementation, facilitating a continuous feedback loop
between humanistic inquiry and technological infrastructure.

This research, which serves as the foundation for this project, has highlighted the need for high-
quality corpora, not only for cleanliness and the absence of noise but also for representativeness,
linguistic coverage, textual diversity, and suitability for the specific objectives of each task.
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Figure 1: CRITERIA Team
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Figure 2: Timeline within the CRITERIA Project.

3. Project Objectives

The CRITERIA project has as its main objective the development of a systematic, interpretable, and
scalable methodological framework to evaluate the quality of linguistic corpora used in LLMs. To this
end, the following specific objectives are proposed:

0O1. To define and systematise a complete set of quality criteria for the linguistic corpora used in
NLP research.

02. To propose a classification methodology that categorises corpora into quality levels (e.g. raw,
bronze, silver, golden), according to the defined criteria.

03. To design a corpus quality framework that is interpretable and, as far as possible, automatable,
to operationalise these criteria in quantifiable terms.

04. To apply the proposed framework to evaluate existing corpora, thus demonstrating its
applicability.

05. To validate the usefulness of the framework through empirical experiments, training lan-
guage models with corpora of different quality levels and evaluating the resulting performance,
robustness, and fairness.

4. Duration and Work Plan

The CRITERIA project has a three-year duration, spanning from November 3rd 2025, to November 3rd,
2028 (see Figure 2). The research is structured into three distinct modules: two transversal modules
dedicated to coordination (Module 1) and dissemination (Module 3), and a core scientific module (Module
2), which is further subdivided into four specific tasks (see Figure 3):



T1.1: Administrative and financial management
Module 1

T1.2: Project monitoring, quality control, and risk management
T2.1: Systematisation of quality criteria for multilingual corpora
(natural and synthetic)

T2.2: Design of automated methods for quality evaluation
Module 2

CRITERIA

T2.3: Evaluation of existing corpora

T2.4: Use case: Validation with prompts

Module 3 T3.1: Communication, channels and tools

Figure 3: Modules and Tasks within the CRITERIA Project

« T2.1. Systematisation of quality criteria for multilingual corpora (natural and synthetic)

The first task entails the conceptual basis of the project and will be carried out mainly during the first
year. It will begin with a comprehensive and systematic review of the scientific and technical literature,
identifying previous approaches, best practices, and gaps in the definition of quality criteria for linguistic
corpora, including natural and synthetic corpora. Seminal contributions on corpus linguistics will be
reviewed, such as [5], [6], [7], [8], [9], among others, to define core criteria such as representativeness,
size, balance, etc. This review will not only cover research in Corpus Linguistics and NLP, but also
emerging regulations and quality standards applicable to textual data in the era of Al Based on this
review, we will proceed to define and structure an integrated set of linguistic, structural, and semantic
criteria that will allow us to systematically evaluate the quality of multilingual corpora. An in-depth
analysis of possible biases present in the corpora (e.g., gender, language, origin, etc.) will be considered,
evaluating their impact on the fairness and reliability of the AI models that use them. Likewise, a
layer of pragmatic-discursive analysis will be incorporated, focused on identifying and classifying the
predominant communicative intentions and discursive functions in the texts, in order to enrich the
quality assessment from a contextual and interpretative perspective. This framework will serve as
the basis for subsequent tasks to develop the automation component of these criteria (e.g., metrics,
tools, frameworks, or others), as well as for their implementation in the evaluation of the quality of
multilingual corpora, ensuring that all results are built on a rigorous and well-founded definition.

« T2.2. Design of automated methods for quality assessment

The second task involves the design and development of automated methods, such as metrics, tools, or
frameworks, that enable a quantifiable, objective, and reproducible assessment of quality based on the
criteria defined in the previous task.

« T2.3. Evaluation of existing corpora

Task three involves the application of the criteria, metrics, and other methods developed to analyse
already available corpora, in order to validate their suitability and detect possible limitations. For
example, the ClearSim corpus [22], INTENT-ES [23], RUN [24], COCOTEROS [25] or VILLANOS [26],
among others.

« T2.4. Use case: Validation with prompts



Lastly, task four encompasses the practical application of the criteria, metrics, and other methods devel-
oped on selected corpora, using existing (pre-trained) language models through prompting techniques.
Experiments will be designed to observe the behaviour and sensitivity of these models when using
corpora labelled as high or low quality. This validation will allow us to verify the extent to which
the proposed criteria are operational and recognisable for current language models, and will serve as
empirical evidence of the impact of textual quality on typical NLP tasks.

5. Expected Impacts

The expected impacts of this work are two-fold: (1) at the scientific level, by providing a conceptual and
practical framework for the evaluation of corpora in NLP; and (2) at the technological and social level,
by promoting the creation of more responsible, inclusive, and reliable language models. Furthermore, it
is expected that the results will serve as a basis for the design of automatic corpus evaluation tools and
for the development of guidelines to assist researchers, institutions, and developers in the construction
of high-quality linguistic resources. In response to the objectives presented in Section 3, we establish
the following expected results:

« R1. Systematisation of a set of quality criteria for linguistic corpora used in NLP: the
development of a solid theoretical framework based on a critical review of the state of the art,
which will serve as a conceptual basis for the subsequent stages of the study.

« R2. Proposal for a typology for classifying linguistic corpora into quality levels: a
precise definition of each level and its potential implications for training language models will be
provided.

« R3. Design and initial validation of a corpus quality framework: it will combine auto-
mated and supervised evaluation. Development of an interpretable, reproducible, and potentially
automatable system that operationalises the defined criteria.

« R4. Evaluation of existing corpora by applying the proposed framework: this result aims
to validate the discriminatory capacity of the metric and establish appropriate threshold values
for each quality level.

« R5. Conducting empirical experiments on training LLMs with corpora of varying quality:
extracting results on the performance, robustness, and fairness of the models, depending on the
quality of the training corpus.

« R6. Critical analysis of experimental results and formulation of recommendations for
data curation and selection in future NLP research and development: identification of
weaknesses in current corpora and guidance toward more responsible and efficient practices.

6. Preliminary results

As a preliminary result, we conducted a systematic and critical review of corpus design and compilation
practices from 2000 to 2025. The objective was to identify the evolution in the conceptualisation of quality
between the pre- and post-LLM eras. The findings indicate a clear paradigm shift in representativeness:
a transition from population-based models toward technical and functional implementations. In the
post-LLM landscape, the legitimacy of a dataset is increasingly derived from its utility for specific
computational tasks rather than its alignment with broad demographic frameworks. Thus, the linguistic
corpus has evolved from a descriptive object of study into a fundamental component of technological
infrastructure. Consequently, traditional criteria have been redefined: balance now functions as a
strategic mechanism for bias mitigation, while size is calibrated against the requirements of algorithmic
performance and annotation feasibility.
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